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 The NanoMQL technique is used to overcome the limitations of wet grinding due to economic 
and ecological problems. The performance measure is largely influenced by the process parame-
ters such as table speed, depth of cut, air pressure, coolant flow rate and nanofluid concentration. 
In this paper, the performance of NanoMQL technique in terms of surface roughness was evalu-
ated for hard and soft EN31 steel. The Experiments were conducted by response surface method-
ology (RSM) using statistical software to develop regression model of surface roughness and op-
timization was carried out using Jaya algorithm. The result shows that lowest value of surface 
roughness was obtained for NanoMQL of hard steel in comparison with soft steel under grinding 
environments such as wet, MQL and NanoMQL. Hence to improve the performance of soft steel, 
the modeling and optimization of surface roughness were carried out. The significant parameters 
were considered for model development and validity of model determined through ANOVA 
(Analysis of variance). Lastly, the optimal values were determined using Jaya algorithm for min-
imum surface roughness and the percentage error observed to be close with the experimental test.  
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1. Introduction 
 
The proper selection of machining process is the prime requirement of manufacturing industries in to-
day’s scenario. The process should be economical and environment friendly. In most of the industries, a 
large amount of coolant is used to reduce the friction and temperature occurred during machining either 
due to improper setting of process parameters or inefficient working process. The micro-lubrication tech-
niques are widely used to overcome the limitations of wet technique (Brinksmeier et al., 2015; Kim et 
al., 2016; Najiha et al., 2016). Recently machining process integrated with recent technology called min-
imum quantity lubrication (MQL), Nanofluid minimum quantity lubrication (NanoMQL) and application 
of optimizer tools for optimal values are focused to obtain better grinding performance. The reason is 
complexity of grinding process due to more abrasive grits contact with wheel surface for microseconds 
and consumption of high specific grinding energy (Tawakoli et al., 2009). The better machining perfor-
mance and surface integrity is obtained using MQL in comparison to other machining environments such 
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as dry, wet and process is more sustainable, human environment friendly (Chakule et al., 2017; Huang, 
et al., 2016; Mao et al., 2012; Hwang & Lee, 2016).  The suspended nanoparticles in base fluid signifi-
cantly change the transport and heat transfer characteristics of suspension which increases the surface 
volume ratio, Brownian motion of nanoparticles (Godson et al., 2010; Sharma et al., 2011). The applica-
tion of NanoMQL technique reduces the friction, cutting forces, specific energy and surface roughness 
largely when such nanofluid is applied to grinding zone as mist. The stable nanofluids of different con-
centrations are considered for grinding of NanoMQL experimentation. The better results in terms of 
grinding process efficiency and surface quality are obtained using small amount of cutting fluid (Zhang 
et al., 2015; Lee et al., 2015; Setti et al., 2015; Sinha et al., 2017; Zhang et al., 2016; Wang et al., 2017; 
Sinha et al., 2017; Kalita et al., 2012). The traditional method of optimization for NanoMQL process 
cannot predict the accurate guess of initial solution and may trap into local optima. The evolutionary 
optimization techniques are widely applied by the researchers to optimize the machining process param-
eters for machining performance and surface roughness (Gupta et al., 2016; Liu et al., 2017, Pai et al., 
2013; Yusup et al., 2012). 
 

During the last few years, some of the researchers have worked on grinding performance of soft and hard 
steel considering the dry, wet and MQL machining environments but to the best of authors’ knowledge, 
no one has worked on hardness effect of EN31 steel for NanoMQL technique (Fig. 1). The surface quality 
is considered in the present study due to importance of quality production in industries. In this paper, the 
performance of surface roughness is studied for material hardness of EN31 under different grinding en-
vironments. Finally, the material of poor surface roughness is identified for NanoMQL technique and 
then it was analyzed by modeling and optimization for better value. The derived mathematical model 
was used as fitness function evaluation in Jaya algorithm.  

