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 This study examines the impact of Social Media Advertising Content (SMAC) and Social Media 
Sales Promotion Content (SMSPC) on Brand Image (BI) and customer behavior (CB) within the 
emergent context of container food courts in Indonesia. Focusing on Jakarta and Surabaya, which 
are cities at the forefront of culinary innovation, this study aims to uncover how digital marketing 
practices shape consumer perceptions and behaviors in this novel sector. The study employed 
rigorous methodology, including G*Power for sample size determination and SmartPLS for data 
analysis, and engaged 292 participants through a carefully designed survey. The findings indicated 
significant relationships between SMAC and SMSPC on BI, and subsequently on CB, underscoring 
the critical role of social media content in enhancing BI and shaping CB. Additionally, this study 
examines the generational differences between Generation Y and Generation Z, offering insights 
into tailored marketing strategies that cater to their distinct preferences. This study enriches 
academic discourse on the impact of digital marketing in the food industry and provides practical 
recommendations for practitioners aiming to leverage social media to enhance BI and foster 
positive CB in container food courts. The insights gained from this study not only illuminate the 
dynamics of social media marketing in an Indonesian context but also suggest avenues for future 
research in an ever-evolving digital landscape. 
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1. Introduction 

The increasing demand for convenient and diverse dining options in Indonesian businesses has led to the emergence of 
container food courts (Indriani, 2016; Wardhani, 2016), a novel dining concept that reuses shipping containers to house a 
variety of food vendors. This innovative model offers a diverse selection of culinary choices, blending convenience with 
variety, making it an attractive option for consumers seeking accessible and diverse meals (Coorey et al., 2018; Fahlevi et al., 
2019). The appeal of these dining enclaves is not only in their diverse food offerings, but also in their unique atmosphere, 
which combines trendiness with adaptability to changing culinary trends and consumer preferences. Container food courts, 
strategically situated in business districts, cater to diverse demographics, and encompass office workers seeking efficient 
lunch options and social gatherings in search of an engaging dining experience. Their adaptable model facilitates the prompt 
introduction of new cuisine and dining concepts, thereby minimizing risks while exploiting the dynamic food industry 
landscape (Dökmeci & Yılmazer, 2012). This versatility, along with the courts' strategic locations, augments their growing 
popularity as both a convenient dining solution and social focal point (Opoku et al., 2024). The increasing preference for 
convenient and diverse dining experiences indicates a broader shift in customer behavior (CB)  (Ingerson & Kim, 2016; Quan 
& Wang, 2004; Yuan et al., 2023), characterized by a growing taste for ready-made meals and open communal dining spaces 
(Calderón et al., 2018). Food courts housed in containers exemplify this trend, as they offer a wide array of culinary options 
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in an engaging, open-air setting. Vendors in these courts have adapted their offerings to cater to this demand for quality, 
simplicity, and satisfaction, demonstrating a keen awareness of consumers’ tastes and dietary trends. Scholarly discussions 
surrounding container food courts reveal their origins in the rise of food trucks (Carpenter II & Sweetland, 2023) and pop-up 
markets (Rosenbaum et al., 2021), reflecting a consumer shift towards informal and varied dining experiences. The strategic 
selection of locations and vendors is critical for the success of these ventures, underscoring the significance of adaptability 
and quality in attracting loyal customers.  
 
The digital era has significantly enhanced the reach and popularity of container food courts through social media, enabling 
them to establish a strong online presence. Online engagement, which includes promotional initiatives and event promotions, 
highlights the mutually beneficial relationship between container food courts and social media in nurturing a sense of 
community, bolstering brand visibility, and coping with the competitive food industry landscape. According to a report by 
We Are Social (2022), the active usage of social media is increasing, as evidenced by the latest statistics. As of January 2022, 
Indonesia has boasted 191 million social media users, accounting for more than half of the country’s 275 million population. 
These data represent a significant increase from the previous year, with 170 million users representing a growth of 12.35%. 
Container food courts, known for their dynamic nature and constantly changing locations, require a strategic approach to 
location selection and promotion, particularly in the current digital age. Social media have emerged as a crucial tool in this 
context (Fahlevi, Syafira, et al., 2023; Marhaeni et al., 2022; Maskuroh et al., 2022), providing a dual advantage. First, it helps 
to inform potential customers about the court's current location, thereby increasing accessibility and visibility. Second, it 
enhances the venue's appeal through targeted marketing efforts, ultimately shaping CB and preferences. The influence of 
social media is supported by various studies. For instance, Nedra et al. (2019) highlight the impact of social media platforms 
on increasing customer buying interest. Similarly, Blasco-Lopez et al. (2019) emphasized the versatility of social media in 
providing users with comprehensive information swiftly, including locating businesses, accessing promotions, and obtaining 
contact details. In the context of container food courts, this means leveraging social media not only for broad promotional 
strategies, but also for conveying specific, timely information about their whereabouts and offerings. Moreover, Sarita and 
Suleeman (2017) discussed the broader psychological benefits of platforms such as Instagram, which not only serve 
recreational purposes but also meet more fundamental needs by influencing decision-making processes, including the choice 
of dining locations and the enhancement of purchasing desires. Thus, social media serves as a bridge connecting the mobile 
nature of container food courts with consumers’ static desire for novel, convenient dining experiences, ensuring that despite 
their ever-changing locations, these courts remain accessible and top-of-mind for potential patrons. 
 
Kotler and Armstrong (2018) found that a product's visibility can stimulate CB, resulting in a desire for purchase and 
ownership. In the fast-paced environment of a container food court, this stimulation is amplified by the visual and interactive 
nature of the social media platforms. The presentation of culinary offerings on these platforms can directly influence consumer 
desire and decision-making. Positive brand image (BI) is crucial in this process (Matroji et al., 2023; Raji et al., 2019; Sutia 
et al., 2023). A distinctive and appealing online brand can drive CB and its responses significantly. Lee and Govindan (2014) 
further emphasize the need for companies to invest in enhancing their BI, as it has the power to shape customer perceptions 
and motivate purchase intentions. For container food courts, this involves leveraging social media to showcase their brand's 
uniqueness, quality, and diversity of culinary experiences. Engaging in content and interactive social media campaigns can 
foster a strong BI that resonates with their audience, encouraging not only one-time visits but also fostering a loyal customer 
base. 
 
Sutia et al. (2023) and Salmiah et al. (2024) emphasized the significant impact of social media on CB. These authors state the 
importance of platforms such as Instagram as crucial channels for businesses to enhance their BI and stimulate purchasing 
interests. Bhaskoro (2013) showed a notable increase in business income following the adoption of Instagram for marketing 
purposes. This evidence underscores the strategic use of social media, including Instagram, by container food courts not only 
to inform and attract customers, but also to establish a powerful BI that drives CB and differentiates them in the competitive 
food industry landscape. Through effective communication of their unique value proposition, cultivation of positive BI, and 
attraction to a wider audience, container food courts can ensure their ongoing relevance and success in the fast-paced food 
industry. 
 
