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 One of the most used social media platforms is TikTok, which is widely and increasingly used due 
to the short-video interactive music. Very few studies about why people prefer to use TikTok appli-
cations were carried out. Therefore, the objective of the current research is to examine the effect of 
perceived usefulness, perceived ease of use, perceived enjoyment, sense of belonging, and user-
generated content on the adoption of TikTok application, using the TAM model. Quantitative re-
search has been applied as a methodological approach and was successfully carried out through an 
online survey, gathering a total of 255 filled surveys to test the applicability of the developed re-
search model. The results show that the user-generated content has the highest significant positive 
influence on the intention to use TikTok. Followed by the perceived enjoyment, then the sense of 
belonging, the perceived ease of use, and the perceived usefulness, consequently. Also, results show 
that the independent variables explain 47.8% of the variance in the intention to use TikTok. Finally, 
to assure the generalizability of the study results the study recommends conducting further research 
in different countries and communities.    
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1. Introduction 
 

Social media is an interactive web application that has been on the rise globally (Zyoud et al., 2018). Social media is used by 
billions of people around the world and has quickly become one of today's key technologies (Appel et al., 2020). Facebook, 
Twitter, LinkedIn, Snapchat, and Instagram were the most used social media worldwide (Zyoud et al., 2018). By 2020, Face-
book reported having 2.41 billion active monthly users and is one of the most visited websites in the world (Hutchinson, 
2020). Globally, it is estimated that the total number of social media users will rise to 3.29 billion users in 2022, representing 
42.3 % of the world's population (Appel et al., 2020). Instagram has more than one billion monthly active users (Mohsin, 
2020). 

Among all these popular social media platforms, by 2020, TikTok has become one of the most downloaded apps on the App 
Store (Saxena, 2020). TikTok is a short-video interactive innovative music app. Users of this app can select their music 
interface, add special beauty and slow-motion effects and then create their favorite short music video (Zhao et al., 2017). By 
2020, TikTok reported having 800 million active monthly users worldwide (Saxena, 2020). The main feature that differenti-
ates TikTok from other social-media services is the background music of the videos, as it represents the key message that 
users want to convey, in which the users can choose background music from a wide variety of music genres and even create 
original sound clips. Any sound clip, including user voice messages, can be selected by other users to use in their videos. For 
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many videos, the music serves as part of a dance routine, lip-synching battle, or background for comedy skits. However, sound 
also plays the role of story builder and has a specific message to deliver (Serrano et al., 2020). TikTok is famous for its 
entertaining short videos and several reasons underline its success. One is that TikTok allows users to download their videos 
easily or upload them to other platforms (like WhatsApp) directly. Secondly, TikTok offers a very high engagement rate, 
where TikTok rewards videos that are interesting enough to hold the audience's attention. Users consume content by viewing 
an algorithmically generated feed of videos on the so-called "For you" page. This is the landing place when users open the 
app (Serrano et al., 2020).  

TikTok can benefit marketers in many ways. First of all, it can provide marketers with an opportunity to reach a wide range 
of users and they can have access to TikTok's global audience, as TikTok is a powerful and easy-to-use platform that can help 
them reach their target audience. Secondly, it has a huge reach and engagement which can help marketers drive a high volume 
of traffic to their companies. Thirdly, TikTok offers marketers a huge range of tools that can help marketers, whether in small-
medium or enterprise companies, easily design their creative ads without needing a professional editor. Fourthly, TikTok’s 
advertising policy seeks to ensure that all content is running in a brand-safe environment for advertisers (Serrano et al., 2020). 
Accordingly, there is extensive research regarding the adoption of social media, such as Facebook (Al-Azawei, 2018), how-
ever, none of them mentioned the adoption of TikTok and with all the popularity of TikTok, still, no studies at all examined 
why people are using it. Also, studies concerning social-media adoption were applied in many countries, such as the USA 
(Al-Azawei, 2018). Thus, the objective of the current research is to examine the effects of perceived usefulness, perceived 
ease of use, perceived enjoyment, sense of belonging, and user-generated content on the adoption of the TikTok application, 
using the Technology Acceptance Model (TAM) model. Therefore, this research aims to answer the following research ques-
tions: 

1- What are the major factors that influence users' behavioral intentions to use TikTok? 

2- To what extent do these factors influence behavioral intentions to use TikTok?  
 
2. Literature review  
 
As this research aims to investigate the factors that influence the adoption of the TikTok application using the TAM model 
in Jordan, the literature related to social-media adoption and the TAM model was reviewed. However, much of this 
literature is largely focused on the adoption of many social media platforms, such as Facebook (Al-Azawei, 2018). This 
revision led to the exposure of two themes, which are: the adoption of social media and the TAM model. These themes 
will be covered in the following sections. 
 
2.1 Adoption of Social Media 
 

Most of the social media literature focused on examining the intention to use social media using the technology acceptance 
model (Davis et al., 1989), and many other theories, such as the unified theory of acceptance and use of technology (Venkatesh 
et al., 2003), theory of reasoned action (Fishbein & Ajzen, 1975) and theory of planned behavior (Ajzen, 1985) in multiple 
countries by examining the effect of different factors (Al-Azawei, 2018). Previous research showed that one of the most used 
models in studying social-media adoption besides the technology acceptance model is the unified theory of acceptance and 
use of technology (UTAUT) (Al-Qaysi et al., 2020). For example, previous research applied UTAUT to understand the effects 
of facilitating conditions, performance expectancies, and hedonic motivations on behavioral intention to use social media 
(Ching-Ter et al., 2017; Harsono & Suryana, 2014). The results suggested that facilitating conditions, performance expectan-
cies, and hedonic motivations affect the intention to use social media positively. In another research that was applied using 
UTAUT, which examined the effects of performance expectancy, peer support, and family support on behavioral intention, 
the results claimed that the examined factors are significant predictors of intention to use social media (Al-Azawei, 2018). 

Moreover, several studies examined the theory of reasoned action within the context of social-media adoption (Peslak et al., 
2012). Previous literature investigated the influence of subjective norms and attitudes on intention to use social media, where 
the findings argued that both of these factors influence intention to use social media positively (Wadie & Lanouar, 2012). 
Also, several studies examined the theory of planned behavior within the context of social-media adoption. For example, 
(Akman, 2014) examined the effect of subjective norms on behavioral intention to use social media in addition to other factors, 
such as perceived enjoyment and perceived reliability. The results showed a positive relationship between the factors and 
behavioral intention (Akman, 2014). In contrast, another research argued that subjective norm is not a determinant of intention 
to use social media (Pedersen et al., 2002). 

Furthermore, most researchers studied the adoption of social media using the technology acceptance model and they reached 
different conclusions (Rababah et al., 2017). For example, a large number of studies investigated the relationship of perceived 
usefulness, perceived ease of use, and trust with behavioral intention to use social media, and the conclusions revealed that 
all these factors had a positive effect on the behavioral intention to use social media (Akar & Mardikyan, 2014). In contrast, 
(Bristy, 2016) reviewed the same factors and claimed that trust negatively affected behavioral intention to use social media. 
Also, a large number of existing studies in the literature examined the effect of perceived enjoyment on behavioral intention 
and findings revealed a positive effect on behavioral intention to use social media (Bataineh et al., 2015; Sago, 2013). It has 
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been previously reported that perceived enjoyment is the factor with the biggest influence among all other factors which are 
perceived usefulness, perceived ease of use, and social presence (Coa & Setiawan, 2017). Furthermore, recent research dis-
cussed the influence of subjective norms on behavioral intention to use social media and the results indicated a positive 
relationship between the variables (Rababah et al., 2017). On the other hand, a different point of view was suggested by prior 
research, in which the findings revealed a negative effect of subjective norms on behavioral intention to use social media 
(Dhume et al., 2012).  