 

Fig. 1. Experimental setup 

 
Table 1  
Levels of process parameters 

Level 
Table speed   
(mm/min) 

Depth of cut 
(µm) 

Air pressure 
(bar)

Coolant flow 
rate (ml/hr)

Nanofluid concentration 
(vol. %)

Low (-1) 7000 20 2 250 0 (MQL) 

Medium (0) 10000 30 3 500 0.15 

High (+1) 13000 40 4 750 0.3 

 
 
2. Experimental details 
 
The workpiece selected in the present experimental study was EN31 steel of hard and soft type. For hard 
material the hardness was maintained up to 58 HRC and the same material without hardening was con-
sidered here as a soft steel of hardness 28 HRC. The experiments were conducted for both steel materials 
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of rectangular plate of size 100×50×25 mm using horizontal surface grinding machine for different ma-
chining conditions such as wet, MQL and NanoMQL. The experiments were carried out with Al2O3 white 
corundum vitrified bond grinding wheel of size 500×50×203.2 mm and specification A-46-3-L5-V8. The 
stable Al2O3 nanofluid of concentrations 0.15 and 0.30 vol. % for NanoMQL and 5% concentration of 
soluble oil in MQL were used for experimentation. The concentration (0) means the experiments are 
performed for MQL. The wheel dressing, nozzle position, parameter level selections were considered 
properly during experimentation as it significantly influences on the results. The importance of nozzle 
position for penetrating the cutting fluid into contact zone to obtain better surface finish was stated in 
paper (Mao et al. 2013). The homemade MQL setup was used for precise flow delivery in mist form 
at contact interface of wheel abrasive and workpiece surface. The quadratic model of surface roughness 
was formulated for selected range of parameters. The computer code was developed for Jaya algorithm 
to find optimal values for minimizing the surface roughness. The input parameters were coded as table 
speed (TS), depth of cut (DOC), air pressure (AP), coolant flow rate (CFR), nanofluid concentration 
(NC) whereas surface roughness (Ra) is considered as response parameter. The average value of response 
was considered for analysis. The levels of parameters are shown in Table 1.  
 

3. Results and Discussion 

(a) (b) 

Fig. 2. Surface roughness under different cutting environments of (a) hard and (b) soft steel. 

The results of surface roughness of hard and soft steel under different working environments such as wet, 
MQL and NanoMQL are shown in Fig. 2. The surface roughness of hard steel obtained under wet and 
MQL grinding environments are 0.234 µm and 0.2 µm respectively whereas the lowest value of surface 
roughness 0.17 µm obtained in NanoMQL at 0.30 vol. % concentration.  Similarly for soft steel the 
lowest value of surface roughness 0.18 µm was obtained in NanoMQL whereas for wet and MQL the 
surface roughness values obtained were 0.262 µm and 0.21 µm, respectively. The poor surface quality 
of soft material is due to ductile fracture mechanism of higher material malleability and elongation before 
fracture which gives high material deformation and surface defects. For hardened steel, the brittle chip 
mechanism of material removal was observed. The trend of responses of hard and soft steel materials 
under dry, wet and MQL working conditions were discussed by Rabiei et al. (2015). The NanoMQL 
grinding gives the lowest surface roughness value compared to wet and MQL due to tribofilm of nano-
particles under extreme pressure on workpiece surface which reduces the friction and maintained cutting 
grits sharpness. The lubricity and cooling effects are more dominant in NanoMQL due to better lubricity 
properties of nanofluid and cooling effects by compressed air. In wet and MQL grinding, the soluble oil 
was used as cutting fluid and having poor lubricity. Again in wet grinding, the poor penetration of cutting 
fluid into high hydrodynamic pressure-grinding zone occurred due to high rotation of grinding wheel. 
Thus the poor lubricity and inefficient penetration of cutting fluid generates high value of surface rough-
ness in wet grinding whereas the better penetration and removal of debris from cutting zone was possible 
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in MQL due to high air pressure which gives better surface finish.  The generation of lower forces due 
to better heat transfer characteristics of nanofluid using MQL may be the reason to obtain better surface 
finish in NanoMQL. The mode of material removal is more shearing in NanoMQL of hard steel whereas 
more deformation and ploughing in case of wet grinding. In order to improve the surface finish, the 
process parameters of soft steel are optimized using Jaya algorithm. 

4. Modeling and Optimization 
 
The regression equation was developed by RSM to improve the performance of NanoMQL grinding 
process of soft steel material. The mathematical model of surface roughness in terms of significant inde-
pendent parameters is represented in Eq. (1). The independent parameters are coded as: table speed ‘TS’ 
(x1),  depth of cut ‘DOC’(x2), coolant flow rate ‘CFR’ (x3) and nanofluid concentration ‘NC’ (x4) whereas 
the response parameter is surface roughness (Ra). The numbers of experiments are reduced and deter-
mined based on central composite design (CCD) technique of RSM (Montgomery, 2013).   