The emergence of container food courts as a resilient and adaptable phenomenon in the food industry during the pandemic is 
noteworthy case for study (Shahbaz et al., 2020). Their capacity to not only survive but also prosper and expand in the face 
of such adversity underscores the importance of examining the factors contributing to their success. This resilience is further 
emphasized by their active engagement on social media platforms, a role that appears to be crucial in molding their BI and 
swaying CB (Gerritsen et al., 2021; Lahath et al., 2021). Despite the widespread use of social media by container food courts 
and their perceived success, there is limited empirical research examining the specific aspects of social media content, such 
as advertising and sales promotion, and their direct and indirect effects on CB in Indonesia's unique market. This study aims 
to fill this gap by investigating the influence of social media advertising content (SMAC) and social media sales promotion 
content (SMSPC) on CB, with a particular focus on the mediating role of BI and the moderating effect of age among 
Indonesian consumers. Although prior research has explored the impact of social media on brand perception and CB in 
general, this study seeks to differentiate between the types of content advertising and sales promotions, and how these different 
content forms contribute to shaping BI and ultimately affect CB in the context of container food courts. Additionally, the 
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demographic variable of age may play a critical moderating role given the varying social media consumption patterns across 
different age groups, an aspect that has not been adequately explored in this particular context. 
 
The uniqueness of this study is underscored by its detailed exploration of the effects that distinct types of social media content 
have on CB towards container food courts in Indonesia, considering the mediating influence of BI and the crucial moderating 
impact of generational differences. By employing a multigroup analysis, this study aims to unveil the nuanced ways in which 
age groups, particularly Generation Y and Generation Z, respond differently to social media marketing efforts. This 
methodological approach enables a deeper understanding of the strategic importance of customizing content on social media 
platforms. This finding provides valuable insights for container food courts to refine their digital marketing strategies. By 
doing so, they can connect more efficiently with and engage their intended demographics, thereby promoting positive 
consumer actions and strengthening brand loyalty within a diverse and constantly changing marketplace. 
 
Section 2 delves into foundational theory, focusing on the theory of planned behavior (TPB) and the variables within the 
model, as well as exploring the characteristics of different generations. Section 3 details the research procedures and design 
and provides a comprehensive overview of the methodological approach. Section 4 presents the statistical findings and 
discusses their implications for this study. Finally, Section 5 concludes the paper by summarizing the findings of the study, 
exploring the implications of the research, and acknowledging its limitations. This structure ensures a logical flow from a 
theoretical foundation through methodology to results, culminating in reflection on the study's broader impacts and 
constraints. 

 
2. Literature Review 

 
2.1 Theory of Planned Behavior (TPB) 
 
The theory of planned behaviour (TPB) (Ajzen, 1991) is useful for exploring the intricate relationship between CB (Chou et 
al., 2020; Liao et al., 2007) and the impact of social media (Hansen et al., 2018) on BI (Lu & Chen, 2017), particularly in the 
context of container food courts. According to this theory, an individual's behavior is determined by their attitude, the social 
norms they perceive, and their sense of control over that behavior (Awa et al., 2015; Duan & Jiang, 2008). In the context of 
container food courts, social media has a significant influence on attitudes towards food, atmosphere, and overall experience. 
Positive portrayals of culinary variety and enjoyable dining experiences on social media can create a favorable perception 
among potential customers, leading to increased patronage and loyalty (Zhu et al., 2019). Social media also plays a critical 
role in shaping subjective norms by broadcasting endorsements from peers and influencers, which influences potential visitors' 
decision-making processes (Casaló et al., 2020; Fahlevi, Hasan, et al., 2023). Moreover, social media enhances perceived 
behavioral control by providing accessible information and facilitating interactions (Hansen et al., 2018), making it more 
attainable and appealing for potential customers to visit the food court. The application of TPB reveals that social media is 
not merely a promotional tool, but also a significant influencer of CB (Joo et al., 2020). It leverages attitudes, subjective 
norms, and perceived controls to drive visitation and engagement with container food courts. This insight underscores the 
importance of strategic social media use, not only in attracting customers, but also in cultivating a positive BI that resonates 
with the intended audience. 

 
2.2 Social Media Advertising Content (SMAC) 
 
The use of social media has significantly enhanced the scope of interactions and engagement between brand owners and their 
customers (Raji et al., 2019). Social media has expanded the realm of brand promotion by presenting numerous channels 
through which diverse styles of brand-related information can be propagated to consumers. Content, which refers to the 
information available through media or electronic products, plays a crucial role in this process. According to Munoz-Leiva et 
al. (2012), when users find social networks easy to use, they believe that the content posted will be useful for their decision-
making. The strategic deployment of SMAC is a pivotal element in enhancing BI (Cheung et al., 2019) and influencing CB 
(Sundararaj & Rejeesh, 2021; Wibowo et al., 2021) within the context of container food courts, which have gained popularity 
because of their convenience, diversity of culinary options, and vibrant dining atmosphere. This form of advertising, 
encompassing a mix of text, images, videos, and interactive elements, is designed to capture the audience's attention and foster 
brand awareness, engagement, and ultimately conversion (Brajnik & Gabrielli, 2010; Mangold & Faulds, 2009). By creating 
content that is visually appealing, engaging, shareable, complete with compelling visuals, concise messaging, and clear calls 
to action, container food courts can effectively showcase their unique dining experiences, the array of food choices available, 
and highlight special promotions or events. Incorporating user-generated content such as customer reviews bolsters credibility 
and trust among potential patrons (Ahmad et al., 2023; Shestakofsky & Kelkar, 2020). Additionally, by tailoring and 
personalizing this content based on user demographics, interests, and behaviors, businesses can ensure that their advertising 
efforts reach the most receptive audience, significantly enhancing the likelihood of engagement and conversion (D. Lee et al., 
2018). This approach not only introduces busy professionals to the convenience and variety offered by these food courts, but 
also cements the food courts' reputation as lively, social spaces, ultimately shaping customer attitudes, influencing their dining 
decisions, and encouraging loyalty and repeat visits, highlighting the indispensable role of strategic social media content in 
the success and appeal of container food courts in today's digitally driven marketplace. 
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2.3 Social Media Sales Promotion Content (SMSPC) 
 
The significance of social media as a sales promotional platform has grown increasingly prominent (Mangold & Faulds, 2009; 
Tsimonis & Dimitriadis, 2014), merging the distribution of information with the strategic objective of shaping consumer 
attitudes and behaviors (Khamaludin et al., 2022). According to Buil et al. (2013), promotion involves communication 
between sellers and potential buyers to influence their perceptions and actions. In the digital world, social media has emerged 
as an adaptable channel for brand promotion, equipping marketers with a variety of tools for building brand identity, including 
paid advertising, brand persona engagement, and the creation and publication of branded content, often referred to as content 
marketing or social publishing (Tuten & Mintu-Wimsatt, 2018). The SMSPC encompasses various activities that transmit 
product-related information through these channels to enhance BI and spur sales (Kumar et al., 2016; Raji et al., 2019). As 
described by Raji et al. (2019) and other scholars, sales promotions are a potent form of marketing communication on social 
media that involves dissemination of promotional information designed to inspire CB.  Research into the tactics used in social 
media promotion content reveals a wide array of strategies employed by brands to capture the attention of their audiences 
(Schwemmer & Ziewiecki, 2018). Keller et al. (2011) highlighted the importance of sales promotions, particularly those that 
offer price deals and incentives, in building brand equity. 
 