Finally, as for using the technology acceptance model on social media, many research studies focused on the adoption of 
Facebook (Al-Azawei, 2018) in each country the USA, Jordan, Ghana, India, Iraq, Bangladesh, Netherlands, Turkey, and 
Indonesia. To our knowledge, no prior studies have examined the adoption of TikTok using the technology acceptance model, 
specifically in Jordan. 
 
2.2 Technology Acceptance Model (TAM) 
 

The technology acceptance model, developed by (Davis, 1986), is one of the most widely used information system acceptance 
models (Venkatesh et al., 2003). Davis included two main factors that influence usage from his point of view, which are 
perceived usefulness and perceived ease of use (Davis et al., 1989). TAM is built on the ground of the Theory of Reasoned 
Action (TRA) which studies general human behavior through individuals’ intentions (Fishbein & Ajzen, 1975). The technol-
ogy acceptance model studies specifically the factors that influence intentions to use information systems. The Theory of 
Planned Behavior (TPB) is an extension of the theory of reasoned action that consists of three types of beliefs; behavioral, 
normative, and control, and deals with the relation between the construction of attitude, subjective norm, and perceived be-
havioral control (Ajzen, 1991). The main difference between both theories and TAM is that each TRA and TPB included the 
social influence as the subjective norm factor, while TAM ignores the social influence. Furthermore, in light of the necessity 
to integrate different theories under a single theory, UTUAT was introduced by (Venkatesh et al., 2003); a theory, which 
integrates acceptance model technology, theory of planned behavior, model of PC utilization, theory of reasoned action, mo-
tivational model, innovation diffusion theory and social cognitive theory. UTUAT introduced four constructs that play a 
significant role as direct determinants of behavior intention (performance expectancy, effort expectancy, social influence, and 
facilitating conditions). Gender, age, experience, and voluntariness are mediator variables, while behavior intention is the 
dependent variable (Venkatesh et al., 2003). 

Based on a literature review on social media, most researchers focused on and agreed on the importance of TAM in the context 
of social-media adoption (Wirtz & Göttel, 2016). For example, Wirtz and Göttel concluded that TAM is one of the most 
prominent models in information technology acceptance research and so far the prevailing theoretical approach regarding 
users’ adoption of social media (Wirtz & Göttel, 2016). In addition, (Lane & Coleman, 2012) emphasized that there is a strong 
effect of TAM on social media since an increase in perceived ease of use will increase the perceived usefulness and subse-
quently lead to more intensity in social media usage. Furthermore, (Lorenzo-Romero et al., 2011) suggested that TAM is the 
most suitable model for social media. 

Finally, despite the importance of TAM in the context of social media and the huge agreement on the usage of TAM to study 
and explain the behavioral intention of different social media platforms, no studies to the researchers’ knowledge have been 
conducted to explain the behavioral intention of using TikTok platform. On the grounds of the arguments presented above in 
the relevant literature, most of the studies mentioned the adoption of Facebook, Twitter, Pinterest, Instagram, and many other 
social media platforms with a huge focus on Facebook, but none of them mentioned the adoption of TikTok. Also, the previous 
literature was applied to many countries, such as the USA, Jordan, Ghana, India, Iraq, Turkey, and Indonesia. Take Facebook 
and other social media platforms - except TikTok- as an example. So limited studies were applied to TikTok, specifically in 
Jordan. Consequently, our research aims to fill this gap in the literature by taking the case of TikTok and applying it to Jordan. 
 
3. Theoretical Framework and Hypothesis Development 
 

The current research model is based on the Technology of Acceptance Model (TAM), proposed by (Davis, 1986). In particular, 
the current model consists of five independent variables: perceived usefulness, perceived ease of use, perceived enjoyment, 
sense of belonging, and user-generated, whereas the dependent variable is the adoption of social media. In this research, three 
variables have been added to the original TAM. At first, user-generated content has been added to support the role of extrinsic 
motivation, besides perceived usefulness and perceived ease of use (McKenzie et al., 2012). In addition, (Lee et al., 2015) 
suggested that most of the research on TAM has been conducted from an extrinsic motivation perspective, without mentioning 
the factors related to human and social change processes. Furthermore, (Moon & Kim, 2001) extended TAM by including 
perceived enjoyment to explain users’ feelings of pleasure caused by ‘cognitive spontaneity’ when users interact with the 
system. According to that, perceived enjoyment and a sense of belonging have been added to reinforce the role of intrinsic 
motivation to study the users’ feelings of attachment to a specific online community and pleasure when they interact with 
TikTok. In addition to that, it was found that people will spend more effort on a task and they will be more able to accept 
technology when tasks create a high level of intrinsic motivation (Taherdoost, 2018). 

3.1. Perceived Usefulness (PU) 
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Perceived usefulness is defined by (Davis, 1989) as “the degree to which a person believes that using a particular system 
would enhance his or her job performance”. There is an agreement within the existing related literature regarding this defini-
tion (Abdullah et al., 2016). According to the current research, PU is viewed as the degree to which a person believes that 
using the TikTok application would enhance his or her performance. Most of the relevant studies considered PU as the most 
important variable that affects consumers’ intentions to use social media, a study conducted by (Elkaseh et al., 2016) suggested 
that the influence of perceived usefulness was 50% stronger than that of perceived ease of use on the intention to use social 
media. Moreover, (Castañeda et al., 2007) found that individuals will use social media only if they perceive that its use will 
help them achieve their goals. Furthermore, according to (Lin & Lu, 2011), the usage of a social media platform is correlated 
with how useful it is in allowing users to effectively build relationships and keep in touch with others. Previous studies de-
scribed the impact of perceived usefulness on the context of online learning and online shopping (Sohn, 2017), studies also 
demonstrated that perceived usefulness was found to be positively related to intentions to use social media (Al-Azawei, 2018). 
Moreover, there is a positive relationship between the intention to use Facebook and perceived usefulness, as it helps people 
keep in touch with others. Furthermore, (Akar & Mardikyan, 2014) suggested that the behavioral intention of Twitter is 
positively affected by perceived usefulness, as it improves productivity in daily activities. However, to the best of our 
knowledge, no previous studies examined such variables in the context of TikTok. Hence, further investigation of the rela-
tionship between PU and behavioral intentions to use TikTok is warranted. Therefore, the following hypothesis is suggested: 

H1: Perceived usefulness has a significant positive influence on the intention to use TikTok. 
 
3.2. Perceived Ease of Use (PEOU) 
 

Perceived ease of use is defined by (Davis, 1989) as “the degree to which a person believes that using a particular system 
would be free of effort”. It is noted that there is an agreement within the existing related literature regarding the definition 
(Abdullah et al., 2016). For the current research, PEOU is viewed as the degree to which a person believes that using the 
TikTok application would be free of effort. Most of the relevant studies considered PEOU as one of the most important 
variables that affect intentions to use social media. For example, (Rauniar et al., 2014) stated that perceived ease of use is an 
important indicator of intention to use social media. Also, (F. B. Tan & Chung, 2005) suggests that whenever technology is 
easy to use, this will increase the efficiency of the user, which in turn increases the intention to use. Moreover, (Rauniar et al., 
2014) suggested that simple-to-use and easy-to-interact are important design criteria for a social media-related application. 
Previous studies described the impact of perceived ease of use on the context of online learning (Al-Azawei & Lundqvist, 
2015). Moreover, previous research demonstrated that perceived ease of use was found to be positively related to the intention 
to use social media (Al-Azawei, 2018) For example, (Rauniar et al., 2014) indicated that the growing number of people 
adopting and signing up with Facebook is relatively correlated to how easy it is to create an account. Moreover, there is a 
positive relationship between the intention to use Facebook and perceived ease of use. According to (Bristy, 2016), users keep 
using Facebook if it is clear, simple, and easy to become skillful in using it. However, to the best of our knowledge, no studies 
examined such variables in the context of TikTok. Hence, further investigation of the relationship between PEOU and behav-
ioral intentions to use TikTok is warranted. Therefore, the following hypothesis is suggested: 

H2: Perceived ease of use has a significant positive influence on the intention to use TikTok.  