ܴܽ ൌ 0.11201  ଵݔ	0.000010 െ 	0.000361 ଶݔ െ 0.000026 ଷݔ െ ସݔ0.1427  ସݔ0.6656 ∗
ସݔ െ ଵݔ	0.000015	 ∗       ସݔ

 
(1) 

 

Table 2  
ANOVA table of surface roughness of soft EN31 steel 
Source  DF  Adj SS  Adj MS  F-value  P-value  Remarks  
Model  6  0.016665  0.002777  75.17  0.000  Significant  
TS  1  0.009522  0.009522  257.71  0.000  Significant  
DOC  1  0.000235  0.000235  6.35  0.018  Significant  
CFR  1  0.000787  0.000787  21.29  0.000  Significant  
NC  1  0.003612  0.003612  97.77  0.000  Significant  
NC×NC  1  0.001766  0.001766  47.80  0.000  Significant  
TS×NC  1  0.000743  0.000743  20.10  0.000  Significant  
Lack of fit  20  0.000774  0.000039  1.29  0.419   

Pure error  5  0.000150  0.000030   

Total  31  0.017588   

 

The R2 value of surface roughness is 0.9475 which is close to 1, whereas pred R-squared value 0.9172 is 
in good agreement with adj R-squared value of 0.9349.  This value indicates that the model was well 
fitted by the data. The P-value of parameters less than 0.05 indicates that the model terms were signifi-
cant. The F-value of table speed means table speed is influential parameter in response. The ANOVA 
table of surface roughness of soft steel is shown in Table 2.  

 
 

Fig.3. Normal probability plot of surface 
roughness of EN31 soft steel 

Fig. 4. Experimental and predicted values of surface 
roughness of EN31 soft steel 
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It was also observed that the residuals lie along and around the straight line. It indicates that the errors 
are normally distributed and model is adequate to study the relationship between independent parameters 
and response. The normal probability plot of surface roughness and comparison between experimental 
and predicted values are shown in   Figs. (3-4).   

4.1 Optimizing of surface roughness   
 
From literature studies it was observed that all the evolutionary algorithms are probabilistic and requires 
common controlling parameters like population size and the number of iterations. Again different algo-
rithms require their own algorithm-specific control parameters. The improper tuning of algorithm-spe-
cific parameters either increases the computational effort or yields the local optimal solution. In this 
research work the developed model is optimized using coded Jaya algorithm to obtain optimal values of 
parameters for minimizing the response using Eq. (1). The reason is that Jaya algorithm is free from such 
common controlling and algorithm specific parameters. The Jaya algorithm is simple and is able to get 
the optimal solutions with fewer number of function evaluations and memory requirement (Rao et al., 
2017; Rao et al., 2016; Rao, 2017; Rao, 2016). The regression equation developed is subject to constraint 
such as 7000≤TS≤13000, 20≤DOC≤40, 250≤CFR≤750 and 0≤NC≤0.30. The algorithm is based on the 
concept that the final solution should be the best one and avoid the worst solution. The algorithm always 
tries to move closer to success (i.e. reaching the best solution) and avoid failure (i.e. moving away from 
the worst solution). The f(x) is the objective function to be minimized.   
ܺ′,, ൌ 	 ܺ,,  	൫	ଵ,,ݎ	 ܺ,௦௧, െ 	 ห ܺ,,ห൯ െ ଶݎ ,, ሺ ܺ,௪௦௧, െ ห ܺ,,หሻ, (2)

 

where Xj,best,i is the value of the variable j for the best candidate and Xj,worst,i is the value of the variable j 
for the worst candidate. X’

j,k,i is the updated value of Xj,k,i and r1,j,i and r2,j,i are the two random numbers 
for the jth variable during the ith iteration in the range (0, 1). The term ‘‘r1,j,i (Xj,best,i _ |Xj,k,i|)” indicates 
the tendency of the solution to move closer to the best solution and the term ‘‘-r2,j,i(Xj,worst,i _ |Xj,k,i|)” 
indicates the tendency of the solution to avoid the worst solution. X’ j,k,i is accepted if it gives better 
function value. All the accepted function values at the end of iteration are maintained and become the 
input to the next iteration. The random numbers r1 and r2 ensure good exploration of the search space. 
The absolute value of the candidate solution (|Xj,k,i|) considered in Eq. (2) further enhances the explora-
tion ability of the algorithm.  

