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 The association between risk and return is a significant concept in finance that has been studied in 
the past to a large extent. The stock market volatility is closely associated with the risk. The current 
study examines the intraday volatility pattern of stock market of Saudi Arabia by reviewing the 
stocks of Tadawul All Share Index (TASI). We obtain return data at 5-minute frequency from the 
SASEIDX starting on 25 October 2017 and ending on 9 May 2018. We examine the stock market 
volatility by using different symmetric and asymmetric GARCH models and observe that, the sym-
metric GARCH models showed a significant positive association between risk and return. Simi-
larly, the asymmetric GARCH models show that the estimates were significant and the leverage 
estimate was negative and significant, indicating a no-leverage effect in the return series. Moreover, 
the asymmetric results suggest that negative shocks do not entail to future higher volatility than 
positive shocks. Therefore, the symmetric and asymmetric GARCH models are comfortable to cap-
ture the volatility of Saudi stock market from Intraday data.  
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1. Introduction 
 

The prediction and modelling of stock market volatility has become significant in these recent years in 
the field of finance, and is considered point of interest for academicians and finance professionals.  The 
association between risk and return is a significant concept in finance that has been studied in the past to 
a large extent (Markowitz & Blay, 2013). The stock market volatility is closely associated with the risk. 
In other words, measuring risky assets is volatility. Stock market volatility brings variations in stock 
returns, hence has an effect on risk. There are studies that examined inter-daily volatility where it is 
difficult to find out the difference of daily open-to-open volatility and close-to-close volatility (Tian & 
Guo, 2007), and which is captured by the intraday market volatility. The study of intraday market dy-
namics is made easy due to widened availability of high-frequency data. The underlying volatility meas-
urement methods are relevant and the generalized autoregressive conditional heteroscedasticity 
(GARCH) models are frequently in usage to examine the market volatility dynamics. The previous stud-
ies introduced many models to investigate the stock market volatility and evaluate the performance of 
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stock market, such as ARCH (Engle, 1982), GARCH (Bollerslev, 1986; Andersen & Bollerslev, 1997), 
EGARCH (Nelson, 1991), TGARCH (Glosten et al., 1993), FIGARCH (Baillie et al., 1996). Further, 
there have been different studies that employed various models and their extensions to model the condi-
tional variance, and they are found in both developed and emerging stock markets, such as Abdalla and 
Winker (2012), Goudarzi and Ramnarayanan (2010), Jiang (2012), Mandimika and Cinzara (2012), Ma-
tei (2009), El Aal (2011), Muller (2009), Chuang et al. (2013), Han et al. (2012), Haniff and Pok (2010), 
Hansen et al. (2012), Hussain et al. (2011) and Lim and Sek (2013). 

Ezzat and Uludag (2015) studied information arrival and volatility in Saudi stock market. They found 
strong evidence of decrease in persistence of volatility due to the inclusion of trading volume and number 
of trades in conditional variance equation. Further, they suggested number of trades over trading volume 
in predicting volatility. Arouri (2013) examined the spillover effects between global oil prices and Saudi 
stock market in terms of risk and return, and reported that the spillovers in Saudi stock sectors are due to 
shocks rather than volatility. Ulussever et al. (2011) studied the day-of-the week effect of Tadawul stocks 
with the help of non-linear GARCH, and found mean daily returns different from each other, hence val-
idating the day-of-the week effect. Abdalla and Idris (2013) investigated the volatility spillovers between 
return and exchange rate in Saudi Arabian and Egyptian stock markets. They reported volatility spillover 
in Egyptian markets, while no evidence of volatility was found between returns and exchange rate in 
Saudi stock market. Recent research on stock market extensively used intraday data to reveal the effect 
of flow of new information on stock market movements (Nikkinen et al., 2006; Rigobon & Sack, 2003).  
Further, a good number of research papers concentrated particularly, in analyzing the monetary policy 
news and its effect on stock returns (Rigobon & Sack, 2003; Wongswan, 2006). Su (2010) studied the 
application of EGARCH model to observe the existence of volatility in Chinese stock market with the 
help of daily data. He suggested that EGARCH model is the best fit to measure the volatility in the 
Chinese stock market than the normal GARCH model. Afsal and Haque (2016) found a no dynamic 
association between the gold and stock markets by using GARCH model. 

A number of studies largely relying on US data have sought to rationalize the U-shaped pattern in 
intraday volatility in stock markets (Harris, 1986; Foster & Viswanathan, 1990; Spiegel & Subrahman-
yan, 1995; Andersen et al., 2000; Tabak & Guerra, 2007). According to Sequential Information Arrival 
Hypothesis (SIAH), the market reaches final equilibrium when the new information is passed to all the 
traders in the market. This hypothesis has been explained by Copeland (1976) and Jennings et al. 
(1981).  If the past information of stock prices is reflected in the current stock prices, the market is 
treated as weak-form efficient (Fama, 1970). This hypothesis assumes that the stock market traders 
receive the information on new arrivals simultaneously leading to a new equilibrium, and there is no 
partial equilibrium (Harris, 1987; Anderson, 1997).  Further, there are few number of studies on Saudi 
stock market return and volatility. The stock returns of Saudi stock market are characterized by time 
varying volatility, and also the market is too sensitive to market fluctuations (Kalyanaraman, 2014).  
Badshah et al. (2016) examined the asymmetries in the intraday return and volatility. They found neg-
ative association between return and volatility over all the return horizons.  Shen et al. (2016) examined 
the impact of trading and non-trading period information on volatility, and found reduction in volatility 
persistence due to simultaneous information. 