3.3. Perceived Enjoyment (PE) 

Perceived enjoyment is defined by (Sun et al., 2015) as “the extent to which pleasure can be perceived by users”. Also, 
perceived enjoyment is defined as "the extent to which the activity of using a specific system is perceived to be enjoyable in 
its own right, aside from any performance consequences resulting from system use" (Park et al., 2021). Also, it was defined 
by (Moon & Kim, 2001) as “an intrinsic motivation that emphasizes the usage process and reflects the pleasure and enjoyment 
associated with using a system”. For the current research, PE is viewed as the extent to which the activity of using the TikTok 
application is perceived to be enjoyable in its own right, aside from any performance consequences resulting from the usage 
of TikTok. 

Most of the relevant studies considered PE as the most influential factor that impacts the intention to use social media. For 
example, (Coa & Setiawan, 2017) stated that perceived enjoyment has the biggest influence on the intentions to use Instagram 
and Snapchat. Moreover, (Lu et al., 2008) suggested that when a technology is fun and pleasing to use, users will be intrinsi-
cally motivated to adopt it. Furthermore, perceived enjoyment derived from websites highly impacts the intentions to use 
them (Igbaria et al., 1995), and perceived enjoyment influences the users’ intention to use Facebook, even more than useful-
ness and ease of use (Praveena & Thomas, 2014).  

Previous studies on perceived enjoyment have reported the intention to use blogs (Ifinedo, 2018), and online gaming 
(Alzahrani et al., 2017). Also, previous research demonstrated that perceived enjoyment was found to be positively related to 
intentions to use social media (Coa & Setiawan, 2017). There is a positive relationship between perceived enjoyment and 
intention to use Facebook. This may be due to the different fun features provided by Facebook, such as the different apps, 
reviews, and online games (Praveena & Thomas, 2014). Moreover, another research claimed that perceived enjoyment has 
the biggest influence on intention to use Snapchat and Instagram, in which it was suggested that perceived enjoyment is the 
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most important factor that users seek in social media (Coa & Setiawan, 2017). However, to the best of our knowledge, no 
studies examined such variables in the context of TikTok. Hence, further investigation of the relationship between PE and 
behavioral intentions to use TikTok is warranted. Therefore, the following hypothesis is suggested: 

H3: Perceived enjoyment has a significant positive influence on the intention to use TikTok. 
 
3.4. Sense of Belonging (SOB) 
 

A sense of belonging is defined as “the psychological state of being part of the community in online social media” (Cheung 
et al., 2011). Also, a sense of belonging was described as “the experience of personal involvement in a system or environment, 
so that persons feel themselves an integral part of that system or environment” (Anant, 1967). Also, it was defined as “the 
extent to which an individual feel included, respected, accepted and supported by others in different social contexts” 
(Baumeister & Leary, 1995). Moreover, for the current research, a sense of belonging is viewed as the psychological state of 
being part of the TikTok online community. Most of the relevant studies considered a sense of belonging as an important 
variable that leads to increasing the intention to use social media (Yang & Lin, 2014). For example, it was stated that only by 
feeling comfortable with the site, users can start contributing, which in turn means that a sense of belonging positively affects 
intentions (Hsu et al., 2006). Moreover, (Liu & Guo, 2015) concluded that members' involvement and their sense of belonging 
are the main factors of the site's success. Also, providing high-quality services that are easy to use, trustworthy, and provide 
value to users is not enough for social media website success, as websites also need to create a communal sense among 
members (Yang & Lin, 2014). Furthermore, it was suggested that a sense of belonging is the main factor that influences a 
user's decision to continue using a social media site (Liu & Guo, 2015). Limited studies have discussed the influence of a 
sense of belonging within the context of social media adoption. It was studied in both social media usage and E-WOM (Chu 
et al., 2019). Previous research demonstrated that a sense of belonging was found to be positively related to the intention to 
use social media (Liu & Guo, 2015). For example, (Liu & Guo, 2015) suggested that there is a positive relationship between 
the intention to use a website and a sense of belonging since feeling comfortable with the website and enjoying being a 
member of it will enhance the intention to use it. However, to the best of our knowledge, no studies examined such variables 
in the context of TikTok. Hence, further investigation of the relationship between an SOB and behavioral intentions to use 
TikTok is warranted. Therefore, the following hypothesis is suggested: 

H4: Sense of belonging has a significant positive influence on the intention to use TikTok. 
 
3.5. User-generated Content (UGC) 
 

User-generated content is defined as “the content made publicly available over the Internet, which reflects a certain amount 
of creative effort and is created outside of professional routines and practices”(Vickery et al., 2005). Also, it was defined as 
“anything created by users of a website “(Cleary & Bloom, 2011). Furthermore, user-generated content was defined as “dis-
closed information only in the form of text posted by users on social media” (Vickery et al., 2005). For the current research, 
UGC is viewed as content that is publicly available on the TikTok application and created by TikTok end-users in a creative 
effort. Most of the relevant studies considered UGC as an important variable, as it enhances the intentions to use social media 
(Bahtar & Muda, 2016). For example, prior research stated that content generated by others will enhance the intention. More-
over, consumers would be convinced and have more intention after they have read all the information generated by other users 
(Horst et al., 2007). It is suggested by previous research that users trust the content generated by other users (Mir & Rehman, 
2013). Also, people who contribute to writing content on social media are more emotionally involved in it.  

Behavioral intention is defined as “the perception of an individual towards the performance of an individual of a specific 
behavior” (Fishbein & Ajzen, 1975). Also, it was defined as “the degree to which users intend to reuse the e-learning system 
or increase their use of it in the future” (Li et al., 2012). Moreover, a behavioral intention was defined as “a person’s subjective 
probability that he or she will perform some behavior” (Mamman et al., 2016). Behavioral intention is a function of three 
factors; consumer attitude which is a person’s perception of intentions to use social media, a subjective norm which is the 
social influence that affects the intentions to use social media, and perceived behavioral control which is the belief about 
having the opportunities to use social media (M. Tan & Teo, 2000). For the current research, BI is viewed as the degree to 
which users intend to reuse TikTok or increase their use of it in the future. 

Previous research demonstrated that user-generated content was found to be positively related to the intention to use social 
media (Bahtar & Muda, 2016). This positive relationship is because users perceive user-generated content as more credible 
and trustworthy. The shared content in user-generated content is based on consumers’ own experiences. Therefore, it is proven 
to be seen as more transparent, useful, and unbiased by users (Jonas, 2010; Verhellen & De Pelsmacker, 2013). Previous 
research examined UGC within the context of buying intentions (Malthouse et al., 2016), E-WOM (Owusu, 2019), and en-
gagement behavior. However, limited studies examined user-generated content in the context of social media, and to the best 
of our knowledge, no studies examined such variables in the context of TikTok. Hence, further investigation of the relationship 
between UGC and behavioral intention to use TikTok is warranted. Therefore, the following hypothesis is suggested: 

H5: User-generated content has a significant positive influence on the intention to use TikTok. 
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The appraisal of the former literature rivers from the core purpose of this research, which is studying the adoption of TikTok 
application using TAM model. To better understand the relationship between all the variables of the current study, a theoretical 
framework has progressed to establish the structure of this research. Correspondingly, the emphasis is on the variables influ-
encing the adoption of TikTok (perceived usefulness, perceived ease of use, perceived enjoyment, sense of belonging, and 
user-generated content) and their impact on the TikTok users. Accordingly, the researchers would be able to answer the 
research question: To what extent do TAM original and extended factors influence the adoption of TikTok application. 
 