Fig. 5. Convergence graph of surface roughness of EN31 soft steel 

Table 3  
Optimal values and confirmation experiments of soft steel using Jaya algorithm 

TS DOC CFR NC Predicted Ra 
(µm)

Experimental test 
Ra (µm)

Elapsed 
time (s)

Convergence after 
number of generation

7000 20 750 0.186 0.1466 0.138 18.34 8 

 
The convergence curve to optimize the surface roughness of soft steel is shown in Fig. (5). It shows that 
the convergence graph lower continuously until it reaches the lowest value of surface roughness and then 
remains stable. This shows that the Jaya algorithm is robust and does not get trapped in local optima.  



 

76 

The optimal values, elapsed time and convergence values after number of generations are summarized 
in Table 3. The number of generations and population selected are 50 and 100, respectively. The exper-
imental tests were conducted at optimal feasible values of parameters to validate the results obtained 
from Jaya algorithm. The minimum surface roughness of 0.1466 µm predicted by Jaya was in good 
agreement with result of experiment test (0.138 µm). The optimal values obtained from Jaya algorithm 
is really beneficial to improve the performance of grinding of soft steel with NanoMQL technique.  

5. Conclusions 
 
The hardness effect of EN31 steel under different grinding environments such as wet, MQL and Nano-
MQL for minimizing the surface roughness was studied. Further the Jaya algorithm is used for optimi-
zation of soft steel to obtain optimal values for enhancing the surface quality. The results obtained in this 
study are summarized as follows: 
 

 The lowest surface roughness is obtained in NanoMQL technique of hard steel. The reduction in 
surface roughness value of hard steel are obtained by 5.88% in NanoMQL at 0.30 vol. % concen-
tration, 5 % in MQL and 11.96% in wet grinding over the soft steel material. The reasons are less 
friction at contact interface in comparison to other cutting environments due to efficient lubrica-
tion and cooling effects. The surface quality is improved in fewer amounts of cutting fluid com-
pared to wet and MQL grinding environments. In hard material the brittle fracture occurred, due 
to which surface damage and defects are comparatively less than soft steel. 

 To improve the surface quality of soft steel, the modeling and optimization of surface roughness 
is performed. The quadratic model of surface roughness was formulated for significant parame-
ters and its adequacy was checked by ANOVA to predict the surface roughness of soft steel at 
95% confidence interval. The optimal values obtained from Jaya algorithm are TS (7000 
mm/min) DOC (20 µm), CFR (750 ml/hr) and NC (0.186 vol. %). The predicted value of surface 
roughness obtained from modeling is 0.1466 µm. The experimental tests were conducted to con-
firm the optimal values determined from Jaya algorithm. The surface roughness obtained through 
experimental test is 0.138 µm shows the percentage error of 5.87 %. The good agreement in 
results of surface roughness obtained with predicted and experimental value.  

 The convergence accuracy and speed of Jaya algorithm is very high. The better grinding results 
are obtained at optimal values with less function evaluations and memory requirement. The re-
sults obtained from Jaya algorithm are really beneficial to improve the surface finish of Nano-
MQL grinding process especially of soft steel.  

 
Acknowledgements 
 
The authors are thankful to the Sir Dr. M. S. Gosavi Pharmaceutical College to provide facilities for 
nanofluids preparation, Visvesvaraya National Institute of Technology (VNIT) and North Maharashtra 
University (NMU) for characterization of the nanofluids. The authors are also grateful to Sameeksha 
Industries for providing the resources to work completion. 
 

References 

Brinksmeier, E., Meyer, D., Huesmann-Cordes, A.G., & Herrmann, C. (2015). Metal working fluids-
Mechanisms and performance, CIRP Annals, 64 (2), 605-628. 

Chakule, R.R., Chaudhari, S.S., & Talmale, P.S. (2017). Evaluation of the effects of machining parame-
ters on MQL based surface grinding process using response surface methodology. Journal of Mechan-
ical Science and Technology, 31(8), 3907-3916. 