The current study examines the volatility pattern of Saudi stock market. We choose the stock market of 
Saudi Arabia for different reasons. Firstly, the emerging markets stand for enthusiastic atmosphere for 
stock market volatility, because some of these markets are highly volatile due to information imbalance, 
investors unfamiliar with the arrival of new information, asynchronous trading, embryonic financial anal-
ysis, and probably social facets, such as inclination towards herd behavior. A contemporary research by 
Rahman et al. (2013) observed the Saudi Arabian investors are more exposed towards mass behavior, 
which may influence volatility in stock market returns. Saudi financial market normally trades in ordinary 
stocks, since there is no market for derivatives, and short-selling is entirely restricted. The investors of 
other countries except GCC are not permitted to invest precisely in Saudi stocks. The turnover of Saudi 
stock market consists of 92 percent and more of Domestic investors (Arab Monetary Fund, 2011). The 



A. R. Shaik and A. M. Syed  / Management Science Letters 9 (2019) 1133

investors of Saudi stock market are more inclined towards aggressive trading. The turnover of domestic 
investors is very high, i.e. 118 times compared to other mutual funds which have a turnover of 30 times 
(NCB Capital, 2008). Accordingly, the Saudi financial market having the characteristics of heterogeneity 
form a testing ground to examine the volatility of stock market returns. The interests of unfamiliar inves-
tors may cause the stock prices adjust relatively to market information, conferring the existence of vola-
tility. Secondly, the kingdom is diligently thinking of opening the Saudi financial market to foreign in-
vestors in the near future. Therefore, it becomes significant for the foreign investors to understand the 
movement of Saudi stock prices. The Saudi Capital Market Law governs the securities market in the 
Kingdom, and the Capital Markel Authority (CMA) was established by the Royal Decree dated back to 
1424H. The CMA acts as a regulator of the Saudi Arabian Capital Market which drafts the rules and 
regulations to implement the capital market law. According to this law, the “Saudi Stock Exchange” was 
established in the year 2007 which is also called as the “Tadawul” to carry out securities trading in the 
Kingdom. It is the sole organization authorized to act as a Securities Exchange with 170 companies listed, 
and tops among the GCC countries with a market capitalization of 1.9 trillion dollars. It is an exchange 
with high liquidity having huge number of market traders, large trade volume, and exceptional micro-
structure for efficient trading. Further, as a move towards implementing the economic reforms in the 
Kingdom, the Saudi Stock Exchange on 15th June, 2015 opened the doors lo Qualified Foreign Investors 
(QFI). Furthermore, a forecast by the MSCI has classified Tadawul as an emerging market index by 
2017. In light of the above discussed literature, we observed that Saudi securities market returns are 
depicted with volatility clustering due to skewed distribution of returns. Further, the Saudi stock market 
movements are influenced by the economic fluctuations. An appreciable amount of literature focuses on 
the capital markets in advanced economies like U.S. and Europe, while Arab world markets are at scarce 
and specifically meagre in Saudi Arabian context. Also, there are no studies in the Saudi market context 
examining intraday stock volatility at 5-minute trade interval. The models employed in the previous re-
search studies on market volatility in Saudi market were unable to capture the fluctuations, where the 
Kingdom of Saudi Arabia is journeying through many fluctuations, such as oil price change, economic 
reforms, international relations, etc. The study of intraday stock volatility with the help of different 
GARCH models might better ensnare the stock market movements. Therefore, it becomes significant to 
adopt the research in stock market volatility in the Kingdom of Saudi Arabia. The current study intends 
to examine the intraday volatility in Saudi stock market by considering the stocks of Tadawul All Share 
Index (TASI).  
 

The remaining paper is arranged in the following manner. Section 2 explains the data and methodology 
followed by the empirical results in Section 3. Finally, Section 4 discusses the observed results and 
concludes the study.  

2. Data and Methodology 

The current study examines the intraday stock market volatility of Tadawul All Share Index (SASEIDX 
herein after). We have obtained return data at 5-minute frequency of SASEIDX from the Bloomberg 
Database starting on 25 October 2017 and ending on 9 May 2018. The closing prices of SASEIDX have 
been used to calculate returns. The stock market of Saudi Arabia is open from Sunday to Thursday. The 
stock trading session starts at 11.00 am in the morning and ends at 3.55 pm in the afternoon. We calculate 
the stock returns measured in percentage at 5-minute frequency as the first lognormal difference of index 
closing prices.  

1
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where tR  is the lognormal return at 5-minute frequency, tP  is the index price at close at time t  and 1tP  

is the corresponding period index price at close at time 1t  . We have obtained 8348 observations at 5-
minute frequency. 



 

1134

2.1. Intraday Stock Market Volatility 

There are some univariate models to examine the volatility, such as ARCH model given by Engle (1982), 
GARCH model given by Bollerslev (1986), EGARCH model given by Nelson (1991). The stock market 
volatility has been reviewed by many researchers by using univariate and multivariate GARCH models.  
Muller et al. (2009) assert that the GARCH model has been more contributory and effective in obtaining 
the stylized facts of financial time series data, hence commonly used in financial research. According to 
Matie (2009) forecasting stock market volatility is appropriate through GARCH model compared with 
any other alternative model when seen in a unifacial context. In light of the above suggestions, we have 
selected three volatility models that are commonly used in forecasting market volatility, such as GARCH, 
EGARCH and TARCH to model the intraday stock market volatility of SASEIDX.  

We examine the symmetric association between the return and volatility by using GARCH models.  