 
 

Fig. 1. Research Model 
4. Methodology  
 
The researchers used a quantitative approach for the methodology, as it facilitates the processing and analysis of large volumes 
of data (Basias & Pollalis, 2018). The quantitative research method is defined as a method that collects and analyzes data that 
is numerical and can be measured mathematically (Kabir, 2016). The choice of quantitative research stems from its large 
number of advantages. First, the results are numerical, therefore are representing facts, and are not influenced by personal 
feelings or opinions. Furthermore, the quantitative findings are likely to be generalized to a whole population or a sub-popu-
lation, because they involve a larger sample, which is randomly selected (Rahman, 2016). Also, quantitative research ap-
proaches allow easier comparison of data (Basias & Pollalis, 2018). A survey method was used due to its various advantages 
(Alryalat et al., 2016). According to (Nayak & Narayan, 2019), online surveys can be distributed at the lowest cost and in a 
very short period. In addition to that, convenience is an important advantage for online surveys, since participants can answer 
the survey wherever and whenever they want. Moreover, (Rice et al., 2017) suggested that internet-based surveys provide 
access to a huge number of participants who might not be accessible to researchers. Also, internet-based surveys can be 
collected easily and quickly. 
 
4.1. Survey Design and Development 
 
In the current study, a closed-ended survey was chosen to collect the data, test the relationships among the study variables 
and examine the hypotheses of the research.  The design of the survey was done through Google Forms, suitable for sending 
short questionnaires, as well as organizing and preparing them for analysis in the form of a spreadsheet (Nayak & Narayan, 
2019). It was spread through different social media networks, such as Instagram, Facebook, and various WhatsApp groups. 
The current research survey contains 25 questions, where the first section included two demographic questions asking about 
the gender and age of the participants and the questions were proposed as multiple-choice questions. The second section 
contained the questions about the variables. All the questions were answered using a five-point Likert scale ranging from 
Strongly Agree at a point of 1 to Strongly Disagree at a point of 5. The constructs of the research are as follows: Intention to 
use social media was measured by four items derived from (Dhume et al., 2012). Perceived usefulness was measured 
through five items derived from (Rauniar et al., 2014) and (Liao et al., 2008). Perceived ease of use was measured by four 
items derived from (Rauniar et al., 2014). Perceived enjoyment was measured using five items derived from (Liao et al., 
2008). Sense of belonging was measured through 3 items derived from (Liu & Guo, 2015). Finally, user-generated content 
was measured by using four items derived from (Sadek et al., 2018). 
 
4.2. Population and Sampling 
 
The research uses a quantitative approach, which has been selected using an online survey. The population of this research 
consisted of TikTok users in Jordan, including males and females of certain age groups. Sampling has been defined as the 
method of selecting an appropriate sample, or part of a population, to determine the parameters or characteristics of the entire 
population (Mujere, 2016). Sampling methods vary according to the research aim. For the current research, the judgmental 
sampling method is used, as it is the most common sampling technique that helps researchers select the most relevant and 
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productive sample for the survey (Bernard, 2006). Regarding the size of the sample, the (10/15) rule was used. According to 
(Roscoe, 1975), the sample size should preferably be 10 times or more as large as the number of variables in the study. 
Accordingly, the sample size of this research is 255 which is the preferable size, because multiplying 10 by 25 yields 250 as 
25, is the number of the questions included in the survey, which indicates that 255 is more than 250, meaning that the sample 
size is valid. 
 
5. Data Analysis and Results 
 
For efficient purposes, AMOS software was used. (Kevin Gray, 2017) stated that AMOS is the most widely used software 
grounded on the base of SPSS software that analyzes data based on SEM (structural equation modeling) and CFA (confirm-
atory factor analysis). This software enabled the reliable measurement of the study’s results. The researchers used SPSSv26 
and AMOSv21 to analyze the data. Also, 255 responses were collected using descriptive analysis as well as inferential statis-
tics. 
 
5.1. Internal Consistency and Convergent Validity 
 
Factor analysis was conducted to justify the scales of different variables used in this study. Varimax rotation was used in this 
research as well as the principal component analysis (PCA) extraction method (Sekaran & Bougie, 2016). Moreover, factor 
loadings for all the questions are above 0.70, which reflects a high correlation between each variable and its questions. Fur-
thermore, the average variance extracted (AVE) was calculated and all the results were greater than the accepted percent 
which is 0.60 (Hair et al., 2010). Also, scale reliability was tested by using composite reliability (CR) and Cronbach’s alpha. 
Through Cronbach's alpha, the reliability coefficient was 0.959 for all the items within the study. The alpha was greater than 
0.60, which indicates that the tool consistency is suitable for use in the study. Also, the results of composite reliability (CR) 
were greater than the accepted percentage which is 0.70 (Hair et al., 2010). Internal consistency and convergent results are 
shown in Table 1 below. 
 
Table 1  
Internal Consistency and Convergent Validity 

Perceived usefulness Factor loading The average variance extracted 
(AVE) 

Composite reliability 
(CR) 

Cronbach’s alpha 

v1 0.862 

0.799 0.952 0.937 v2 0.883 
V3 0.912 
V4 0.910 
V5 0.903 

Perceived ease of use Factor loading The average variance extracted Composite reliability Cronbach’s alpha 
V6 0.811 

0.728 0.914 0.87 V7 0.890 
V8 0.831 
V9 0.878 

Perceived enjoyment Factor loading The average variance extracted Composite reliability Cronbach’s alpha 
V10 0.921 

0.87 0.971 0.963 V11 0.905 
V12 0.949 
V13 0.942 
V14 0.948 

Sense of belonging Factor loading The average variance extracted Composite reliability Cronbach’s alpha 
V15 0.944 0.867 0.951 0.923 
V16 0.930 
V17 0.919 

User-generated content Factor loading The average variance extracted Composite reliability Cronbach’s alpha 
V18 0.915 

0.833 0.952 0.933 V19 0.927 
V20 0.911 
V21 0.897 

Adoption of TikTok Factor loading The average variance extracted Composite reliability Cronbach’s alpha 
V22 0.907 

0.823 0.95 0.929 V23 0.891 
V24 0.928 
V25 0.908 

 
5.2. Demographic Data 
 
Descriptive analysis (frequency and percentage) was used to describe the sample characteristics. 
Table 2 reveals that 63.1 percent of the sample are females, while the rest are males, and 54.9 % of the sample were aged 19-
25 years, compared to 7.5 % aged 26-30 years. 
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Table 2  
Analysis of Demographic Data 

Dimension Frequency Percent 

Gender 

 1 0.4 
Female 161 63.1 
Male 93 36.5 
Total 255 100.0 

Age 

 1 0.4 
   13-18 95 37.3 

19-25 140 54.9 
26-30 19 7.5 
Total 255 100.0 

 
5.3. Descriptive Statistics 
 
Means and standard deviations were used to describe the attitudes toward the survey questions. The researchers defined five 
categories to determine the agreement of the sample members on each variable, as follows (Ringle et al., 2014): If the arith-
metic means has a value between 1 and 1.79, the result of the axis is "Strongly Disagree". If the value is between 1.80 and 
2.59, the result of the axis is “Disagree". If the value is between 2.60 and 3.39, the result of the axis is “Neutral". If the value 
is between 3.40 and 4.20, the result of the axis is “Agree". If the value is between 4.21 and 5, the result of the axis is “Strongly 
Agree". Table (3) reflects the means and standard deviations of the questionnaire statements, as answered by the respondents. 
The analysis revealed that the respondents had negative attitudes towards questionnaire statements related to TikTok applica-
tion, given that all statements scored below the 3.00 scale mean and were considered statistically negative with the exception 
q23, which indicates a positive attitude because its mean exceeds 3.00. 
 