Godson, L., Raja, B., Mohan Lal, D., & Wongwises, S. (2010). Enhancement of heat transfer using 
nanouids- A overview. Renewable and Sustainable Energy Reviews, 14, 629-641. 



R. R. Chakule and S. S. Chaudhari / International Journal of Data and Network Science 2 (2018) 77

Gupta, M.K., Sood, P.K., & Sharma, V.S. (2016). Optimization of machining parameters and cutting 
fluids during nanofluid based minimum quantity lubrication turning of titanium alloy by using evolu-
tionary techniques. Journal of Cleaner Production, 135, 1276-1288. 

Huang, X., Ren, Y., Jiang, W., He, Z., & Deng, Z. (2017). Investigation on grind-hardening annealed 
AISI5140 steel with minimal quantity lubrication. International Journal Advanced Manufacturing 
Technology, 89 (1–4), 1069–1077.  

Hwang, Y.K., & Lee, C.M. (2010). Surface roughness and cutting force prediction in MQL and wet 
turning process of AISI 1045 using design of experiments. Journal of Mechanical Science and Tech-
nology, 24(8), 1669-1677. 

Kalita, P., Malshe, A.P., Arun Kumar, S., Yoganath, V.G., & Gurumurthy, T. (2012). Study of specific 
energy and friction coefficient in minimum quantity lubrication grinding using oil-based nanolubri-
cants. Journal of Manufacturing Processes, 14(2), 160-166. 

Kim, H-J., Seo, K-J., Kang, K.H., & Kim, D-E. (2016). Nano-Lubrication: A Review. International 
Journal of Precision Engineering and Manufacturing, 17(6), 829-841. 

Lee, P.H., Lim, S.H., Lee, S.H., Ko, H.S., & Shin, S.W. (2015). A study on thermal characteristics of 
micro-scale grinding process using nanofluid minimum quantity lubrication (MQL). Precision Engi-
neering and Manufacturing, 16(9), 1899-1909. 

Liu, G., Li, C., Zhang, Y., Yang, M., Jia, D., Zhang, X., Guo, S., Li, R., & Zhai, H. (2017). Process 
parameter optimization and experimental evaluation for nanofluid MQL in grinding Ti-6Al-4V based 
on grey relational analysis. Materials and Manufacturing Processes. 33(9), 1-14. 

Mao, C., Tang, X., Zou, H., Zhou, Z., & Yin, W. (2012). Experimental investigation of surface quality 
for minimum quantity oil-water lubrication grinding. International Journal of Advanced Manufactur-
ing Technology, 59, 93-100. 

Mao, C., Zou, H., Huang, X., Zhang, J., & Zhou, Z. (2013). The influence of spraying parameters on 
grinding performance for nanofluid minimum quantity lubrication. International Journal of Ad-
vanced Manufacturing Technology, 64 (9-12), 1791-1799. 

Montgomery, D.C. (2013). Design and Analysis of Experiments, 8th ed. Wiley, New York.  
Najiha, M.S., Rahman, M.M., & Yusoff, A.R. (2016). Environmental impacts and hazards associated 

with metal working fluids and recent advances in the sustainable systems: A review. Renewable and 
Sustainable Energy Reviews, 60, 1008-1031. 

Pai, D., Rao, S., & DSouza, R. (2013). Application of response surface methodology and enhanced non-
dominated sorting genetic algorithm for optimization of grinding process. Procedia Engineering, 64, 
1199-1208. 

Rabiei, F., Rahimi, A.R., Hadad, M.J., & Ashrafijou M. (2015). Performance improvement of minimum 
quantity lubrication (MQL) technique in surface grinding by modeling and optimization. Journal of 
Cleaner Production, 86, 447-460. 

Rao, R.V., Rai, D.P., & Balic, J. (2017). A new optimization algorithm for parameter optimization of 
nano-finishing processes. Scientia Iranica E, 24(2), 868-875. 

Rao, R.V., Rai, D.P., Ramkumar, J., & Balic, J. (2016). A new multi-objective Jaya algorithm for opti-
mization of modern machining processes. Advances in Production Engineering & Management, 
11(4), 271-286. 

Rao, R.V. (2017). A Multi-objective algorithm for optimization of modern machining processes. Engi-
neering Applications of Artificial Intelligence, 61, 103-125. 

