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 The purpose of this research is to explore the relationships between information literacy, digital 
literacy, media literacy, Attitude toward use, and employability to examine the role of 
information and digital literacy in influencing employees' intentions to use technology in the 
workplace. The research sample for Indonesia was 250 respondents and for Malaysia there were 
298 respondents. The data collection method uses Google Forms, distributed to respondents 
through purposive random sampling technique. The research results indicate that in Indonesia, 
Computer Literacy (CL) on Perceived Usefulness (PU), PU on Attitude towards Use (ATT), and 
ATT on Employability (EMP) have a big influence. On the other hand, Information Literacy (IL) 
and CL have a small influence on Employability. Likewise, Perceived Ease of Use (PEOU) has 
little influence on ATT. Malaysia, which has a big influence is Digital Literacy (DL) on 
Employability (EMP) and Perceived Ease of Use (PEOU). However, DL has a small influence 
on PU, as does IL on EMP, PEOU, and PU. Likewise, the influence of PEOU on PU is small. 
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1. Introduction 

 
The information and digital era require strategic resources and special skills. The specific skills that employees need in 
order to be able to work optimally in the workplace are information literacy (IL), digital literacy (DL) (Nikou, S., et al., 
2022) and media literacy (ML) (Collard, et al., 2017). IL and DL directly impact the perceived ease of use of technology. 
Research results indicate that both IL and DL have an indirect impact on the intention to use digital technology in the 
workplace through attitude towards use (Nikou et al., 2022). Today's ways of working have undergone the most rapid 
changes since the industrial revolution of the 19th century. According to the 2021 World Economic Forum Report, the 
average skill lasts only 2.5 years. Thus, it is estimated that 40 percent of skills will change in the next five years. 
Digitalization, via the implementation of digital technology and infrastructure, has significantly altered job design, job 
resources, and professional activities. 

According to PwC almost 47 percent of jobs are at risk of being automated in the next few decades. For this reason, 
companies need to explore these changes. The aim is to find out how digitalization in the workplace affects employee 
engagement (Chan, et al., 2021). For example, the global pandemic is an extraordinary event that has accelerated this 
transformation process. In addition, the pandemic has pushed the digitalization process to become more complex (Livari et 
al., 2020; Konig et al., 2020). Thus, remote working skills and organizational operations are becoming new challenges for 
traditional organizations. The organization responded to this digitalization challenge by developing a digital strategy. Apart 
from that, organizations also identify key factors for the success of digital transformation (Hess et al., 2016; Vial, 2019). 
Organizations that cannot adopt, implement and deploy technology solutions in a timely manner will fail to thrive. 
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Technology represents just one of the challenges of digitalization, encompassing both hardware and software. Another 
significant challenge is developing a workforce that can adapt to change, effectively use technology, and exhibit appropriate 
post-adoption behavior (Bala & Venkatesh, 2016; Colbert et al., 2016; Farrell et al., 2021). This implies that the current 
workforce's literacy levels are not sufficient to meet the future literacy needs in the workplace. 

Literacy is the competence, knowledge and skills that a person has to interact and relate to colleagues, the community and 
the work environment (Panel, 2002). In the process of recruiting new workers, organizations will seek candidates who 
possess high literacy levels, particularly in information literacy (IL), digital literacy (DL) (Mietzner & Kamprath, 2013), 
and media literacy (ML) (Collard et al., 2017). This literacy is connected to personal attributes in the digital era (Bowen & 
Johnson, 2019; Foster, 2019; Dede, 2010). Efficient, transformative digitalization and a digital-ready workplace can be 
realized with literacy across all types of organizations, positions, job designs, and individuals to improve and fulfill their 
performance. In this research, information literacy, digital literacy and media literacy are used in analysis through digital 
technology in the workplace context to improve individual performance and organizational performance.  

Information literacy (IL) is the capacity to identify when information is required and to make decisions within the framework 
of formal and informal learning in the workplace (ACRL, 2017). Digital literacy (DL) encompasses the cognitive and 
technical skills required to utilize information and communication technology for locating, evaluating, creating, and sharing 
information (American Library Association, 2012). Essentially, DL refers to an individual's awareness, attitude, and 
proficiency in using and engaging with digital technology. This enables the easy and effective access to information in 
various formats, including text, video, and images (Cetindamar et al., 2021; Stordy, 2015; Van Dijk & Van Deursen, 2014). 
The necessity for both information literacy (IL) and DL is viewed as a dynamic capability for organizations undergoing 
digital transformation (Cetindamar et al., 2021). These literacies are based on knowledge, perceptions, and attitudes 
(Bawden, 2001). IL and DL are very relevant in the work environment (Gui & Argentin, 2011). Both have a role in achieving 
goals, success in the workplace, and improving individual and organizational performance (Somerville, et al., 2017). In 
addition, workers are expected to have developed critical literacy before work (Kane et al., 2019) to fill the competency gap 
between digital competencies and the needs of the world of work (Ancarani and Di Mauro, 2018; Cetindamar et al., 2021; 
Murawski and Bick, 2017). They are also required to be able to overcome complexity in the workplace (Raish and Rimland, 
2016; Van Laar, et al., 2017). This shows that the workforce requires technological skills and the ability to adapt to 
developments in the world of work (Ahmad et al., 2013; Carnevale & Smith, 2013).  