Table 3  
Descriptive Statistics 

Item Mean Std. deviation 
q1 3.608 1.424 
q2 3.659 1.388 
q3 3.749 1.420 
q4 3.790 1.411 
q5 3.776 1.475 

Usefulness 3.717 1.272 
q6 2.647 1.493 
q7 2.271 1.317 
q8 1.851 1.127 
q9 2.094 1.270 

Ease 2.216 1.110 
q10 2.020 1.341 
q11 2.310 1.311 
q12 2.138 1.398 
q13 2.220 1.433 
q14 2.224 1.426 

Enjoyment 2.182 1.289 
q15 3.533 1.457 
q16 3.316 1.562 
q17 3.663 1.429 

Belonging 3.505 1.382 
q18 2.722 1.343 
q19 2.791 1.244 
q20 2.601 1.226 
q21 2.688 1.225 

Content 2.702 1.148 
q22 2.972 1.418 
q23 3.052 1.423 
q24 2.961 1.368 
q25 2.681 1.410 

Adoption 2.914 1.274 
 
5.4. Validation of Model 
 
Before starting with the structural analysis, the proposed study model must be validated by a set of indicators to check its 
suitability. The results in Table 4 show that the model indicators have not passed the values recommended by the relevant 
references. However, discriminant validity must be tested by contrasting and comparing the correlation coefficients of the 
constructs and the square roots of AVE, which enables the researchers to use the results generated from the study model and 
disseminate them correctly in the study community. 
Table 4  
Model Fitness 
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Indicator AGFI χ2/df GFI RMSEA CFI NFI 
Value Recommended > 0.8 < 5 > 0.90 ≤0.10 > 0.9 > 0.9 

References (Shevlin & Miles, 
1998) 

(Tabachnick & Fidell, 
2007) 

(Shevlin & 
Miles, 1998) 

(MacCallum et al., 
1996) 

(Hu & Bentler, 
1999) 

(Hu & 
Bentler, 1999) 

Value of the Model 0.887 4.819 0.908 0.091 0.914 0.921 
 
5.5. Discriminant validity 
 
It has suggested that AVE values should be greater than the absolute values of the standard correlation coefficients (Fornell 
& Larcker, 1981). 
 
Table 5  
Discriminant Validity (Correlations) 

 Usefulness Ease Enjoyment Belonging Content 
 AVE 0.799 0.728 0.87 0.867 0.833 

Ease Pearson Correlation 0.231**     
Enjoyment Pearson Correlation 0.264** 0.742**    
Belonging Pearson Correlation 0.836** 0.267** 0.416**   
Content Pearson Correlation 0.434** 0.722** 0.735** 0.463**  

Correlation is significant at the 0.01 level (2-tailed). 

5.6. Testing the Hypotheses 
 
The researchers depended on structural equation analysis to test the research hypotheses. A hypothesis will be accepted if the 
p-value is less than 0.05. Also, (R²) will explain the variance in the dependent variable. 
 
Table 6  
The Results of Testing the Research Hypotheses 

   Path Coefficient (β) T-value p r2 Decision 
adoption ← Usefulness 0.164 2.326 0.020 

0.478 

Accepted 
adoption ← Ease 0.199 3.595 0.000 Accepted 
adoption ← Enjoyment 0.321 4.333 0.001 Accepted 
adoption ← Belonging 0.222 3.164 0.002 Accepted 
adoption ← Content 0.597 13.597 0.000 Accepted 

 

H1: Perceived usefulness has a significant positive influence on the intention to use TikTok. This hypothesis is accepted (β = 
0.164; p < 0.05; = 0.020). This means that perceived usefulness has a significant positive influence on the intention to use 
TikTok. 

H2: Perceived ease of use has a significant positive influence on the intention to use TikTok. This hypothesis is accepted (β = 
0.199; p < 0.05; = 0.000). This means that perceived ease of use has a significant positive influence on the intention to use 
TikTok. 

H3: Perceived enjoyment has a significant positive influence on the intention to use TikTok. This hypothesis is accepted (β 
=.321; p >0.05; = 0.001. This means that perceived enjoyment has a significant positive influence on the intention to use 
TikTok. 

H4: Sense of belonging has a significant positive influence on the intention to use TikTok. This hypothesis is accepted (β = 
0.222; p < 0.05; = 0.002). This means that sense of belonging has a significant positive influence on the intention to use 
TikTok. 

H5: User-generated content has a significant positive influence on the intention to use TikTok. This hypothesis is accepted (β 
= 0.597; p < 0.05; = 0.000). This means that user-generated content has a significant positive influence on the intention to use 
TikTok. 

Also, R2 = 0.478, which means that the independent variables explain 47.8% of the variance in the intention to use TikTok. 

 
6. Results and discussion 
 

The objective of the current research is to examine the effect of perceived usefulness, perceived ease of use, perceived enjoy-
ment, sense of belonging, and user-generated content on the adoption of TikTok application, using the TAM model. The 
theoretical framework is fundamentally based on the technology acceptance model as suggested by (Davis, 1986) since it 
encompasses two main factors which are perceived usefulness and perceived ease of use. The TAM theory was constructed 
into the model on the ground of being the most used and influential theory in the context of this research. Quantitative research 
has been applied as a methodological approach and was successfully carried out through an online survey, gathering a total 
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of 255 filled surveys to test the applicability of the developed research model. When representing social-media adoption, five 
independent variables have been concluded in the theoretical framework, all of which directly impact the intention to use 
TikTok.  

According to (Al-Azawei, 2018), the in-hand variables have been approved to affect the intention to use social media. Moving 
forward, user-generated content ranked the highest coefficient in impacting the intention to use social media (β = 0.597), 
followed by perceived enjoyment (β=0.321). The next variable, sense of belonging, scored (β = 0.222), followed by perceived 
usefulness (β = 0.164). Lastly, perceived ease of use ranked the lowest effect on the intention to use social media (β = 0.199). 
Perceived usefulness was suggested to have a significant influence on intention to use TikTok as indicated in H1 and based 
on the current research data analysis, a positive impact of perceived usefulness on intention to use social media has been found 
and therefore, H1 has been accepted. This result is consistent with several previous studies in which perceived usefulness has 
proven to impact the intention to use social media (Al-Azawei, 2018). In terms of perceived ease of use, it was positively 
accepted to have an impact on intention to use TikTok as indicated in H2, and based on the current research data analysis, a 
positive impact of perceived ease of use on intention to use social media has been found and therefore, H2 has been accepted. 
Moreover, this result is consistent with several previous studies in which perceived ease of use has proven to impact the 
intention to use social media (Al-Azawei, 2018). Regarding perceived enjoyment, H3 was accepted, which leads to the inter-
pretation that perceived enjoyment has a direct positive relationship with the intention to use social media. Moreover, this 
result is consistent with several previous studies in which it is logical to correlate the intention to use social media to perceived 
enjoyment (Agrebi & Jallais, 2015). According to the data analysis regarding the sense of belonging, H4 was accepted, which 
leads to the interpretation that a sense of belonging has a direct and positive relationship with the intention to use social media. 
Moreover, this result is consistent with several previous studies in which a sense of belonging has proven to impact the 
intention to use social media (Liu & Guo, 2015). Finally, due to the data analysis regarding UGC, H5 was accepted, which 
leads to the interpretation that UGC has a direct and positive relationship with the intention to use social media. Moreover, 
this result is consistent with several previous studies in which UGC has proven to impact the intention to use social media 
(Bahtar & Muda, 2016). 
 