Rao, R.V. (2016). Jaya: A simple and new optimization algorithm for solving constrained and uncon-
strained optimization problems. International Journal of Industrial Engineering Computations, 7, 19-
34. 

Setti, D., Sinha, M.K., Ghosh, S., & Rao, P.V. (2015). Performance evaluation of Ti-6Al-4V grinding 
using chip formation and coefficient of friction under the influence of nanofluids. Machine Tools and 
Manufacture, 88, 237-248. 

Sharma, P., Baek, I-H., Cho, T., Park, S., & Lee, K.B. (2011). Enhancement of thermal conductivity of 
ethylene glycol based silver nanouids. Powder Technology, 208, 7-19. 

Sinha, M.K., Madarkar, R., Ghosh, S., & Rao, P.V. (2017). Application of eco-friendly nanofluids during 



 

78 

grinding of Inconel 718 through small quantity lubrication. Journal of Cleaner Production, 141, 
1359-1375. 

Tawakoli, T., Hadad, M.J., Sadeghi, M.H., Daneshi, A., Stockert, S., & Rasifard, A. (2009). An experi-
mental investigation of the effects of workpiece and grinding parameters on minimum quantity lubri-
cation-MQL grinding. International Journal of Machine Tools and Manufacture, 49(12-13), 924-932. 

Wang, Y., Li,  C.,  Zhang,  Y.,  Yang,  M.,  Zhang,  X.,  Zhang,  N., & Dai, J. (2017). Experimental 
evaluation on tribological performance of the wheel/workpiece interface in minimum quantity lubri-
cation grinding with different concentrations of Al2O3 nanofluids. Journal of Cleaner Production, 
142(4), 3571-3583. 

Yusup, N., Zain, A.M., & Mohd Hashim, S.Z. (2012). Evolutionary techniques in optimizing machining 
parameters: Review and recent applications (2007-2011). Expert Systems with Applications, 39, 9909-
9927. 

Zhang, D., Li, C., Zhang, Y., Jia, D., & Zhang, X. (2015). Experimental research on the energy ratio 
coefficient and specific grinding energy in nanoparticle jet MQL grinding. International Journal of 
Advanced Manufacturing Technology, 78, 1275-1288. 

Zhang, Y., Li, C., Jia, D., Li, B., Wang, Y., Yang, M., Hou, Y., & Zhang, X. (2016). Experimental study 
on the effect of nanoparticle concentration on the lubricating property of nanofluids for MQL grinding 
of Ni-based alloy. Journal of Materials Processing Technology, 232,100-115.  

 
  

 

© 2018 by the authors; licensee Growing Science, Canada. This is an open access article 
distributed under the terms and conditions of the Creative Commons Attribution (CC-
BY) license (http://creativecommons.org/licenses/by/4.0/). 

 

     