The Generalized ARCH Model 

All the GARCH models consists of a mean equation and variance equation. The mean equation in its 
simplest from is written as: 

t tR    . (2) 

The GARCH model was initially developed by Bollerslev (1986), where the conditional variance in the 
equation depends on the previous own lags, and this conditional variance equation is written in its sim-
plest form as: 

2 2 2
1 1 1 1t t t          (3) 

0  ,  1 0  ,  1 0     

where tR  is the return on stock at time t ,   is the average stock return, and t  is the residual return. The 

conditional variance ( 2
t ) is the weighted function that depends on the previous period volatility ( 2

1t  ) 

and previous period conditional variance ( 2
1t  ). The process is assumed as stationary if 1 1 1   . Fur-

ther, the size of coefficients determines the change in volatility in the short-run. Therefore, if  1 1 1  
, then any market shock to the conditional variance is said to be endured.  

The GARCH-in-Mean Model 

The GARCH-M model was suggested by Engle et al. (1987), where conditional variance enters the mean 
equation. The GARCH-M (1,1) model specification is as follows: 

1t t tR       (4) 

2 2 2
1 1 1 1t t t          (5) 

The coefficient  in the above equation is interpreted as risk premium. A positive correlation can be 
established between mean return and conditional variance, when  is positive and significant. Further, 
we also examine the asymmetric relation between return and volatility by using EGARCH and TGARCH 
models. 

The Exponential GARCH Model 

The exponential GARCH model was suggested by Nelson (1991) and is modelled as log( 2
t ). This model 

is the best fit to test the leverage effect, where it captures the asymmetric relation between returns and 
volatility.  
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(6) 

where 2ln( )t is the log of conditional variance,  shows the leverage effect, and can be hypothetically 

tested as 0  .   

The Threshold GARCH Model 

The threshold GARCH or TGARCH model was proposed by Rabemananjara and Zakoian (1993). This 
model is the best fit to apprehend the leverage or asymmetry through differential effect on the conditional 
variance. This model is defined as: 

2 2 2 2
1 1 1 1 1 1 1t t t t tS              , 

(7) 

where 1  apprehends the asymmetric or the leverage effect. According to the model, the differential 

effect on conditional variance can be known when 1 0t   which means a good information denoted as 1
, and 1 0t   which means a bad information denoted as 1 1  . Therefore, a positive and significant 1  

shows the presence of leverage effect.  

2.2. Descriptive Statistics 

We report the descriptive statistics of SASEIDX return series in Table 1, such as Mean ( X ), Standard 
Deviation ( ), Skewness (S), Kurtosis (K), and Jarque-Bera test. 

2.3. Unit Root Test 

We test the stationarity of residual series through Augmented Dickey-Fuller Test (ADF) and Philips-
Perron Test (PP) to check whether the data is stationary or non-stationary, and report the results in Table 
2. 

2.4. Heteroscadasticity Test 

This test is utmost important before applying the GARCH model to examine the presence of heterosce-
dasticity in residual series. We use Lagrange Multiplier (LM) test to examine the heteroscedasticity. 

3. Empirical Results 

Table 1  
Descriptive Statistics of return on SASEIDX 

Mean 0.001716 Std. Dev. 0.070505 
Median 0.001669 Skewness -1.233443 
Maximum 0.932991 Kurtosis 58.19974 
Minimum -1.633362 Jarque-Bera 1061969 
  Observations        8348 

 
We report the descriptive statistics of returns on SASEIDX in Table 1. The positive mean of the returns 
indicates growth in price over the period. The maximum (0.932991), the minimum (-1.633362), and the 
standard deviation (0.070505) of returns indicates that the market is volatile. The skewness (-1.233443) 
of returns is negative and kurtosis (58.19974) is positive suggesting leptokurtic distribution of returns. 
Finally, the Jarque-Bera test statistic is highly significant at the 1% level, rejecting the normality of return 
series. Hence, we calculate the logarithmic return series from the closing prices to make the data station-
ary. 
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Fig. 1. Volatility Clustering of returns on 5-minute frequency of SASEIDX from 25 October 2017 to 9 May 2018 
 

We report the volatility clustering of 5-minute frequency returns of SASEIDX from 25 October 2017 to 
9 May 2018 in Fig. 1. We presume from the figure that; volatility pretends to happen in spurts, and also 
it is evidenced that volatility is high during the starting of the study period and also at the close. The 
figure also displays a fraction of high volatility during the first 20 minutes and higher furthermore during 
the last 5 minute.  

Table 2  
ADF and LM Test Result 

Value ADF PP 
t-statistic -72.38532 -72.18709 
Probability 0.0001 0.0001 
Critical Value                                     
1% -3.430957              -3.430957 
5% -2.861693              -2.861693 
10% -2.566893              -2.566893 
ARCH-LM Test 161.93
   

We report the results of stationarity using ADF and PP tests, and heteroscadasticity using ARCH-LM 
test in Table 2. We found that the unit root is present in the return series, since the p-values of ADF and 
PP tests are less than 5% level, which shows that the returns data is stationary throughout the study 
period. Further, we also found the presence of ARCH effects in residuals of return series, since the p-
value is less than 5% level. Therefore, these results allow us to estimate the models of GARCH family. 