7. Conclusion  
 
To conclude, the current research aims to understand the impact of perceived usefulness, perceived ease of use, perceived 
enjoyment, sense of belonging, and user-generated content on the adoption of TikTok application, using TAM model. After 
reviewing the existing literature, a lack of literature regarding the examination of some variables within the context of social 
media adoption was found. Therefore, an extended TAM model was developed by adding perceived enjoyment, a sense of 
belonging, and user-generated content. According to an online survey that was spread through different social media networks, 
such as Instagram, Facebook, and various WhatsApp groups, among TikTok users in Jordan including males and females of 
certain age groups and analyzed using AMOS. The variables were found to have positive impacts on the intention to use 
TikTok. The model that has been developed for the current study assists in finding positive relationships between perceived 
usefulness, perceived ease of use, perceived enjoyment, sense of belonging, and user-generated content with the dependent 
factor, adoption of social media. All of the mentioned factors were previously studied, but not in the context of TikTok. Also, 
they haven’t been studied combined in one study. Therefore, the purpose of this research was to fill the gaps existing in the 
reviewed literature. Moreover, regarding the marketing industry, this research will help marketers in knowing the best way to 
engage their customers with their brand, the type of content that grabs the users’ attention, the best way to build relationships 
between the brand and customers, and eventually how to effectively reach their relevant customers. Limitations and Future 
Studies: The current research faced multiple limitations. First, the most important limitation was the limited studies concerning 
the research context, since it was hard to find a lot of related information in the existing literature. Secondly, location limitation 
was faced, as it was only applied to Jordanian culture. However, future studies will look into other cultures and regions. 
Thirdly, a quantitative methodology was used in this research. However, future research could use a qualitative methodology 
to get a better understanding of users’ thoughts and opinions. 
 
References 
 
Abdullah, F., Ward, R., & Ahmed, E. (2016). Investigating the influence of the most commonly used external variables of 

TAM on students’ Perceived Ease of Use (PEOU) and Perceived Usefulness (PU) of e-portfolios. Computers in Human 
Behavior, 63, 75–90. https://doi.org/10.1016/j.chb.2016.05.014 

Agrebi, S., & Jallais, J. (2015). Explain the intention to use smartphones for mobile shopping. Journal of Retailing and 
Consumer Services, 22(2015), 16–23. https://doi.org/10.1016/j.jretconser.2014.09.003 

Ajzen, I. (1985). From Intentions to Actions: A Theory of Planned Behavior. In Action Control (p. 29 pages). Springer-Verlag 
Berlin Heidelberg 1985. https://doi.org/10.1007/978-3-642-69746-3_2 

Ajzen, I. (1991). The theory of planned behavior. Organizational Behavior and Human Decision Processes.The theory of 
planned behavior. In Organizational Behavior and Human Decision Processes (Vol. 50, Issue 2, pp. 1–11). 

Akar, E., & Mardikyan, S. (2014). Analyzing factors affecting users ’ behavior intention to use social media: Twitter. 
International Journal of Business and Social Science, 5(11(1)), 85–95. 

Akman, I. (2014). Exploring Adoption of Social Media Commerce Using Extended Theory of Planned Behaviour. 
International Conference on Economics, Education and Humanities, 237–240. https://doi.org/10.15242/icehm.ed1214034 



M. Al-Khasawneh et al. / International Journal of Data and Network Science 6 (2022) 1399

Al-Azawei, A. (2018). Predicting the adoption of social media: An integrated model and empirical study on Facebook usage. 
Interdisciplinary Journal of Information, Knowledge, and Management, 13, 233–258. https://doi.org/10.28945/4106 

Al-Azawei, A., & Lundqvist, K. (2015). Learner differences in perceived satisfaction of an online learning: An extension to 
the technology acceptance model in an arabic sample. Electronic Journal of E-Learning, 13(5), 408–426. 

Al-Qaysi, N., Mohamad-Nordin, N., & Al-Emran, M. (2020). A Systematic Review of Social Media Acceptance From the 
Perspective of Educational and Information Systems Theories and Models. Journal of Educational Computing Research, 
57(8), 1–25. https://doi.org/10.1177/0735633118817879 

Alryalat, M. A. A., Rana, N. P., Sarma, H. K. D., & Alzubi, J. A. (2016). An empirical study of facebook adoption among 
young adults in a Northeastern State of India: Validation of extended technology acceptance model (TAM). Lecture Notes 
in Computer Science (Including Subseries Lecture Notes in Artificial Intelligence and Lecture Notes in Bioinformatics), 
9844 LNCS, 206–218. https://doi.org/10.1007/978-3-319-45234-0_19 

Alzahrani, A. I., Mahmud, I., Ramayah, T., Alfarraj, O., & Alalwan, N. (2017). Extending the theory of planned behavior 
(TPB) to explain online game playing among Malaysian undergraduate students. Telematics and Informatics, 34(4), 239–
251. https://doi.org/10.1016/j.tele.2016.07.001 

Anant, S. S. (1967). Beliningness and Mental Health: Some Research Findings. Acta Psychologica, 26(1967), 391–396. 
Appel, G., Grewal, L., Hadi, R., & Stephen, A. T. (2020). The future of social media in marketing. Journal of the Academy 

of Marketing Science, 48(1). https://doi.org/10.1007/s11747-019-00695-1 
Bahtar, A. Z., & Muda, M. (2016). The Impact of User – Generated Content (UGC) on Product Reviews towards Online 

Purchasing – A Conceptual Framework. Procedia Economics and Finance, 37(2016), 337–342. 
https://doi.org/10.1016/s2212-5671(16)30134-4 

Basias, N., & Pollalis, Y. (2018). Quantitative and Qualitative Research in Business & Technology: Justifying a Suitable 
Research Methodology. Review of Integrative Business and Economics Research, 7(1), 91–105. 

Bataineh, A. Q., Al-Abdallah, G. M., & Alkharabsheh, A. M. (2015). Determinants of Continuance Intention to Use Social 
Networking Sites SNS’s: Studying the Case of Facebook. International Journal of Marketing Studies, 7(4), 121–135. 
https://doi.org/10.5539/ijms.v7n4p121 

Baumeister, R. F., & Leary, M. R. (1995). The Need to Belong: Desire for Interpersonal Attachments as a Fundamental 
Human Motivation. Psychological Bulletin, 117(3). https://doi.org/10.1037/0033-2909.117.3.497 

Bernard, H. R. (2006). Research methods in anthropology: qualitative and quantitative approaches (4nd edition). In AltaMira 
Press. 

Bristy, J. F. (2016). Factors Affecting the Adoption of Social Network: A Study of Facebook Users in Bangladesh. The Journal 
of Social Media in Society, 5(1), 23. http://thejsms.org/index.php/TSMRI/article/view/128/68 

Castañeda, J. A., Frías, D. M., Muñoz-Leiva, F., & Rodríguez, M. A. (2007). Extrinsic and intrinsic motivation in the use of 
the internet as a tourist information source. Sciences-New York, 4(1), 37–52. 

Cheung, C. M. K., Chiu, P. Y., & Lee, M. K. O. (2011). Online social networks: Why do students use facebook? Computers 
in Human Behavior, 27(4), 1337–1343. https://doi.org/10.1016/j.chb.2010.07.028 

Ching-Ter, C., Hajiyev, J., & Su, C. R. (2017). Examining the students’ behavioral intention to use e-learning in Azerbaijan? 
The General Extended Technology Acceptance Model for E-learning approach. Computers and Education, 111, 128–143. 
https://doi.org/10.1016/j.compedu.2017.04.010 

Chu, S. C., Lien, C. H., & Cao, Y. (2019). Electronic word-of-mouth (eWOM) on WeChat: examining the influence of sense 
of belonging, need for self-enhancement, and consumer engagement on Chinese travellers’ eWOM. International Journal 
of Advertising, 38(1), 26–49. https://doi.org/10.1080/02650487.2018.1470917 

Coa, V. V., & Setiawan, J. (2017). Analyzing Factors Influencing Behavior Intention to Use Snapchat and Instagram Stories. 
International Journal of New Media Technology, 4(2), 75–80. https://doi.org/10.31937/ijnmt.v4i2.783 

Davis, F. D. (1986). A technology acceptance model for empirically testing new end-user information systems: Theory and 
results [Dissertation]. Doctoral Dissertation, Massachusetts Institute of Technology. 