2.4 Brand Image (BI) 
 
BI is an intricate concept that encompasses the collective perceptions, attitudes, and behaviors of consumers towards a brand 
(Faircloth et al., 2001; Sutia et al., 2023). BI is a multifaceted concept that encompasses both tangible elements, such as 
packaging, and intangible factors, such as consumer beliefs, emotions, associations, and symbolic meanings. The importance 
of BI in fostering consumer acceptance and loyalty is widely acknowledged and extended to various business contexts, 
including container food courts (Biel, 1992; Fahlevi et al., 2019; Lu & Chen, 2017). In such settings, BI reflects not only the 
individual identities of the food vendors but also the collective appeal of the food court. The success of a container food court 
depends on public perception in which factors such as quality, ambiance, variety, and reputation play critical roles in shaping 
the overall BI. Strong and positive BI can enhance customer attraction, foster loyalty, and drive growth, highlighting the 
importance of operators in carefully managing and nurturing their BI (Cretu & Brodie, 2007; Elbedweihy et al., 2016). 

 
2.5 Customer Behavior (CB) 
 

The CB is a vital aspect to consider when operating a container food court. This refers to the actions, decisions, and patterns 
that consumers exhibit when interacting with a brand (Adila et al., 2020) or making purchase decisions (Sahir et al., 2021; 
Suleman et al., 2022). These actions are influenced by various factors, such as BI (Raji et al., 2019), promotional activities 
(Mangold & Faulds, 2009; Schwemmer & Ziewiecki, 2018), and perceived value (Gan & Wang, 2017). To ensure the success 
of a container food court, it is essential to analyze and understand customer preferences, tastes, and behaviors. Conducting 
market research and gathering data on customer preferences can help identify popular food trends, optimize menu offerings, 
and create a unique and enjoyable dining experience for customers (Martinez-Ruiz & Gómez-Cantó, 2016). By tailoring 
offerings and marketing efforts accordingly, the container food court can attract and retain customers, ultimately leading to 
success.  Improving customer understanding can aid the container food court in devising tailored promotional initiatives that 
appeal to its intended audience (Buil et al., 2013). The container food court, situated in a business district, presents a one-of-
a-kind and practical dining experience for working professionals and employees. By featuring an array of food vendors, the 
container food court provides an array of culinary offerings and menu choices to suit various palates and dietary requirements 
(Sahir et al., 2021). A container food court can potentially draw on a broader clientele by presenting a diverse array of choices. 
This approach enables the establishment to accommodate the distinctive tastes and preferences of its intended audience 
(Carpenter II & Sweetland, 2023). Given its site in business districts, the container food court is well positioned to cater to 
the fast-paced routines of professionals and workers who may have restricted time for meals. By providing swift and hassle-
free meal alternatives, the container food court enables patrons to enjoy delectable and satisfying meals without compromising 
their flavor or quality. 

2.6 Generation Y and Z Characteristics 

The significant implications for the success and strategic direction of container food courts in urban business areas stem from 
the evolving CB dynamics within Generation Y (millennials) and Generation Z. These demographic cohorts exhibit distinct 
preferences and behaviors (Ketter, 2020), making it essential to develop a nuanced understanding of effective market 
engagement (Thach et al., 2020). Members of Generation Y (millennials), born between the early 1980s and the mid-1990s 
(Kapferer & Valette-Florence, 2022), represent the pursuit of experiential dining. This generation places a premium on unique, 
trendy, and diverse culinary experiences, with convenience and variety being key considerations in food choice (Fan et al., 
2023; Kraus et al., 2022). Their inclination towards experiential value over material possessions underscores the shift towards 
dining environments that offer novel and engaging experiences. Therefore, container food courts looking to cater to this 
demographic must continually innovate and provide a diverse range of trendy culinary options that can fulfil millennials’ 
desire for new and exciting experiences. This generation, known as Generation Z, was born between the late 1990s and the 
early 2010s and is the first cohort to grow in a digital world (Ayoobzadeh et al., 2024). As a result, they have integrated 
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technology into all aspects of their lives, including dining. This generation values innovation, interactivity, and sustainability, 
and is looking for dining experiences that align with their digital proficiency and ethical values (Orea-Giner & Fusté-Forné, 
2023). They are particularly interested in tech-driven dining solutions, such as mobile ordering and social media interactions, 
and demand sustainable and ethically sourced food options. This unique market position sets Generation Z in addition to other 
generations. As Generation Z begins to assert its presence in the workforce, it is anticipated that its economic clout and 
distinctive inclinations will exert a considerable influence on the culinary realm. To maintain relevance, container food courts 
must embrace advanced and ethically sound business models that leverage technology. This paradigm shift necessitates a 
pliable strategy that emphasizes digital engagement and sustainability, aligned with the preferences and lifestyles of this 
demographic. 

Recognizing the distinct yet complementary traits of Millennials and Generation Z is essential to the success of container food 
courts. To appeal to millennials, it is important to develop and promote unique, varied, and convenient dining experience. 
Meanwhile, Generation Z valued technology and ethical practices, making it imperative to incorporate them into the dining 
experience. Therefore, a successful strategy should incorporate a blended approach that merges innovative culinary offerings, 
digital engagement platforms, and sustainable practices to accommodate the distinct preferences of both age groups (Fan et 
al., 2023). 

3. Research Framework 

Based on the literature review, the research framework can be varied as follows (see Fig. 1): 

 

Fig. 1. Research Variables 

This study focused on generational cohorts and conducted tests based on the characteristic traits of respondent generations to 
compare Generation Y and Generation Z, with a specific focus on CB within the context of container food courts in Indonesia. 

4. Methodology 
 
4.1 Selection of Study Locations 
 

The research methodology employed in this study was carefully devised to investigate the impact of social media on BI and 
CB in container food courts in Indonesia. Jakarta and Surabaya were chosen as the primary locations for investigation because 
of their distinguished status as pioneering cities for the container food court concept in Indonesia. These urban centers present 
a diverse and dynamic environment for examining emerging trends and CBs related to this innovative dining trend. 

4.2 Sample Size and Data Collection 

G*Power is an extensively used tool in power analysis that enables researchers to determine the minimum number of 
participants necessary to detect the effect of a specified magnitude with a desired level of significance (Kang, 2021). To 
achieve a balance between practicality and the need for a sufficient sample size to yield dependable and statistically significant 
outcomes, we employed G*Power in our study. The calculation indicated that collecting data from 262 participants was 
sufficient to achieve our research objectives with an acceptable level of power. A rigorous filtering process was implemented 
to safeguard the integrity and quality of our dataset. This step was vital for ensuring that the collected responses were 
thoughtful and reflective of genuine engagement with the survey questions. Based on our preliminary research, we identified 
that respondents who completed the survey in less than 2 minutes were likely not to provide considered responses. This 
benchmark was established after observing that engaging with the survey's content, given its complexity and depth, typically 
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required more than 3 min. Therefore, responses completed in less than two minutes were excluded from the analysis to prevent 
the inclusion of hastily provided answers that could jeopardize the validity of our findings. 