<<
  /ASCII85EncodePages false
  /AllowTransparency false
  /AutoPositionEPSFiles true
  /AutoRotatePages /None
  /Binding /Left
  /CalGrayProfile (Dot Gain 20%)
  /CalRGBProfile (sRGB IEC61966-2.1)
  /CalCMYKProfile (U.S. Web Coated \050SWOP\051 v2)
  /sRGBProfile (sRGB IEC61966-2.1)
  /CannotEmbedFontPolicy /Error
  /CompatibilityLevel 1.4
  /CompressObjects /Tags
  /CompressPages true
  /ConvertImagesToIndexed true
  /PassThroughJPEGImages true
  /CreateJobTicket false
  /DefaultRenderingIntent /Default
  /DetectBlends true
  /DetectCurves 0.0000
  /ColorConversionStrategy /CMYK
  /DoThumbnails false
  /EmbedAllFonts true
  /EmbedOpenType false
  /ParseICCProfilesInComments true
  /EmbedJobOptions true
  /DSCReportingLevel 0
  /EmitDSCWarnings false
  /EndPage -1
  /ImageMemory 1048576
  /LockDistillerParams false
  /MaxSubsetPct 100
  /Optimize true
  /OPM 1
  /ParseDSCComments true
  /ParseDSCCommentsForDocInfo true
  /PreserveCopyPage true
  /PreserveDICMYKValues true
  /PreserveEPSInfo true
  /PreserveFlatness true
  /PreserveHalftoneInfo false
  /PreserveOPIComments true
  /PreserveOverprintSettings true
  /StartPage 1
  /SubsetFonts true
  /TransferFunctionInfo /Apply
  /UCRandBGInfo /Preserve
  /UsePrologue false
  /ColorSettingsFile ()
  /AlwaysEmbed [ true
  ]
  /NeverEmbed [ true
  ]
  /AntiAliasColorImages false
  /CropColorImages true
  /ColorImageMinResolution 300
  /ColorImageMinResolutionPolicy /OK
  /DownsampleColorImages true
  /ColorImageDownsampleType /Bicubic
  /ColorImageResolution 300
  /ColorImageDepth -1
  /ColorImageMinDownsampleDepth 1
  /ColorImageDownsampleThreshold 1.50000
  /EncodeColorImages true
  /ColorImageFilter /DCTEncode
  /AutoFilterColorImages true
  /ColorImageAutoFilterStrategy /JPEG
  /ColorACSImageDict <<
    /QFactor 0.15
    /HSamples [1 1 1 1] /VSamples [1 1 1 1]
  >>
  /ColorImageDict <<
    /QFactor 0.15
    /HSamples [1 1 1 1] /VSamples [1 1 1 1]
  >>
  /JPEG2000ColorACSImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 30
  >>
  /JPEG2000ColorImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 30
  >>
  /AntiAliasGrayImages false
  /CropGrayImages true
  /GrayImageMinResolution 300
  /GrayImageMinResolutionPolicy /OK
  /DownsampleGrayImages true
  /GrayImageDownsampleType /Bicubic
  /GrayImageResolution 300
  /GrayImageDepth -1
  /GrayImageMinDownsampleDepth 2
  /GrayImageDownsampleThreshold 1.50000
  /EncodeGrayImages true
  /GrayImageFilter /DCTEncode
  /AutoFilterGrayImages true
  /GrayImageAutoFilterStrategy /JPEG
  /GrayACSImageDict <<
    /QFactor 0.15
    /HSamples [1 1 1 1] /VSamples [1 1 1 1]
  >>
  /GrayImageDict <<
    /QFactor 0.15
    /HSamples [1 1 1 1] /VSamples [1 1 1 1]
  >>
  /JPEG2000GrayACSImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 30
  >>
  /JPEG2000GrayImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 30
  >>
  /AntiAliasMonoImages false
  /CropMonoImages true
  /MonoImageMinResolution 1200
  /MonoImageMinResolutionPolicy /OK
  /DownsampleMonoImages true
  /MonoImageDownsampleType /Bicubic
  /MonoImageResolution 1200
  /MonoImageDepth -1
  /MonoImageDownsampleThreshold 1.50000
  /EncodeMonoImages true
  /MonoImageFilter /CCITTFaxEncode
  /MonoImageDict <<
    /K -1
  >>
  /AllowPSXObjects false
  /CheckCompliance [
    /None
  ]
  /PDFX1aCheck false
  /PDFX3Check false
  /PDFXCompliantPDFOnly false
  /PDFXNoTrimBoxError true
  /PDFXTrimBoxToMediaBoxOffset [
    0.00000
    0.00000
    0.00000
    0.00000
  ]
  /PDFXSetBleedBoxToMediaBox true
  /PDFXBleedBoxToTrimBoxOffset [
    0.00000
    0.00000
    0.00000
    0.00000
  ]
  /PDFXOutputIntentProfile ()
  /PDFXOutputConditionIdentifier ()
  /PDFXOutputCondition ()
  /PDFXRegistryName ()
  /PDFXTrapped /False

  /CreateJDFFile false
  /Description <<

    /BGR <>
    /CHS <FEFF4f7f75288fd94e9b8bbe5b9a521b5efa7684002000410064006f006200650020005000440046002065876863900275284e8e9ad88d2891cf76845370524d53705237300260a853ef4ee54f7f75280020004100630072006f0062006100740020548c002000410064006f00620065002000520065006100640065007200200035002e003000204ee553ca66f49ad87248672c676562535f00521b5efa768400200050004400460020658768633002>
    /CHT <FEFF4f7f752890194e9b8a2d7f6e5efa7acb7684002000410064006f006200650020005000440046002065874ef69069752865bc9ad854c18cea76845370524d5370523786557406300260a853ef4ee54f7f75280020004100630072006f0062006100740020548c002000410064006f00620065002000520065006100640065007200200035002e003000204ee553ca66f49ad87248672c4f86958b555f5df25efa7acb76840020005000440046002065874ef63002>
    /CZE <>
    /DAN <>
    /DEU <>
    /ESP <>
    /ETI <>
    /FRA <>
    /GRE <>