Davis, F. D. (1989). Technology Acceptance Model: Origins. In Information Systems,. 
Davis, F. D., Bagozzi, R. P., Warshaw, P. R., Bagoz, R, P., & Paul, R. (1989). User Acceptance of Computer Technology: A 

Comparison of Two Theoretical Models. Management Science, 35(8), 982–1003. https://doi.org/10.1287/mnsc.35.8.982 
Dhume, S. M., Pattanshetti, M. Y., Kamble, S. S., & Prasad, T. (2012). Adoption of social media by business education 

students: Application of Technology Acceptance Model (TAM). Proceedings - 2012 IEEE International Conference on 
Technology Enhanced Education, ICTEE 2012, 10 pages. https://doi.org/10.1109/ICTEE.2012.6208609 

Elkaseh, A. M., Wong, K. W., & Fung, C. C. (2016). Perceived Ease of Use and Perceived Usefulness of Social Media for e-
Learning in Libyan Higher Education: A Structural Equation Modeling Analysis. International Journal of Information 
and Education Technology, 6(3), 192–199. https://doi.org/10.7763/ijiet.2016.v6.683 

Fishbein, M., & Ajzen, I. (1975). Strategies of Change: Active Participation. In Belief, attitude, intention, and behavior: An 
introduction to theory and research. 

Fornell, C., & Larcker, D. F. (1981). Evaluating Structural Equation Models with Unobservable Variables and Measurement 
Error. Journal of Marketing Research, 18(1), 39. https://doi.org/10.2307/3151312 

Hair, J. F., Black, W. C., Babin, B. J., & Anderson, R. E. (2010). Multivariate data analysis, 7th ed. Prentice Hall, New Jersey. 
Technometrics, 15(3). 

Harsono, L. D., & Suryana, L. A. (2014). Factors Affecting the Use Behavior of Social Media Using UTAUT 2 Model. 
Proceedings of the First Asia-Pacific Conference on Global Business, Economics, Finance and Social Sciences, August. 



 1400

Horst, M., Kuttschreuter, M., & Gutteling, J. M. (2007). Perceived usefulness, personal experiences, risk perception and trust 
as determinants of adoption of e-government services in The Netherlands. Computers in Human Behavior, 23(4), 1838–
1852. https://doi.org/10.1016/j.chb.2005.11.003 

Hsu, M. H., Yen, C. H., Chiu, C. M., & Chang, C. M. (2006). A longitudinal investigation of continued online shopping 
behavior: An extension of the theory of planned behavior. International Journal of Human Computer Studies, 64(9), 889–
904. https://doi.org/10.1016/j.ijhcs.2006.04.004 

Hu, L. T., & Bentler, P. M. (1999). Cutoff criteria for fit indexes in covariance structure analysis: Conventional criteria versus 
new alternatives. Structural Equation Modeling, 6(1), 1–55. https://doi.org/10.1080/10705519909540118 

Hutchinson, A. (2020). The Top 10 Facebook Stats for 2020 [Infographic]. Social Media Today. 
https://www.socialmediatoday.com/news/the-top-10-facebook-stats-for-2020 infographic/571167/ 

Ifinedo, P. (2018). Determinants of students’ continuance intention to use blogs to learn: an empirical investigation. Behaviour 
and Information Technology, 37(4), 1–12. https://doi.org/10.1080/0144929X.2018.1436594 

Igbaria, M., Iivari, J., & Maragahh, H. (1995). Why do individuals use computer technology? A Finnish case study. 
Information and Management, 29(5), 227–238. https://doi.org/10.1016/0378-7206(95)00031-0 

Jonas, J. R. O. (2010). Source credibility of company-produced and user-generated content on the internet : an exploratory 
study on the Filipino youth. Philippine Management Review, 17, 121–132. 

Kabir, S. M. S. (2016). BASIC GUIDELINES FOR RESEARCH: An Introductory Approach for All Disciplines. In Book 
Zone Publication. Book Zone Publication. 
https://www.researchgate.net/publication/325846733_INTRODUCTION_TO_RESEARCH 

Kevin Gray, C. G. (2017). What is Structural Equation Modeling? Data Analysis, Market Research, Modeling, Psychology. 
KDnuggets. https://www.kdnuggets.com/2017/03/structural-equation-modeling.html 

Lane, M., & Coleman, P. (2012). Technology ease of use through social networking media. Journal of Technology Research, 
1–12. http://ww.w.aabri.com/manuscripts/11758.pdf 

Lee, Y., Lee, J., & Hwang, Y. (2015). Relating motivation to information and communication technology acceptance: Self-
determination theory perspective. Computers in Human Behavior, 51(PA), 418–428. 
https://doi.org/10.1016/j.chb.2015.05.021 

Li, Y., Duan, Y., Fu, Z., & Alford, P. (2012). An empirical study on behavioural intention to reuse e-learning systems in rural 
China. British Journal of Educational Technology, 43(6), 933–948. https://doi.org/10.1111/j.1467-8535.2011.01261.x 

Liao, C.-H., Tsou, C.-W., & Shu, Y. (2008). The roles of perceived enjoyment and price perception in determining acceptance 
of multimedia-on-demand. International Journal of Business and Information, 3(1), 27–52. 

Lin, K. Y., & Lu, H. P. (2011). Intention to continue using facebook fan pages from the perspective of social capital theory. 
Cyberpsychology, Behavior, and Social Networking, 14(10), 565–570. https://doi.org/10.1089/cyber.2010.0472 

Liu, C.-T., & Guo, Y. M. (2015). The Role of Sense of Belonging in Social Media Usage: A Tale of Two Types of Users. 
Asia Pacific Journal of Information Systems, 25(2), 403–422. https://doi.org/10.14329/apjis.2015.25.2.403 

Lorenzo-Romero, C., Constantinides, E., & Alarcón-del-Amo, M. del C. (2011). Consumer adoption of social networking 
sites: Implications for theory and practice. Journal of Research in Interactive Marketing, 5(2), 170–188. 
https://doi.org/10.1108/17505931111187794 

Lu, J., Liu, C., Yu, C. S., & Wang, K. (2008). Determinants of accepting wireless mobile data services in China. Information 
and Management, 45(1), 52–64. https://doi.org/10.1016/j.im.2007.11.002 

MacCallum, R. C., Browne, M. W., & Sugawara, H. M. (1996). Power analysis and determination of sample size for 
covariance structure modeling. Psychological Methods, 1(2), 130–149. https://doi.org/10.1037/1082-989X.1.2.130 

Malthouse, E. C., Calder, B. J., Kim, S. J., & Vandenbosch, M. (2016). Evidence that user-generated content that produces 
engagement increases purchase behaviours. Journal of Marketing Management, 32(5–6). 
https://doi.org/10.1080/0267257X.2016.1148066 

Mamman, M., Ogunbado, A. F., & Abu-bakr, A. S. (2016). Factors Influencing Customer’s Behavioral Intention to Adopt 
Islamic Banking in Northern Nigeria: a Proposed Framework. Journal of Economics and Finance, 7(1), 51–55. 

McKenzie, P. J., Burkell, J., Wong, L., Whippey, C., Trosow, S. E., & McNally, M. (2012). User-generated online content 1: 
Overview, current state and context. First Monday, 17(6). https://doi.org/10.5210/fm.v17i6.3912 

Mir, I. A., & Rehman, K. U. (2013). Factors Affecting Consumer Attitudes and Intentions toward User-Generated Product 
Content on Youtube. Management & Marketing, 8(4), 637-654. 