Table 3  
Result of GARCH (1,1) and GARCH-M (1,1) Models 

Model Coefficients GARCH (1,1) GARCH-M (1,1) 

Mean Equation   
C 0.001716** -0.004362*** 
Risk Premium  0.112468** 
Variance Equation   
C (ω) 0.001716* 0.000488* 
ARCH effect (α1) 0.150000* 0.192466* 
GARCH effect (β1) 0.600000* 0.638933* 
α1+β1 0.750000 0.831399 
Log likelihood 310717.9 12488.24 
AIC  -74.44009 -2.990714 
SIC -74.43588 -2.986504 
ARCH-LM Test Result   
ARCH-LM Test statistic 0.200267 0.003164 
Prob. Chi-square (1) 0.6545 0.9551 

***Significant at the 10% level, **Significant at the 5% level, and *Significant at the 1% level. 
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We report the results of GARCH (1,1) and GARCH-M (1,1) models in Table 3 above. The GARCH (1,1) 
model result shows that the coefficients of ARCH ( 1 ) and GARCH ( 1 ) are significant at the 1% level. 

Further, we evidenced that the conditional return volatility appears to be stationary, as the sum of param-
eters ( 1 +  1  ) is less than one, which resembles the volatility to persist for longer periods and that it is 

more sensitive to past values than to the new market shocks. The model shows a positive relationship 
between risk and return. Moreover, we found no additional ARCH effect remaining in the residuals, since 
the test statistic of ARCH-LM test is more than 5%, which implies that the GARCH (1,1) model is com-
fortable to capture the volatility from Intraday data. The GARCH-M (1,1) model result shows that the 
parameter of risk premium is positive and significant indicating a risk-return trade-off. The parameters 
of ARCH (α1) GARCH (β1) are significant at the 1% level, and the sum of these parameters is less than 
one, implying stationarity in the conditional return volatility. This shows the persistence of volatility in 
the market.  Further, we found no additional ARCH effect remaining in the residuals, since the test sta-
tistic of ARCH-LM test is more than 5%, which indicates that the GARCH-M (1,1) model is also com-
fortable for the Saudi stock market.  

Table 4  
Result of EGARCH and TGARCH Models 

Model Coefficients EGARCH  TGARCH 
Mean Equation   
C -0.000159 0.000770 
Variance Equation  
C (ω) -2.053652* 0.001648* 
ARCH effect (α) 0.444607* 0.311846* 
GARCH effect (β) 0.678114* 0.404964* 
Leverage effect (λ) 0.045042* -0.036796* 
α+β 1.122721 0.71681 
Log likelihood 11021.42 11071.09 
AIC  -2.639295 -2.651195 
SIC -2.635084 -2.646984 
ARCH-LM Test Result   
ARCH-LM Test statistic 0.009154 0.003227 
Prob. Chi-square (1) 0.9238 0.9547 

***Significant at the 10% level, **Significant at the 5% level, and *Significant at the 1% level. 

We have examined the asymmetric effect of volatility in the return series with the help of two models, 
such as EGARCH and TGARCH and the results are reported in Table 4. We explain the best model by 
comparing the fitness of these two models similar to that explained in Table 3. The result of EGARCH  
model shows that the estimates of ARCH (α) GARCH (β) are significant at the 1% level, and the leverage 
estimate (λ) is positive and significant, indicating a no-leverage effect in the return series. This asymmetry 
of return and volatility cannot be captured from the GARCH (1,1) model.  Moreover, we found no addi-
tional ARCH effect remaining in the residuals, since the test statistic of ARCH-LM test is more than 5%, 
which implies that the EGARCH model is comfortable to capture the asymmetric effects from Intraday 
data. The result of TGARCH  model shows that the estimates of ARCH (α) GARCH (β) are significant 
at the 1% level, and the leverage estimate (λ) is negative and significant, indicating a no-leverage effect 
in the return series.. This asymmetry of return and volatility cannot be captured from the GARCH (1,1) 
model.  Moreover, we found no additional ARCH effect remaining in the residuals, since the test statistic 
of ARCH-LM test is more than 5%, which implies that the EGARCH model is comfortable to capture 
the asymmetric effects from Intraday data. 

4. Discussion 

We have examined the symmetric association between return and volatility with the help of GARCH 
(1,1) and GARCH-M (1,1) models. The GARCH (1,1) model result shows that the estimated coefficients 
are significant, and that the conditional return volatility appears to be stationary, as the sum of coefficients 
is less than one, which resembles the persistence volatility for longer periods. Further, the estimated 
coefficients are positive, which shows a positive association between return and risk. Similarly, The 
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GARCH-M (1,1) model result shows that the estimated parameters are significant at the 1% level, and 
the sum of these parameters is less than one, implying stationarity in the conditional return volatility. 
This shows the persistence of volatility in the market. The results of current study are in line with the 
previous research works of Goudarzi and Ramanarayan (2011), Abdalla and Winker (2012), Banumathy 
and Azhagaiah (2015).  Further, we have examined the asymmetric association between return and risk 
with the help of EGARCH and TGARCH models. To evidence a leverage effect in the return series, the 
leverage estimate ( ) should be negative and significant. The result shows that the association between 
the returns and volatility is positive, suggesting that positive shocks does entail to future higher volatility 
than negative shocks, hence suggesting no risk-return trade-off. The sum of the estimated ARCH and 
GARCH coefficients is more than one suggesting an explosive persistency of volatility shocks. Similarly, 
the results of TARCH model shows that the association between the returns and volatility was negative, 
suggesting that negative shocks does not entail to future higher volatility than positive shocks. To evi-
dence a leverage effect in the return series, the leverage estimate ( ) should be positive and significant. 
The asymmetric results of the current study support the study of Ezzat and Uludag (2014), and are con-
trary to the previous research works of Haniff and Pok (2010), Goudarzi and Ramanarayan (2011), 
Abdalla and Winker (2012). We have explained the best model by comparing the fitness of different 
GARCH models with the help of the Log likelihood (LL), the Akaike Information Criterion (AIC), and 
the Schawrz Information Criterion (SIC). The model with minimal values of AIC and SIC and the highest 
value of log likelihood has been determined as the best model fit. The AIC, SIC values for GARCH (1,1) 
model is (-74.44009; -74.43588) and the value of log likelihood is 310717.9, while the AIC, SIC values 
for GARCH-M (1,1) model is (-2.990714; -2.986504) and the value of log likelihood is 12488.24. There-
fore, the GARCH (1,1) model is found to be best symmetric model for the Saudi stock market. Similarly, 
the AIC, SIC values for EGARCH (1,1) model is (-2.639295; -2.635084) and the value of log likelihood 
is 11021.42, while the AIC, SIC values for TGARCH model is (-2.651195; -2.646984) and the value of 
log likelihood is 11071.09. Therefore, the TGARCH model is found to be best asymmetric model for the 
Saudi stock market. 