    /HRV (Za stvaranje Adobe PDF dokumenata najpogodnijih za visokokvalitetni ispis prije tiskanja koristite ove postavke.  Stvoreni PDF dokumenti mogu se otvoriti Acrobat i Adobe Reader 5.0 i kasnijim verzijama.)
    /HUN <>
    /ITA <>
    /JPN <FEFF9ad854c18cea306a30d730ea30d730ec30b951fa529b7528002000410064006f0062006500200050004400460020658766f8306e4f5c6210306b4f7f75283057307e305930023053306e8a2d5b9a30674f5c62103055308c305f0020005000440046002030d530a130a430eb306f3001004100630072006f0062006100740020304a30883073002000410064006f00620065002000520065006100640065007200200035002e003000204ee5964d3067958b304f30533068304c3067304d307e305930023053306e8a2d5b9a306b306f30d530a930f330c8306e57cb30818fbc307f304c5fc59808306730593002>
    /KOR <FEFFc7740020c124c815c7440020c0acc6a9d558c5ec0020ace0d488c9c80020c2dcd5d80020c778c1c4c5d00020ac00c7a50020c801d569d55c002000410064006f0062006500200050004400460020bb38c11cb97c0020c791c131d569b2c8b2e4002e0020c774b807ac8c0020c791c131b41c00200050004400460020bb38c11cb2940020004100630072006f0062006100740020bc0f002000410064006f00620065002000520065006100640065007200200035002e00300020c774c0c1c5d0c11c0020c5f40020c2180020c788c2b5b2c8b2e4002e>
    /LTH <>
    /LVI <>
    /NLD (Gebruik deze instellingen om Adobe PDF-documenten te maken die zijn geoptimaliseerd voor prepress-afdrukken van hoge kwaliteit. De gemaakte PDF-documenten kunnen worden geopend met Acrobat en Adobe Reader 5.0 en hoger.)
    /NOR <>
    /POL <>
    /PTB <>
    /RUM <>
    /RUS <>
    /SKY <>
    /SLV <>
    /SUO <>
    /SVE <>
    /TUR <>
    /UKR <>
    /ENU (Use these settings to create Adobe PDF documents best suited for high-quality prepress printing.  Created PDF documents can be opened with Acrobat and Adobe Reader 5.0 and later.)
  >>
  /Namespace [
    (Adobe)
    (Common)
    (1.0)
  ]
  /OtherNamespaces [
    <<
      /AsReaderSpreads false
      /CropImagesToFrames true
      /ErrorControl /WarnAndContinue
      /FlattenerIgnoreSpreadOverrides false
      /IncludeGuidesGrids false
      /IncludeNonPrinting false
      /IncludeSlug false
      /Namespace [
        (Adobe)
        (InDesign)
        (4.0)
      ]
      /OmitPlacedBitmaps false
      /OmitPlacedEPS false
      /OmitPlacedPDF false
      /SimulateOverprint /Legacy
    >>
    <<
      /AddBleedMarks false
      /AddColorBars false
      /AddCropMarks false
      /AddPageInfo false
      /AddRegMarks false
      /ConvertColors /ConvertToCMYK
      /DestinationProfileName ()
      /DestinationProfileSelector /DocumentCMYK
      /Downsample16BitImages true
      /FlattenerPreset <<
        /PresetSelector /MediumResolution
      >>
      /FormElements false
      /GenerateStructure false
      /IncludeBookmarks false
      /IncludeHyperlinks false
      /IncludeInteractive false
      /IncludeLayers false
      /IncludeProfiles false
      /MultimediaHandling /UseObjectSettings
      /Namespace [
        (Adobe)
        (CreativeSuite)
        (2.0)
      ]
      /PDFXOutputIntentProfileSelector /DocumentCMYK
      /PreserveEditing true
      /UntaggedCMYKHandling /LeaveUntagged
      /UntaggedRGBHandling /UseDocumentProfile
      /UseDocumentBleed false
    >>
  ]
>> setdistillerparams
<<
  /HWResolution [2400 2400]
  /PageSize [612.000 792.000]
>> setpagedevice