We thoroughly examined the dataset for consistency across all statements, which often signifies a lack of engagement or 
haphazard answering, potentially distorting research outcomes. We excluded responses that displayed a uniform pattern as 
they failed to demonstrate nuanced comprehension and deliberation, which the survey intended to capture. By eliminating 
these responses, we aimed to ensure that the final dataset comprised only insightful and well-considered inputs that accurately 
reflected the perspectives of the target population. After implementing these stringent quality control measures, 292 
participants were included in the final sample. This refined sample represents a collection of valid and reliable responses that 
meet the criteria for meaningful analysis (Saunders et al., 2009; Sekaran & Bougie, 2016). This study succeeded in collecting 
336 respondents and after the final data filtering process, the sample used in the study became 292, while preserving the 
validity of the data, emphasises the significance of achieving an equilibrium between quantity and quality, which is a critical 
factor in conducting research that aims to produce significant and practical outcomes (Lind et al., 2018). 

4.3 Survey Instrument and Sampling Technique 

The decision to use a 7-point Likert scale in the survey instrument was intentional, with the aim of accurately capturing 
participants' refined reactions towards statements concerning social media's effect on BI and CB (Saunders et al., 2009). This 
scale provides a comprehensive analysis by presenting a range of response options, from completely disagree to completely 
agree, thus enabling participants to express their opinions with greater accuracy. This precise approach is particularly valuable 
in research domains such as marketing and CB, because subtle differences in perception can significantly impact the study's 
findings (Dawes, 2008). The decision to employ a random sampling technique for participant selection from the pool of 
followers of container food courts' social media accounts was based on several crucial factors. Random sampling is a 
fundamental method for obtaining a representative sample of a larger population (Sekaran & Bougie, 2016), in which case 
the social media audience of container food courts. By randomly selecting participants, the study aimed to minimize selection 
bias, ensuring that the sample accurately reflected the broader population's characteristics and behaviors (Kadilar & Cingi, 
2005). Furthermore, focusing on the followers of the food courts' social media accounts ensured that the sample consisted of 
individuals with a pre-existing interest in or engagement with the brand. This aspect is critical for two main reasons: it 
enhances the relevance of the research to actual and potential customers, and it provides insights into the behaviors and 
perceptions of a group already exposed to brands' social media marketing efforts. Such a sample is more likely to yield 
meaningful data on how social media content influences BI and CB, as these individuals have firsthand experience with the 
content in statement. Random sampling from this engaged audience pool allows for a diverse collection of insights, 
encompassing a wide range of opinions, experiences, and demographic backgrounds (Kadilar & Cingi, 2005). This diversity 
is essential for understanding the various ways in which different segments of the audience perceive and react to social media 
marketing, ultimately offering a comprehensive view of its effectiveness. By obtaining a broad spectrum of perspectives, this 
study aims to uncover patterns and trends that may not be apparent from a more homogenous or non-randomly selected sample 
(Saunders et al., 2009), thus providing a solid foundation for analyzing the impact of social media on CB within the context 
of container food courts. 

4.4 Questionnaire Development and Preliminary Research 

To enhance the precision and relevance of the questionnaire, extensive preliminary research was conducted (Alharbi et al., 
2022; Noviantoro et al., 2020), our research on the impact of social media on BI and CB in container food courts benefited 
greatly from the crucial role played by the survey items, which were fine-tuned to accurately measure the variables of interest. 
Feedback from experts in the fields of marketing and culinary arts was sought to rigorously evaluate the questionnaire items. 
This process involved two anonymous reviewers who provided invaluable insights that were crucial in the selection and 
modification of the items to be included in or excluded from the final survey instrument. Their feedback was instrumental in 
aligning the questionnaire with the latest trends and practices in the fields of marketing and culinary arts, thereby ensuring 
that the survey accurately captured the nuances of social media's role in shaping consumer perceptions and behaviors. 

The questionnaire was designed considering several key variables, each of which was derived from seminal and contemporary 
studies to provide a robust theoretical foundation for the survey. For the measurement of the SMAC, the items were adapted 
from Raji et al. (2019), Bronner and Neijens (2006) and Buil et al. (2013) comprehensively covered the various facets of the 
influence of advertising content through social media. Similarly, items related to content on social media sales promotion 
were sourced from Raji et al. (2019), Keller (2011), and Buil et al. (2013) reflect the broad spectrum of strategies employed 
in sales promotions via social platforms. 

The development of the BI concept was influenced by the works of Villarejo Ramos (2002) and Rastogi et al. (2024), who 
enabled a detailed examination of the ways in which social media affects consumer perceptions of brands. The investigation 
of CB, a critical element of our study, was informed by a diverse array of sources including Quan and Wang (2004), Van der 
Heijiden (2004), and Daries et al. (2024). This extensive approach enabled the questionnaire to capture various aspects of CB 
effectively in response to social media marketing initiatives. The development of the questionnaire was a meticulous process 
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underpinned by a strong theoretical foundation and expert validation, with the aim of yielding accurate and relevant data for 
our study. By integrating insights from authoritative sources and making adjustments based on expert feedback, the final 
questionnaire was designed to effectively capture the intricate relationship between social media and its impact on BI and CB 
in the ever-changing environment of container food courts. 

4.5 Data Analysis 

The strategic selection of SmartPLS version 4 is of the utmost importance because of its advanced bootstrap multigroup 
analysis capability (Hair et al., 2017; Ringle et al., 2020; Sarstedt et al., 2017). This feature is particularly adept at dissecting 
complex model structures and quantifying variations between distinct demographic groups, making it an optimal tool for the 
objectives of our study. The primary goal of employing this advanced analytical approach was to scrutinize the interactions 
of Generation Y and Z with container food court brands on social media, where nuanced differences in behavior and 
preferences are both subtle and significant. SmartPLS's multigroup analysis facilitated an in-depth exploration of these 
generational segments, allowing us to conduct a detailed comparison of path coefficients and uncover the unique ways in 
which these cohorts engage with and perceive social media marketing efforts (Cheah et al., 2023). This methodology proved 
indispensable for revealing the distinct preferences, behaviors, and responses of Generation Y and Generation Z towards 
social media advertising and sales promotions. By enabling a granular analysis of how each group interacts with container 
food court brands on social media, SmartPLS provides the necessary insights to understand the intricate dynamics at play. 
The insights gained from this analysis are crucial for crafting digital marketing strategies that resonate with the specific 
characteristics and expectations of each generation. Through the application of SmartPLS version 4, our research not only 
identified the differential impacts of social media content on BI and CB but also highlighted the importance of tailoring 
marketing strategies to the evolving preferences of consumers within the vibrant and rapidly changing food court sector. 