5. Conclusion 

The association between risk and return is a significant concept in finance that has been studied in the 
past to a large extent. The stock market volatility is closely associated with the risk. The current study has 
examined the intraday volatility pattern of stock market in Saudi Arabia by reviewing the stocks of Tadawul 
All Share Index (TASI). We have obtained return data at 5-minute frequency from the SASEIDX starting 
on 25 October 2017 and ending on 9 May 2018. We have examined the symmetric and asymmetric 
association between the return and volatility by using different GARCH models. The GARCH (1,1) 
model result shows a positive relationship between risk and return. The GARCH-M (1,1) model result 
shows that the parameter of risk premium was positive and significant indicating a risk-return trade-off. 
Similarly, the result of EGARCH model has shown that the estimates were positive and significant, while 
the leverage estimate was negative and significant, indicating a no-leverage effect in the return series. 
The result of TGARCH model has shown that the estimates were significant and the leverage estimate 
was negative and significant, indicating a no-leverage effect in the return series. The result has indicated 
that the association between the returns and volatility was negative, suggesting that negative shocks did 
not entail to future higher volatility than positive shocks. We have concluded this study by suggesting 
that, GARCH (1,1) and TGARCH models are comfortable to capture the symmetric and asymmetric 
volatility effects of Saudi stock market.  The study of Saudi stock market volatility is a point of im-
portance to financial professionals. The results of the current study might add value to the stock market 
and the investors in investment management, such as allocations of assets, construction of investment 
portfolio, managing risk, etc. Improvements can be made in this paper by comparing the Saudi stock 
market volatility with other developed markets and examining the structural break in the TADAWUL 
return series. 

 



A. R. Shaik and A. M. Syed  / Management Science Letters 9 (2019) 1139

Acknowledgement  

The author(s) acknowledge that, this project was supported by the Deanship of Scientific Research at 
Prince Sattam Bin Abdulaziz University under the research project number 2017/02/8261. 

References 

Abdalla, S. Z. S., & Winker, P. (2012). Modelling stock market volatility using univariate GARCH models: 
Evidence from Sudan and Egypt. International Journal of Economics and Finance, 4(8), 161-176. 

Abdalla, S.Z., & Idris, E.A. (2013). Volatility spillovers between stock market returns and exchange rate: 
Empirical evidence from Saudi Arabia and Egypt. Arab Journal of Administrative Sciences, 20(2), 341-
363. 

Afsal, E.M., & Haque, M.I. (2016). Market Interactions in Gold and Stock Markets: Evidence from Saudi 
Arabia. International Journal of Economics and Financial Issues, 6(3), 1025-1034. 

Andersen, T.G., & Bollerslev, T. (1997). Heterogeneous information arrivals and return volatility dynamics: 
uncovering the long-run in high frequency returns. Journal of Finance, 52(3), 975–1005. 

Andersen, T.G., Bollerslev, T., & Cai, J. (2000). Intraday and interday volatility in the Japanese stock market. 
Journal of International Financial Markets, 10(2), 107-130. 

Arouri, M.E.H., Jouini, J., & Nguyen, D.K. (2013). On the relationship between world oil prices and GCC 
stock markets. HAL-00798037.  

Arab Monetary Fund (2019). https://www.amf.org.ae/sites/default/files/econ/annual%20reports/en/Annual-Eng-2011.pdf 
Baillie, R. T., Bollerslev, T., & Mikkelsen, H. O. (1996). Fractionally integrated generalized autoregressive 

conditional heteroskedasticity. Journal of Econometrics, 74(1), 3-30. 
Banumathy, K., & Azhagaiah, R. (2015). Modelling Stock Market Volatility: Evidence from India. Managing 

Global Transitions, 13(1), 27-41. 
Badshah, I., Frijns, B., Knif, J., & Rad, A.T. (2016). Asymmetries of the intraday return-volatility relation. 

International Review of Financial Analysis, 48(C), 182-192. 
Bollerslev, T. (1986). Generalized Autoregressive Conditional Heteroskedasticity. Journal of Econometrics, 

31(3), 307-327. 
Chuang, C.C., Kuan, C.M., & Lin, H.Y. (2009). Causality in quantiles and dynamic stock return-volume 

relations. Journal of Banking & Finance, 33(7), 1351-1360. 
Copeland, T. E. (1976). A model of asset trading under the assumption of sequential information arrival. 