Mohsin, M. (2020). Instagram statistics everyone should know in 2020 [Infographic]. Oberlo. 
https://www.oberlo.com/blog/instagram-stats-every-marketer-should-know 

Moon, J. W., & Kim, Y. G. (2001). Extending the TAM for a World-Wide-Web context. Information and Management, 38(4), 
217–230. https://doi.org/10.1016/S0378-7206(00)00061-6 

Mujere, N. (2016). Sampling in Research (pp. 107–121). IGI. https://doi.org/10.4018/978-1-5225-0007-0.ch006 
Nayak, M., & Narayan, K. A. (2019). Strengths and Weakness of Online Surveys. IOSR Journal of Humanities and Social 

Sciences (IOSR-JHSS), 24(5). 
Owusu, A. Y. (2019). Social Contexts of Living with HIV/AIDS in the Eastern Region of Ghana. İstanbul Üniversitesi 

Sosyoloji Dergisi, 39(2), 425–454. https://doi.org/10.26650/sj.2019.39.2.0109 
Park, Y., Son, H., & Kim, C. (2021). Investigating the determinants of construction professionals’ acceptance of web-based 

training: An extension of the technology acceptance model. Automation in Construction, 22(2012), 377–386. 
https://doi.org/10.1016/j.autcon.2011.09.016 



M. Al-Khasawneh et al. / International Journal of Data and Network Science 6 (2022) 1401

Pedersen, P. E., Nysveen, H., & Thorbjørnsen, H. (2002). Adoption of Mobile Services. Model Development and Cross-Service 
Study. 

Peslak, A., Ceccucci, W., & Sendall, P. (2012). An Empirical Study of Social Networking Behavior Using Theory of Reasoned 
Action. Journal of Information Systems Applied Research (JISAR), 5(3), 12–23. 

Praveena, K., & Thomas, S. (2014). Continuance Intention to Use Facebook: A Study of Perceived Enjoyment and TAM. 
Bonfring International Journal of Industrial Engineering and Management Science, 4(1), 24–29. 
https://doi.org/10.9756/bijiems.4794 

Rababah, K. A., Khasawneh, M., & Nassar, B. (2017). Factors affecting university students’ intention to use cloud computing 
in Jordan. International Journal of Web-Based Learning and Teaching Technologies, 12(1). 
https://doi.org/10.4018/IJWLTT.2017010104 

Rahman, M. S. (2016). The Advantages and Disadvantages of Using Qualitative and Quantitative Approaches and Methods 
in Language “Testing and Assessment” Research: A Literature Review. Journal of Education and Learning, 6(1), 102–
112. https://doi.org/10.5539/jel.v6n1p102 

Rauniar, R., Rawski, G., Yang, J., & Johnson, B. (2014). Technology acceptance model (TAM) and social media usage: An 
empirical study on Facebook. Journal of Enterprise Information Management, 27(1), 6–30. https://doi.org/10.1108/JEIM-
04-2012-0011 

Rice, S., Winter, S. R., Doherty, S., & Milner, M. (2017). Advantages and Disadvantages of Using Internet-Based Survey 
Methods in Aviation-Related Research. Journal of Aviation Technology and Engineering, 7(1), 59–65. 
https://doi.org/10.7771/2159-6670.1160 

Ringle, C. M., Sarstedt, M., & Schlittgen, R. (2014). Genetic algorithm segmentation in partial least squares structural 
equation modeling. OR Spectrum, 36(1). https://doi.org/10.1007/s00291-013-0320-0 

Roscoe, J. T. (1975). Fundamental Research Statistics for The Behavioural Sciences (2nd Edition). In Holt Rinehart & 
Winston, New York. 

Sadek, H., Elwy, S., & Eldallal, M. (2018). The impact of social media brand communication on consumer-based brand equity 
dimensions through Facebook in fast moving consumer goods: The case of Egypt. Journal of Business and Retail 
Management Research, 12(2), 107–120. https://doi.org/10.24052/jbrmr/v12is02/tiosmbcocbbedtfifmcgtcoe 

Sago, B. (2013). Factors influencing social media adoption and frequency of use: An examination of Facebook, Twitter, 
Pinterest and Google+. International Journal of Business and Commerce, 3(1). 

Saxena, K. (2020). Coronavirus Accelerates Pace of Digital Education in India. EdTech Review. 
Sekaran, U., & Bougie, R. (2016). Research Methods For Business: A Skill-Building Approach. 
Serrano, M., Carlos, J., Orestis, P., & Hegelich, S. (2020). Dancing to the Partisan Beat: A First Analysis of Political 

Communication on TikTok. WebSci 2020 - Proceedings of the 12th ACM Conference on Web Science, 157–166. 
https://doi.org/10.1145/3394231.3397916 

Shevlin, M., & Miles, J. N. V. (1998). Effects of sample size, model specification and factor loadings on the GFI in 
confirmatory factor analysis. Personality and Individual Differences, 25(1), 85–90. https://doi.org/10.1016/S0191-
8869(98)00055-5 

Sohn, S. (2017). A contextual perspective on consumers’ perceived usefulness: The case of mobile online shopping. Journal 
of Retailing and Consumer Services, 38. https://doi.org/10.1016/j.jretconser.2017.05.002 

Sun, H. M., Li, S. P., Zhu, Y. Q., & Hsiao, B. (2015). The effect of user’s perceived presence and promotion focus onusability 
for interacting in virtual environments. Applied Ergonomics, 50(2015), 126–132. 
https://doi.org/10.1016/j.apergo.2015.03.006 

Tabachnick, B. G., & Fidell, L. S. (2007). Using Multivariate Statistics (5th ed.). New York: Allyn and Bacon. In Studies in 
Nonlinear Dynamics and Econometrics (Vol. 20, Issue 1). 

Taherdoost, H. (2018). A review of technology acceptance and adoption models and theories. Procedia Manufacturing, 22, 
960–967. https://doi.org/10.1016/j.promfg.2018.03.137 

Tan, F. B., & Chung, J. (2005). Validating the extended Technology Acceptance Model: Perceived playfulness in the context 
of information-searching websites. ACIS 2005 Proceedings - 16th Australasian Conference on Information Systems, 2001. 

Tan, M., & Teo, T. S. H. (2000). Factors influencing the adoption of internet banking in Malaysia. Journal of Internet Banking 
and Commerce, 1(5), 1–42. 

Venkatesh, V., Morris, M., Davis, G., & Davis, F. (2003). TECHNOLOGY ACCEPTANCE MODEL - Research. MIS 
Quarterly. 

Verhellen, Y., & De Pelsmacker, P. (2013). Consumer responses to brands placed in youtube movies: The effect of 
prominence and endorser expertise. Journal of Electronic Commerce Research, 14(4). 

Vickery, G., Wunsch-Vincent, S., Beinisch, Y., Houghton, J., Kunin, C., & Paunov, C. (2005). ICT use in services and the 
growth of digital content services. In Enhancing the Performance of the Services Sector (Vol. 9789264010307). 
https://doi.org/10.1787/9789264010307-10-en 

Wadie, N., & Lanouar, C. (2012). An Exploration of Facebook.Com Adoption in Tunisia Using Technology Acceptance 
Model (TAM) and Theory of Reasoned Action (TRA). Interdisciplinary Journal of Contemporary Research In Business, 
4(5). 

Wirtz, B. W., & Göttel, V. (2016). Technology acceptance in social media: Review, synthesis and directions for future 
empirical research. Journal of Electronic Commerce Research, 17(2), 97–115. 

Yang, H. L., & Lin, C. L. (2014). Why do people stick to Facebook web site? A value theory-based view. Information 



 1402

Technology and People, 27(1), 21–37. https://doi.org/10.1108/ITP-11-2012-0130 
Zhao, Y., Tong, T., Li, G., Ma, S., & Wang, L. (2017). The impact of brand awareness and customer experience on the brand 

loyalty of MI. MATEC Web of Conferences, 100. https://doi.org/10.1051/matecconf/201710005025 
Zyoud, S. H., Sweileh, W. M., Awang, R., & Al-Jabi, S. W. (2018). Global trends in research related to social media in 

psychology: Mapping and bibliometric analysis. International Journal of Mental Health Systems, 12(1), 1–8. 
https://doi.org/10.1186/s13033-018-0182-6 

 
 

  

© 2022 by the authors; licensee Growing Science, Canada. This is an open access article distrib-
uted under the terms and conditions of the Creative Commons Attribution (CC-BY). license 
(http://creativecommons.org/licenses/by/4.0/). 

 