5. Results and Discussion 
 
5.1 Respondent Profile 
 
The demographic makeup of the respondents is a crucial element in comprehending the context of CB in container food courts. 
This is demonstrated in Table 1, which presents a detailed breakdown of the demographic characteristics of the study 
participants, including gender, age, location, educational background, occupation, and monthly income. The distribution of 
these variables sheds light on the diversity of the customer base in Jakarta and Surabaya, which can affect their preferences 
and behaviors. 
 
Table 1  
Respondent Demographics 

Demographics Category Frequency Percentage 
Gender Man 101 34.5% 
 Woman 191 65.5% 
Age Y generation 169 57.88% 
 Z generation 123 42.12% 
Location Jakarta 184 63% 
 Surabaya 108 37% 
Education Background High School 137 46.9% 
 Associate 34 11.5% 
 Bachelor 111 38.1% 
 Master 10 3.5% 
Occupation Student 111 38.1% 
 Government employees 13 4.4% 
 Private employees 119 40.7% 
 Businessman 28 9.7% 
 Other 21 7.1% 
Income per month < IDR 3.000.000 153 52.5% 
 IDR 3.000.000 - IDR 5.000.000 57 19.5% 
 IDR 5.000.000 - IDR 10.000.000 60 20.4% 
 > IDR 10.000.000 22 7.6% 

 
Table 1 presents the demographic characteristics of the 292 respondents who participated in the study, revealing a 
predominance of female participants and substantial representation of Generation Y. The majority of respondents were from 
Jakarta, reflecting the city's status as a prominent center for container food courts. The educational background of the 
participants was generally diverse, encompassing a wide range of educational experiences, from high school graduates to 
bachelor's degree holders. A considerable proportion of the respondents were students or private employees, consistent with 
the target demographics of container food courts. In terms of income, more than half of the respondents earned less than IDR 
3,000,000 per month, indicating that container food courts are a popular choice among individuals from various economic 
backgrounds. It is essential for container food courts to understand these demographic factors to develop effective marketing 
strategies and culinary offerings that cater to the unique needs and preferences of diverse customer bases. 



 1556

5.2 Descriptive Statistics 
 
Descriptive statistics offer a quantitative summary of the data collected from the survey respondents and provide valuable 
insights into the central tendencies and dispersion of responses to the items in the questionnaire. Table 2 displays the mean, 
median, standard deviation, excess kurtosis, and skewness for each item related to SMAC, SMSPC, BI, and CB. These 
statistics are essential for interpreting the data and identifying patterns and anomalies within responses. They also serve as an 
initial step towards deeper analytical processes such as hypothesis testing or regression analysis. 
 
Table 2  
Descriptive Statistics 

Items Mean Median Standard deviation Excess kurtosis Skewness 
SMAC1 5.144 5.000 1.355 -0.119 -0.637 
SMAC2 5.469 6.000 1.229 0.229 -0.786 
SMAC3 5.312 5.000 1.197 0.321 -0.620 
SMAC4 5.325 5.000 1.165 0.419 -0.553 
SMAC5 5.507 6.000 1.093 -0.594 -0.286 
SMAC6 5.784 6.000 1.193 0.030 -0.842 
SMSPC1 5.466 6.000 1.186 -0.636 -0.432 
SMSPC2 5.692 6.000 1.041 -0.135 -0.510 
SMSPC3 5.634 6.000 1.094 0.948 -0.793 
SMSPC4 5.589 6.000 1.090 -0.002 -0.581 
SMSPC5 5.551 6.000 1.144 0.946 -0.727 
SMSPC6 5.682 6.000 1.149 0.430 -0.825 
SMSPC7 5.955 6.000 1.132 0.712 -1.064 

BI1 5.565 6.000 1.187 -0.531 -0.513 
BI2 5.568 6.000 1.110 1.155 -0.793 
BI3 5.332 5.000 1.209 0.614 -0.719 
BI4 5.192 5.000 1.289 0.306 -0.555 
BI5 5.329 6.000 1.231 0.525 -0.791 
BI6 5.510 6.000 1.061 0.844 -0.683 
CB1 5.435 6.000 1.119 0.196 -0.551 
CB2 5.065 5.000 1.290 -0.055 -0.478 
CB3 5.212 5.000 1.206 0.564 -0.697 
CB4 5.421 6.000 1.187 0.446 -0.640 
CB5 5.212 5.000 1.376 0.715 -0.831 

The descriptive statistics presented in Table 2 offer valuable information regarding the distribution of responses to the survey 
items. The mean scores generally fell within the 5–6 range on a 7-point scale, indicating a positive reaction towards the 
container food court's social media content and BI. The median values closely align with the means, further suggesting central 
clustering of the data points. The standard deviation values, reflecting the variability in the responses, were relatively low 
across all items, indicating consensus among the respondents' perceptions. Items with lower skewness values are more 
symmetrically distributed around the mean, while those with higher skewness values indicate a deviation from a normal 
distribution; generally, kurtosis values tend to lean towards the higher end of the range in this context. The excess kurtosis 
values offer insights into the distribution of the data. When the values are closer to zero, the distribution is similar to the 
normal distribution, whereas positive values indicate a distribution that is more peaked than normal, and negative values 
suggest a flatter distribution than normal (Lind et al., 2018). In our case, most items showed a slight deviation from the normal 
distribution, which could be due to specific CBs or perceptions within the context of the container food court. Understanding 
these statistics is crucial for the container food court industry in Indonesia, as they reflect consumer attitudes and behaviors 
towards marketing efforts on social media and the overall BI. These insights can be utilized to tailor marketing strategies and 
improve customer experience to better meet the expectations of food court patrons. 

5.3 Measurement Model 

In the Measurement Model section of our study, we examined the dependability and legitimacy of the variables used to 
measure SMAC, SMSPC, BI, and CB within the context of container food courts. To achieve this objective, we employed the 
Partial Least Squares (PLS) algorithm, as depicted in Fig. 2. The PLS algorithm is a statistical method designed to optimize 
the explained variance of dependent variables by leveraging a set of independent variables (Ringle et al., 2020). This technique 
is especially beneficial for our research, as it enables the evaluation of the potency and significance of the associations between 
variables in the model. 