Journal of Finance, 31(4), 1149–1168. 
Engle, R. F. (1982). Autoregressive conditional heteroscedasticity with estimates of the variance of United 

Kingdom inflation. Econometrica, 50(4), 987-1007.  
Engle, R.F., Lilien., D.M., & Robins, R.P. (1987). Estimating time varying risk Premia in the term structure: 

The Arch-M Model. Econometrica, 55(2), 391-407. 
Ezzat, H., & Uludag, B.K. (2014). Information arrival and volatility: Evidence from the Saudi Arabia Stock 

Exchange (Tadawul). Panoeconomicus, 64(1), 45-59. 
Fama, E.F. (1970). Efficient capital markets: A review of theory and empirical work. The Journal of Finance, 

25(2), 383-417. 
Foster, F.D., & Viswanathan, S. (1990). A theory of the interday variations in volume, variance, and trading 

costs in securities markets. Review of Financial Studies, 3(4), 593–624. 
Goudarzi, H., & Ramanarayan, C.S. (2010). Modeling and estimation of volatility in the Indian Stock Market. 

International Journal of Business and Management, 5(2), 85- 98. 
Goudarzi, H., & Ramanarayanan, C.S. (2011). Modeling asymmetric volatility in the Indian Stock Market. 

International Journal of Business and Management, 6(3), 221-231. 
Glosten, L. R, Jagannathan, R., & Runkle, D. E. (1993). On the relation between the expected value and the 

volatility of the nominal excess returns on socks. Journal of Finance, 48(5), 1779-1791. 
Han, Y., & Lesmond, D. (2012). Liquidity biases and the pricing of cross-sectional idiosyncratic volatility. 

Review of Financial Studies, 24(5), 1590 – 1629. 
Haniff, M.N., & Pok, W.C. (2010). Intraday volatility and periodicity in the Malaysian stock returns. Re-

search in International Business and Finance, 24(3), 329-343. 
Hanse, P.R., Huang, H., & Shek, H.H. (2012). Realized Garch: A Joint Model for Returns and Realized 

Measures of Volatility. Journal of Applied Econometrics, 27(6), 877-906. 



 

1140

Harris, L. (1986). A transaction data study of weekly and intradaily patterns in stock returns. Journal of 
Financial Economics, 16(1), 99–117. 

Hussain, F., Hamid, K., Akash, R.S.I., & Imdad, M. (2011). Day of the week effect and stock returns: Evi-
dence from Karachi Stock Exchange-Pakistan. Far East Journal of Psychology and Business, 3(3), 25-31. 

Jennings, R. H., Starks, L. T., & Fellingham, J. C. (1981). An equilibrium model of asset trading with se-
quential information arrival. Journal of Finance, 36(1), 143–161.  

Jiang, W. (2012). Modeling and predicting of different stock markets with GARCH model, Master Thesis, 
Sweden, Uppsala University. 

Kalyanaraman, L. (2014). Stock market volatility in Saudi Arabia: An application of univariate GARCH 
model. Asian Social Science, 10(10), 142. 

Lim, C.M., & Sek, S.K. (2013). Comparing the performances of GARCH-type models in capturing the stock 
market volatility in Malaysia. Procedia Economics and Finance, 5, 478-487. 

Mandimika, N.Z., & Chinzara, Z. (2012). Risk-return trade-off and behaviour of volatility on the South Af-
rican Stock Market: Evidence from both aggregate and disaggregate data, South African Journal of Eco-
nomics, 80(3), 345-366. 

Markowitz, H., & Blay, K. (2013). Risk-return analysis: The theory and practice of rational investing (1st ed 
). New York: McGraw-Hill 

Matei, M. (2009). Assessing volatility forecasting models: Why GARCH models take lead. Romanian Jour-
nal of Economic Forecasting, 4, 42-65. 

Muller, G., Durand, R.B., Maller, R.A., & Klupperberg, C. (2009). Analysis of stock market volatility by 
continuous-time GARCH models. G.N. Gregoriou (Ed.), Stock Market Volatility, London, Chapman and 
Hall-CRC/Taylor and Francis, 31-50. 

Nelson, D. B. (1991). Conditional heteroscedasticity in asset returns: A new approach. Econometrica, 59(2), 
347-370.  

Nikkinen, J., Omran, M., Sahlstrom, M., & Aijo, A. (2006). Global stock market reactions to scheduled U.S. 
macroeconomic news announcements. Global Finance Journal, 17(1), 92-104. 

Perron, P. (1989). The Great Crash, the Oil Price Shock and the Unit Root Hypothesis. Econometrica, 57(6), 
1361-1401.  

Rabemananjara, R., & Zakoian, J. (1993). Threshold ARCH models and asymmetries in volatility. Journal of 
Applied Econometrics, 8(1), 31–49. 

Rahman, A., Chowdhury, S. S. H.,& Sadique., S. (2013). Herding where Retail Investors Dominate Trading: 
The Case of Saudi Arabia. Working Paper, University of Brunei Darussalam. 

Rigobon, R., & Sack. B. (2003). Measuring the reaction of monetary policy to the stock market. The Quarterly 
Journal of Economics, 118(2), 639-669. 

Spiegel, M., & Subrahmanyan, A. (1995). On intraday risk premia. Journal of Finance, 50(1), 319–339. 
Shen, D., Zhang, W., Xiong, X., Li, X., & Zhang, Y. (2016). Trading and non-trading period Internet infor-

mation flow and intraday return volatility. Physica A, 451(C), 519-524. 
Su, C. (2010). Application of EGARCH Model to Estimate Financial Volatility of Daily Returns: The empir-

ical case of China, University of Gothenburg, School of Business, Economics and Law. Master Degree 
Project No.2010:142. 

Tabak, B.M., & Guerra, S.M. (2007). Stock returns and volatility: the Brazillian case. Economia Aplicada, 
11(3), 329-346. 

Tian, G., & Guo, M. (2007). Interday and intraday volatility: additional evidence from the Shanghai Stock 
Exchange. Review of Quantitative Finance and Accounting, 28(3), 287-306. 

Ulussever, T., Yumusak, I.G., & Kar, M. (2011). The day-of-the-week effect in the Saudi Stock Exchange: 
A non-linear Garch analysis. Journal of Economics and Social Studies, 1(1), 9-23. 

Wongswan, J. (2006). Transmission of information across international equity markets. Review of Financial 
Studies, 19(4), 1157-1189.  

   

     

 

 
© 2019 by the authors; licensee Growing Science, Canada. This is an open access article 
distributed under the terms and conditions of the Creative Commons Attribution (CC-
BY) license (http://creativecommons.org/licenses/by/4.0/). 

 



<<
  /ASCII85EncodePages false
  /AllowTransparency false
  /AutoPositionEPSFiles true
  /AutoRotatePages /None
  /Binding /Left
  /CalGrayProfile (Dot Gain 20%)
  /CalRGBProfile (sRGB IEC61966-2.1)
  /CalCMYKProfile (U.S. Web Coated \050SWOP\051 v2)
  /sRGBProfile (sRGB IEC61966-2.1)
  /CannotEmbedFontPolicy /Error
  /CompatibilityLevel 1.4
  /CompressObjects /Tags
  /CompressPages true
  /ConvertImagesToIndexed true
  /PassThroughJPEGImages true
  /CreateJobTicket false
  /DefaultRenderingIntent /Default
  /DetectBlends true
  /DetectCurves 0.0000
  /ColorConversionStrategy /CMYK
  /DoThumbnails false
  /EmbedAllFonts true
  /EmbedOpenType false
  /ParseICCProfilesInComments true
  /EmbedJobOptions true
  /DSCReportingLevel 0
  /EmitDSCWarnings false
  /EndPage -1
  /ImageMemory 1048576
  /LockDistillerParams false
  /MaxSubsetPct 100
  /Optimize true
  /OPM 1
  /ParseDSCComments true
  /ParseDSCCommentsForDocInfo true
  /PreserveCopyPage true
  /PreserveDICMYKValues true
  /PreserveEPSInfo true
  /PreserveFlatness true
  /PreserveHalftoneInfo false
  /PreserveOPIComments true
  /PreserveOverprintSettings true
  /StartPage 1
  /SubsetFonts true
  /TransferFunctionInfo /Apply
  /UCRandBGInfo /Preserve
  /UsePrologue false
  /ColorSettingsFile ()
  /AlwaysEmbed [ true
  ]
  /NeverEmbed [ true
  ]
  /AntiAliasColorImages false
  /CropColorImages true
  /ColorImageMinResolution 300
  /ColorImageMinResolutionPolicy /OK
  /DownsampleColorImages true
  /ColorImageDownsampleType /Bicubic
  /ColorImageResolution 300
  /ColorImageDepth -1
  /ColorImageMinDownsampleDepth 1
  /ColorImageDownsampleThreshold 1.50000
  /EncodeColorImages true
  /ColorImageFilter /DCTEncode
  /AutoFilterColorImages true
  /ColorImageAutoFilterStrategy /JPEG
  /ColorACSImageDict <<
    /QFactor 0.15
    /HSamples [1 1 1 1] /VSamples [1 1 1 1]
  >>
  /ColorImageDict <<
    /QFactor 0.15
    /HSamples [1 1 1 1] /VSamples [1 1 1 1]
  >>
  /JPEG2000ColorACSImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 30
  >>
  /JPEG2000ColorImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 30
  >>
  /AntiAliasGrayImages false
  /CropGrayImages true
  /GrayImageMinResolution 300
  /GrayImageMinResolutionPolicy /OK
  /DownsampleGrayImages true
  /GrayImageDownsampleType /Bicubic
  /GrayImageResolution 300
  /GrayImageDepth -1
  /GrayImageMinDownsampleDepth 2
  /GrayImageDownsampleThreshold 1.50000
  /EncodeGrayImages true
  /GrayImageFilter /DCTEncode
  /AutoFilterGrayImages true
  /GrayImageAutoFilterStrategy /JPEG
  /GrayACSImageDict <<
    /QFactor 0.15
    /HSamples [1 1 1 1] /VSamples [1 1 1 1]
  >>
  /GrayImageDict <<
    /QFactor 0.15
    /HSamples [1 1 1 1] /VSamples [1 1 1 1]
  >>
  /JPEG2000GrayACSImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 30
  >>
  /JPEG2000GrayImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 30
  >>
  /AntiAliasMonoImages false
  /CropMonoImages true
  /MonoImageMinResolution 1200
  /MonoImageMinResolutionPolicy /OK
  /DownsampleMonoImages true
  /MonoImageDownsampleType /Bicubic
  /MonoImageResolution 1200
  /MonoImageDepth -1
  /MonoImageDownsampleThreshold 1.50000
  /EncodeMonoImages true
  /MonoImageFilter /CCITTFaxEncode
  /MonoImageDict <<
    /K -1
  >>
  /AllowPSXObjects false
  /CheckCompliance [
    /None
  ]
  /PDFX1aCheck false
  /PDFX3Check false
  /PDFXCompliantPDFOnly false
  /PDFXNoTrimBoxError true
  /PDFXTrimBoxToMediaBoxOffset [
    0.00000
    0.00000
    0.00000
    0.00000
  ]
  /PDFXSetBleedBoxToMediaBox true
  /PDFXBleedBoxToTrimBoxOffset [
    0.00000
    0.00000
    0.00000
    0.00000
  ]
  /PDFXOutputIntentProfile ()
  /PDFXOutputConditionIdentifier ()
  /PDFXOutputCondition ()
  /PDFXRegistryName ()
  /PDFXTrapped /False