The Outer Model was evaluated using the PLS Algorithm, as presented in Table 3. This evaluation is essential to ascertain 
the reliability and convergent validity of measurement scales. The Outer Model table provides the factor loadings, composite 
reliability (CR), Cronbach's alpha, and average variance extracted (AVE) for each item under the variables of interest. Factor 
loadings represent the individual items' correlation with their respective variables and values above 0.7 are typically 
considered acceptable (Sarstedt et al., 2017). 
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Fig. 2. PLS Algorithm 

Table 3  
Outer Model 

Variables Item  Factor 
Loadings CR Cronbach 

Alpha AVE 

Social Media 
Advertising Content 
(SMAC) 

SMAC1 The advertisement on social media offered me something new regarding the 
container food court. 0.620 

0.827 0.823 0.653 

 SMAC2 The advertisement on social media provides useful information about the 
container food court. 0.815 

 SMAC3 The advertisements on social media provided me with credible information 
about the container food court. 0.784 

 SMAC4 The container food court's social media advertisements were designed 
creatively. 0.743 

 SMAC5 The advertisements on social media assisted me in forming an opinion about 
the container food court. 0.776 

 SMAC6 I am persuaded by the advertising campaigns for the container food court on 
social media. 0.640 

Social Media Sales 
Promotion Content 
(SMSPC) 

SMSPC1 Price deals are frequently announced on social media by the container food 
court. 0.640 

0.824 0.821 0.737 

 SMSPC2 New dishes are announced on social media by the container food court. 0.796 
 SMSPC3 Themed events are announced on social media by the container food court. 0.802 
 SMSPC4 Gifts are offered on social media by the container food court. 0.795 

 SMSPC5 Discounts on food items or combo deals are offered on social media by the 
container food court. 0.591 

 SMSPC6 Coupons for discounts or special offers are provided on social media by the 
container food court. 0.675 

 SMSPC7 Exclusive dining experiences are given on social media by the container 
food court. 0.656 

Brand Image (BI) BI1 The container food court has a strong personality 0.544 

0.838 0.832 0.666 

 BI2 The container food court has a powerful image 0.793 

 BI3 The container food court is recognized as a sustainable business with a 
positive image 0.805 

 BI4 The container food court has a good environmental reputation 0.707 

 BI5 The container food court is known for its innovative approach to food and 
dining experiences 0.711 

 BI6 The container food court offers a diverse and inclusive dining experience 
reflecting a wide range of cultures and tastes 0.818 

Customer Behaviour 
(CB) CB1 I enjoy exploring new culinary experiences at the container food court 0.706 

0.791 0.779 0.603 

 CB2 I value learning about innovative food preparation, cooking techniques, and 
presentation at the container food court 0.812 

 CB3 I am satisfied with my experience at the container food court; it meets my 
expectations for variety and quality 0.708 

 CB4 I would recommend the container food court to my family and friends and 
share my positive experience on social networks 0.809 

 CB5 My positive experience at the container food court makes me eager to revisit 
and recommend it as a must-visit destination 0.559 
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Table 3 provides an evaluation of the Outer Model analysis by examining the factor loading for each item. A factor loading 
above 0.7 indicates a strong relationship between the item and its corresponding variable, suggesting that the item is an 
effective measure of that variable. In this study, items with factor loadings below 0.7 are considered for removal to enhance 
the model's variable validity. For example, SMAC1 and SMAC6, with factor loadings of 0.620 and 0.640, respectively, are 
close to meeting the criteria and can be removed to enhance the SMAC variable. The dependability of the variables was 
affirmed through the employment of Cronbach's Alpha and Comparative Reliability (CR) scores, both of which are above the 
acceptable limit of 0.7, thereby signifying that the variables were accurately measured. The Aspect Value Equivalents (AVE) 
values surpass 0.5, attesting to the fact that the majority of the variance in the items is accounted for by the variables (Hair et 
al., 2019). However, it is suggested that items such as BI1 and CB5, with factor loadings of 0.544 and 0.559, respectively, be 
eliminated to improve the overall quality of the measurement model and ensure that each variable effectively represents the 
variable it is intended to measure. In the context of container food courts, the filtered items that remain in the model following 
this analysis accurately reflect consumers’ interactions with the brand's social media content, their perception of the BI, and 
the resulting CB. The refined variables and items provide clearer insights into how consumers perceive and interact with 
container food courts through social media and how these perceptions influence their behavior. 

The Heterotrait-Monotrait Ratio (HTMT) is a metric commonly used in variance-based structural equation modeling (SEM) 
methods, including PLS-SEM (Ringle et al., 2020), to evaluate discriminant validity. This refers to the extent to which a 
variable is differentiated from others based on empirical evidence, which is essential in ensuring that variables that are 
supposed to be unrelated are indeed statistically distinct. Table 4 provides the HTMT values to examine the discriminant 
validity of the variables BI, CB, SMAC, and SMSPC in the context of container food courts. 

Table 4  
HTMT 

 BI CB SMAC SMSPC 
BI     
CB 0.865    

SMAC 0.683 0.785   
SMSPC 0.895 0.800 0.760  

Table 4 presents the HTMT ratios for various variables. According to the HTMT criterion, a value below 0.90 indicates 
acceptable discriminant validity between variables, suggesting that they are empirically distinct. However, the high HTMT 
values observed between some variables, such as BI and SMSPC (0.895), necessitate reassessment of the items comprising 
these variables. Consequently, we determined that removing item BI5 from the BI variable is appropriate. This decision is 
based on the notion that BI5 may share too much content with items in the SMSPC variable, leading to an overlap in their 
measured aspects. The Fornell-Larcker criterion is commonly employed to evaluate discriminant validity (Hair et al., 2017). 
The Fornell-Larcker criterion requires that the square root of the AVE of each variable be greater than its highest correlation 
with any other variable, which involves comparing the square root of the AVE for each variable with its correlation. 

Table 5  
Fornell-Lacker 

 BI CB SMAC SMSPC 
BI 0.816    
CB 0.703 0.776   

SMAC 0.568 0.633 0.808  
SMSPC 0.746 0.648 0.625 0.858 

Table 5 presents the findings of the Fornell-Larcker criterion, which provides additional evidence of discriminant validity 
among the variables assessed in our study. The diagonal entries in the table, highlighted in bold, signify the square root of the 
AVE for each variable, and these values should be larger than the off-diagonal entries in the corresponding rows and columns. 
These outcomes indicate that each variable shares a greater amount of variance with its indicators than with other variables, 
thereby demonstrating sufficient discriminant validity. Additionally, the decision to exclude BI5 is reinforced by these results, 
as it enhances the discriminant validity of the BI variable and ensures that each variable in our study captures a distinct aspect 
of consumer experience within the container food court setting. 

5.4 Model Fit 

Model fit indices are crucial in SEM for assessing the extent to which the proposed model accurately represents data. These 
indices enable researchers to evaluate the consistency of the model structure with the observed data patterns (Hair et al., 2019). 
The Saturated model serves as a benchmark, representing a perfectly fitting model, where the estimated parameters correspond 
to the number of observed variances and covariances. In contrast, the estimated model, which typically imposes specific 
theoretical constraints, is tested. Table 6 presents various model fit indices, including the standardized root mean square 
residual (SRMR), discrepancy functions such as d\_ULS (Unweighted Least Squares), d\_G, Chi-square statistic, and Normed 
Fit Index (NFI). Collectively, these indices provide valuable insights into the adequacy of model fit (Ringle et al., 2020; 
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Sarstedt et al., 2017). 

Table 6  
Model Fit 

 Saturated model Estimated model 
SRMR 0.071 0.071 
d_ULS 0.613 0.613 

d_G 0.272 0.272 
Chi-square 459.344 459.344 

NFI 0.804 0.804 

Table 6 presents the model fit indices for both the Saturated and Estimated models used in our study. Notably, the indices for 
the saturated and estimated models are identical, which suggests that our estimated model fits the data as well as a model that 
is perfectly designed for the data. The SRMR value of 0.071 was below the commonly accepted threshold of 0.08, indicating 
that the model provided a good fit to the observed data. In addition, the d\_ULS and d\_G values, which assess the disparity 
between the observed and predicted covariance matrices, further support the conclusion that the model fit is adequate. The 
Chi-square statistic, commonly regarded as sensitive to sample size, offers a direct examination of the disparity between the 
observed and estimated covariance matrices. A lower chi-square value relative to the degrees of freedom suggests a superior 
fit. However, in the context of SEM, the focus is frequently on relative fit indices, such as the NFI, which in our case stands 
at 0.804. Although NFI values closer to 1 indicate a better fit, values above 0.8 are typically considered indicative of an 
acceptable fit to the data. The congruence between the Saturated and Estimated model fit indices suggests that the theoretical 
constraints imposed by our estimated model do not significantly impede its ability to fit data. This outcome is encouraging 
because it implies that the theoretical model devised to represent CB and brand interaction in the context of container food 
courts in Indonesia is well supported by the collected data. 

The results of the statistical analysis demonstrated that both SMAC and SMSPC have a significant impact on BI and CB in 
the context of Indonesian container food courts. R-squared values of 0.573 and 0.582 indicate that these variables explain a 
substantial proportion of the variance in the outcomes. This was further supported by the adjusted R-squared values, which 
were very close to the R-squared values, indicating that the model was robust. The F-square values indicate the effect sizes of 
each predictor on the outcomes, where SMSPC has a large effect size on BI (0.589) and minimal effect on CB (0.019), 
indicating its strong predictive power. In contrast, SMAC showed a small effect on BI (0.040) and a moderate effect on CB 
(0.129), suggesting that it is a more influential predictor of CB than BI. These findings suggest that sales promotions on social 
media are particularly effective in shaping BI, while advertising content is also a significant determinant of how customers 
behave towards these food courts. 

5.5 Structural Model 

The primary objective of the Structural Model section of our research was to examine the theoretical relationships between 
SMAC, SMSPC, BI, and CB. To gauge the strength and significance of these relationships, we employed a bootstrapping 
technique in PLS-SEM, which enables non-parametric resampling to approximate the accuracy of the path coefficients. Fig. 
3 graphically represents the bootstrapping process, which is a crucial step in evaluating the reliability of path coefficients 
derived from our structural model. This method allows us to address the potential distributional assumptions of our sample 
and provides more robust estimates of standard errors and t-statistics for hypothesis testing (Lind et al., 2018). 

 
Fig. 3. Bootstrapping 

Using the bootstrapping process outlined in Fig. 3, we evaluated the outcomes of the path analysis presented in Table 7. This 
table provides a comprehensive summary of the path coefficients between variables, encompassing the original sample 
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estimates, sample mean, standard deviation, t-statistics, p-values, and status of the hypotheses. By conducting path analysis, 
we were able to scrutinize the direct and indirect effects within our model, thereby assessing the proposed hypotheses 
pertaining to the influence of social media content on BI and subsequently on CB. 

Table 7  
Path Analysis 

Path Original sample 
(O) 

Sample mean 
(M) 

Standard deviation 
(STDEV) 

T statistics 
(|O/STDEV|) 

P 
values Hypothesis 

SMAC → BI 0.167 0.174 0.074 2.248 0.012 Accepted 
SMSPC → BI 0.642 0.636 0.066 9.657 0.000 Accepted 
SMAC → CB 0.303 0.300 0.065 4.698 0.000 Accepted 
SMSPC → CB 0.140 0.140 0.084 1.660 0.049 Accepted 
BI → CB 0.426 0.430 0.073 5.845 0.000 Accepted 
SMAC → BI → CB 0.071 0.075 0.034 2.073 0.019 Accepted 
SMSPC → BI → CB 0.274 0.274 0.057 4.792 0.000 Accepted 

The findings from the path analysis presented in Table 7 reveal intricate connections between social media content, BI, and 
CB within the context of container food courts. The analysis demonstrates how SMAC has a positive impact on BI, with the 
path coefficient indicating that attention-grabbing and relevant advertising content on social media platforms can substantially 
improve BI among its target audience. This impact is statistically significant, as evidenced by the T statistics surpassing the 
critical value, which highlights the robustness of SMAC's effect on BI. Similarly, SMSPC displays a strong, positive influence 
on BI, suggesting that promotions shared on social media are highly effective in enhancing a brand's perceived value. This 
relationship is not only statistically significant, but also possesses one of the highest path coefficients, emphasizing the 
powerful role of sales promotions in shaping BI. The sway of SMAC extends to CB, implying that advertising content not 
only affects BI but also directly influences how customers interact with the brand, encouraging favorable behavior. This 
relationship is again supported by the significant T-statistics, indicating a dependable effect. Furthermore, the analysis reveals 
that the SMSPC has a positive but slightly weaker direct impact on CB than on BI. This suggests that while sales promotions 
on social media significantly enhance BI, their direct influence on CB is more moderate yet statistically significant. The 
relationship between BI and CB is particularly noteworthy and characterized by a strong path coefficient, indicating that a 
positive BI directly leads to a favorable CB. This relationship was statistically significant in the analysis, underscoring the 
central role of BI in influencing CB with the brand. The indirect effects of social media content on CB through BI were 
analyzed, showing that both forms of social media content not only have a direct impact on CB, but also an indirect impact 
through enhancing BI. These paths are statistically significant, illustrating the multifaceted role of social media content in 
shaping a brand’s CB.  

5.6 Multigroup Analysis 

In our study, we expanded the analysis to investigate potential variations in the relationships between social media content, 
BI, and CB across different demographic groups. This was accomplished through the application of Multigroup Analysis, a 
statistical method that enables the comparison of path coefficients between predefined groups. In this study, the groups are 
determined by generational cohorts, specifically Generation Y and Generation Z. Fig. 4 depicts the Bootstrap Multigroup 
Analysis process, which entails bootstrapping within each group to evaluate the stability and significance of any differences 
in the path coefficients. This step is essential to comprehending whether and how generational distinctions affect the influence 
of social media marketing tactics on brand perception and customer actions within the context of container food courts. 

  

Fig. 4. Bootstrap Multigroup Analysis 
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As depicted in Fig. 4, the Bootstrap Multigroup Analysis provides the basis for our examination of specific generational 
influences, which is further explored in Table 8 through the Path Multigroup Analysis. This table compares the effects SMAC 
and SMSPC on BI and CB between Generation Y and Generation Z. The table includes the original and mean path coefficients, 
standard deviations, t-values, and p-values for each path within both generational cohorts, enabling a detailed understanding 
of the similarities and differences in how these generations interact and are influenced by social media content related to 
container food courts. 