  /CreateJDFFile false
  /Description <<

    /BGR <>
    /CHS <FEFF4f7f75288fd94e9b8bbe5b9a521b5efa7684002000410064006f006200650020005000440046002065876863900275284e8e9ad88d2891cf76845370524d53705237300260a853ef4ee54f7f75280020004100630072006f0062006100740020548c002000410064006f00620065002000520065006100640065007200200035002e003000204ee553ca66f49ad87248672c676562535f00521b5efa768400200050004400460020658768633002>
    /CHT <FEFF4f7f752890194e9b8a2d7f6e5efa7acb7684002000410064006f006200650020005000440046002065874ef69069752865bc9ad854c18cea76845370524d5370523786557406300260a853ef4ee54f7f75280020004100630072006f0062006100740020548c002000410064006f00620065002000520065006100640065007200200035002e003000204ee553ca66f49ad87248672c4f86958b555f5df25efa7acb76840020005000440046002065874ef63002>
    /CZE <>
    /DAN <>
    /DEU <>
    /ESP <>
    /ETI <>
    /FRA <>
    /GRE <>

    /HRV (Za stvaranje Adobe PDF dokumenata najpogodnijih za visokokvalitetni ispis prije tiskanja koristite ove postavke.  Stvoreni PDF dokumenti mogu se otvoriti Acrobat i Adobe Reader 5.0 i kasnijim verzijama.)
    /HUN <>
    /ITA <>
    /JPN <FEFF9ad854c18cea306a30d730ea30d730ec30b951fa529b7528002000410064006f0062006500200050004400460020658766f8306e4f5c6210306b4f7f75283057307e305930023053306e8a2d5b9a30674f5c62103055308c305f0020005000440046002030d530a130a430eb306f3001004100630072006f0062006100740020304a30883073002000410064006f00620065002000520065006100640065007200200035002e003000204ee5964d3067958b304f30533068304c3067304d307e305930023053306e8a2d5b9a306b306f30d530a930f330c8306e57cb30818fbc307f304c5fc59808306730593002>
    /KOR <FEFFc7740020c124c815c7440020c0acc6a9d558c5ec0020ace0d488c9c80020c2dcd5d80020c778c1c4c5d00020ac00c7a50020c801d569d55c002000410064006f0062006500200050004400460020bb38c11cb97c0020c791c131d569b2c8b2e4002e0020c774b807ac8c0020c791c131b41c00200050004400460020bb38c11cb2940020004100630072006f0062006100740020bc0f002000410064006f00620065002000520065006100640065007200200035002e00300020c774c0c1c5d0c11c0020c5f40020c2180020c788c2b5b2c8b2e4002e>
    /LTH <>
    /LVI <>
    /NLD (Gebruik deze instellingen om Adobe PDF-documenten te maken die zijn geoptimaliseerd voor prepress-afdrukken van hoge kwaliteit. De gemaakte PDF-documenten kunnen worden geopend met Acrobat en Adobe Reader 5.0 en hoger.)
    /NOR <>
    /POL <>
    /PTB <>
    /RUM <>
    /RUS <>
    /SKY <>
    /SLV <>
    /SUO <>
    /SVE <>
    /TUR <>
    /UKR <>
    /ENU (Use these settings to create Adobe PDF documents best suited for high-quality prepress printing.  Created PDF documents can be opened with Acrobat and Adobe Reader 5.0 and later.)
  >>
  /Namespace [
    (Adobe)
    (Common)
    (1.0)
  ]
  /OtherNamespaces [
    <<
      /AsReaderSpreads false
      /CropImagesToFrames true
      /ErrorControl /WarnAndContinue
      /FlattenerIgnoreSpreadOverrides false
      /IncludeGuidesGrids false
      /IncludeNonPrinting false
      /IncludeSlug false
      /Namespace [
        (Adobe)
        (InDesign)
        (4.0)
      ]
      /OmitPlacedBitmaps false
      /OmitPlacedEPS false
      /OmitPlacedPDF false
      /SimulateOverprint /Legacy
    >>
    <<
      /AddBleedMarks false
      /AddColorBars false
      /AddCropMarks false
      /AddPageInfo false
      /AddRegMarks false
      /ConvertColors /ConvertToCMYK
      /DestinationProfileName ()
      /DestinationProfileSelector /DocumentCMYK
      /Downsample16BitImages true
      /FlattenerPreset <<
        /PresetSelector /MediumResolution
      >>
      /FormElements false
      /GenerateStructure false
      /IncludeBookmarks false
      /IncludeHyperlinks false
      /IncludeInteractive false
      /IncludeLayers false
      /IncludeProfiles false
      /MultimediaHandling /UseObjectSettings
      /Namespace [
        (Adobe)
        (CreativeSuite)
        (2.0)
      ]
      /PDFXOutputIntentProfileSelector /DocumentCMYK
      /PreserveEditing true
      /UntaggedCMYKHandling /LeaveUntagged
      /UntaggedRGBHandling /UseDocumentProfile
      /UseDocumentBleed false
    >>
  ]
>> setdistillerparams
<<
  /HWResolution [2400 2400]
  /PageSize [612.000 792.000]
>> setpagedevice