Table 8  
Path Multigroup Analysis 

Path Original 
(Y) 

Original 
(Z) 

Mean 
(Y) 

Mean 
(Z) 

STDEV 
(Y) 

STDEV 
(Z) 

t value 
(Y) 

t value 
(Z) 

p value 
(Y) 

p value 
(Z) 

SMAC → BI 0.092 0.278 0.113 0.273 0.106 0.098 0.873 2.833 0.191 0.002 
SMSPC → BI 0.676 0.600 0.657 0.606 0.099 0.078 6.828 7.741 0.000 0.000 
SMAC → CB 0.373 0.246 0.367 0.242 0.071 0.125 5.222 1.975 0.000 0.024 
SMSPC → CB -0.020 0.284 -0.016 0.287 0.105 0.134 0.189 2.114 0.425 0.017 
BI → CB 0.527 0.339 0.531 0.340 0.089 0.144 5.946 2.360 0.000 0.009 
SMAC → BI → CB 0.049 0.094 0.058 0.093 0.057 0.052 0.860 1.804 0.195 0.036 
SMSPC → BI → CB 0.356 0.203 0.351 0.207 0.088 0.093 4.029 2.185 0.000 0.014 

Table 8 presents a noteworthy contrast between generations Y and Z in their reactions to social media marketing strategies 
employed by container food courts. For instance, the progression from SMAC to BI demonstrates a more pronounced effect 
on Generation Z than Generation Y, implying that younger consumers might attach greater significance to the novelty and 
credibility of advertising content in shaping their perception of a brand. On the other hand, the influence of SMSPC on BI is 
significant for both generations, albeit slightly more pronounced for Generation Y, reflecting a universal appeal of sales 
promotions with generational variation in its intensity. Generation Y exhibited a stronger response to social media content on 
CB, whereas Generation Z appeared to be more influenced by SMSPC, especially when it came to sales promotions leading 
to positive brand behavior. It is intriguing to note that the negative coefficient for SMSPC to CB in Generation Y indicates 
potential saturation or skepticism towards sales promotions among this group, in contrast to Generation Z, which appears 
more receptive. The outcomes of this study emphasize the significance of devising social media marketing strategies that cater 
to the distinct preferences and behaviors of various generational cohorts. The multigroup analysis offers a comprehensive 
guide for container food courts to modify their social media content in a manner that appeals to both Generation Y and 
Generation Z, thereby enhancing BI and fostering favorable CB. Additionally, the indirect effects mediated by BI (BI → CB) 
and the combined paths (SMAC → BI → CB and SMSPC → BI → CB) highlight the crucial role of BI in translating social 
media content into CB. The differences in path coefficients between generations elucidate the nuanced ways in which BI 
mediates the connection between social media content and CB, with Generation Y displaying a stronger linkage, particularly 
through advertising. 

6. Discussion 

The significance of social media content in shaping BI and CB is emphasized, with notable distinctions observed between 
Gen Y and Gen Z. The positive impact of SMAC on BI is consistent with Lu and Chen (2017), who stressed the influence of 
social media on BI. Our findings support this assertion, emphasizing the potential of engaging advertising content on social 
media platforms to enhance BI among its target audience. Additionally, the strong positive effect of SMSPC on BI aligns with 
Raji et al. (2019), underscoring the efficacy of sales promotions shared on social media in boosting a brand's perceived value. 
This underscores the importance of strategic social media use not only to attract customers but also to foster a positive BI that 
resonates with the intended audience. The impact of SMAC and SMSPC on CB highlights the direct effect of social media 
content on shaping brand perception and influencing customer interactions with the brand. This aligns with the findings of 
Joo et al. (2020), who indicated that well-crafted advertising and sales promotion content on social media can lead to favorable 
CB towards container food courts. The strong correlation between BI and CB in the analysis underscores the pivotal role of 
BI in shaping CB with the brand, a finding that aligns with that of Sutia et al. (2023). This underscores the critical importance 
of maintaining a positive and attractive BI, as it directly influences favorable CB. Multivariate analysis, which investigates 
generational differences, indicates that Generation Z exhibits a more intense reaction to SMAC in terms of BI than Generation 
Y, suggesting that younger consumers place greater importance on the authenticity and originality of the advertising content. 
This result is consistent with Ayoobzadeh et al.'s (2024) description of Generation Z, which stressed their digital nativity and 
preference for innovation. However, the impact of the SMSPC on BI, although significant for both generations, suggests a 
nuanced approach to sales promotions, with Generation Y showing a slightly stronger response. This could be attributed to 
Generation Y’s established economic power and responsiveness to direct promotional efforts, as proposed by Thach et al. 
(2020). 

7. Implications 

The ramifications of this research offer pertinent insights for both industry practitioners, particularly those involved in 
container food courts, and academics specializing in social media marketing dynamics. For practitioners, this study 
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emphasizes the essential role of devising strategic social media content that connects them with the intended audience. 
Engaging in visually appealing advertising and promotional content that accurately reflects a brand's identity and offerings 
can substantially enhance BI and positively impact CB. Container food courts are encouraged to customize their social media 
strategies to cater to the specific preferences and behaviors of various generational cohorts, particularly Generation Y and 
Generation Z, which exhibit distinct reactions to advertising and promotional content. This tailored approach can aid in 
attracting a wider customer base, fostering brand loyalty, and ultimately, driving sales. 

This study advances the field of academic inquiry by examining the impact of social media on consumer perceptions and 
behaviors in the food industry. Specifically, the study sheds light on the complex ways in which social media content shapes 
BI and CB and delves into the underlying mechanisms that drive these effects. Moreover, by investigating the distinct 
influence of social media marketing across generations, this study paves the way for additional research on the evolving 
dynamics of digital marketing and CB. This opens new avenues for exploring the specific types of social media content that 
are most effective in engaging diverse demographic segments, ultimately contributing to the refinement of marketing 
strategies in the digital era. 

8. Conclusions 

This study sheds light on the considerable impact of SMAC and SMSPC on BI and CB in the context of container food courts. 
The results indicated that both forms of social media content significantly improved BI, which subsequently exerted a positive 
influence on CB. Furthermore, this study elucidates the nuanced reactions of different generational cohorts, particularly 
Generation Y and Generation Z, to social media marketing efforts. While both generational groups respond to SMAC and 
SMSPC, their reactions differ, emphasizing the necessity of tailored marketing strategies that accommodate the specific 
preferences and behaviors of these demographics. However, this study had several limitations. First, the research was 
geographically restricted, concentrating on container food courts in Indonesia, which may have limited the generalizability of 
the findings to other regions or food service models. Second, the study primarily employed quantitative methods and self-
reported data, which may not fully capture the depth of consumers' perceptions and interactions with social media content. 
The dynamic nature of social media trends and consumer preferences poses a challenge to capturing the entire spectrum of 
influences on BI and CB. Future research could proceed in several directions. One possible avenue is to conduct comparative 
studies across various cultural and geographical contexts to determine the extent to which the effectiveness of social media 
marketing in the food industry is universally applicable or context specific. Another approach is to incorporate qualitative 
research methods, such as interviews or focus groups, to gain a deeper understanding of consumer perceptions and the 
motivations behind their responses to social media content. Future studies should explore the impact of emerging social media 
platforms and technologies on consumer engagement and marketing strategies. Investigating the long-term effects of social 
media marketing on brand loyalty and customer retention in the food court sector could provide valuable insights into 
sustainable business growth. 
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