Research on information literacy (IL) and digital literacy (DL) within the workplace is still quite limited. These concepts 
are often incorporated into the Technology Acceptance Model (TAM) (Davis, 1989). It is suggested that IL and DL directly 
affect the core determinants of the Technology Acceptance Model (TAM): perceived usefulness (PU), perceived ease of use 
(PEU), and attitude towards use (ATT). Consequently, IL and DL indirectly impact the intention to use technology in the 
workplace, with attitude towards use (ATT) acting as a mediator. However, the influence of literacy is heavily dependent 
on the novelty of the technology. Employees who are well-versed in the information environment (IL) and skilled in using 
technology (DL) are more likely to understand technology better, find it easier to use (PEU), and thus appreciate its 
usefulness (PU). This research will explore the relationships between IL, DL, ML, ATT, and employability, examining the 
role of information and digital literacy in influencing employees' intentions to use technology in the workplace. 

2. Literature review 

Employees' information and knowledge drive business and service excellence in the workplace. Employees who are 
information literate are regarded as a strategic asset (Kirton & Barham, 2005; Lloyd, 2003; Middleton & Hall, 2021; Oman, 
2001). Technology that is increasingly sophisticated and easy to use (Bilgihan, 2016) is becoming important for the 
interaction and application of information in the workplace as new jobs emerge. However, the older generation of the 
workforce remains resistant to adopting information technology (Lapointe & Rivard, 2005). Simultaneously, the rising 
demand for decision-making and problem-solving abilities emphasizes the organization's need for skilled workers. These 
employees must be competent and adaptive (Simao & Franco, 2018; Renta-Davids et al., 2014), as well as proficient in 
interacting with technology and information (Urena et al., 2019). This need arises alongside changes in the digital 
technology landscape and global economic demands (Nufukho et al., 2017). This situation requires employees to 
continuously develop their skills in information literacy, ICT literacy, technology literacy, media literacy, and internet/online 
literacy (Kasempsap, 2018; Marsh, 2018). These competencies enable employees to engage with technology, comprehend 
it, and effectively utilize it (Cetindamar et al., 2021). 

Individual success in today's modern workplace is determined by their ability to use a variety of technologies (Eshet, 2004). 
Complex cognitive, motor, sociological and emotional skills are necessary for their digital abilities to function effectively. 
DL in the context of the workplace in the digital era encompasses a richer set of digital behaviors, practices and identities 
(Hunter, 2018). This shows that DL is not only about the ability to use software or operate hardware. The context of IL and 
DL in the workplace has a very specific role compared to the educational context. In this digital era, employees across 
generations have different perspectives on the benefits of technology in daily activities (Murray, 2011; Colbert et al., 2016). 
For instance, the new generation of workers shows differing intentions to use digital technology in their daily activities 
compared to their workplace usage. In addition, individuals with low levels of literacy are not critical of technology use or 
will experience difficulties in using work-related technology (Kohnke, 2017). Conversely, individuals with a high level of 
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literacy perceive technology as a cognitive challenge because they are familiar with the content, interface, access options, 
terminology, and norms of new tools (Mohammadyani & Singh, 2015). 

The new generation of the workforce is employing innovative approaches to managing information and assessing workplace 
interactions. The failure to access and utilize current and relevant information in the workplace is seen as both a professional 
and ethical shortcoming (Forster, 2017). In the workplace, information literacy (IL) is bolstered by various business 
applications and ICT technologies, which act as tools to achieve organizational objectives. As a result, employees need to 
interact with information both individually and collaboratively to create business value. This literacy is essential for 
improving both personal and organizational performance. 

3. Theoretical Model and Hypothesis Development 

The Technology Acceptance Model (TAM) is used to assess and evaluate the factors influencing the intention to use 
technology in the workplace, incorporating IL and DL as new antecedents in this research model. Some theories and 
postulates supporting this hypothesis are as follows: 

 

Fig. 1. Conceptual Framework Digital Literacy, Information Literacy, and Employability 

Employability describes the combination of various factors and processes that encourage people to advance or enter work, 
remain employed, and continue employment (Government of Scotland. 2012). The world population shows that 47 percent 
of people aged between 16 and 74 years have low or even no digital skills (Telecentre Europe, 2014). This makes them not 
considered to function in a digital society.  A document published by the New South Wales Board of Studies explains there 
are eight skills that will increase employability. These skills encompass communication, teamwork, problem-solving, 
initiative and enterprise, planning and organizing, independence, learning management, and technology. Technological 
skills can be categorized as follows: possessing a basic set of IT skills, using IT as a management tool, employing IT to 
organize data, being open to learning new IT skills, having the knowledge to apply technology effectively, and having the 
necessary physical capacity (NSW, 2012). 

The JISC report informs that the digital literacy model consists of seven elements, namely media literacy; communication 
and collaboration; career and identity management; ICT (computer) literacy; study skills; digital scholarships; and 
information literacy (JISC, 2014). From this digital literacy model, the dimensions used in this research are media, computer 
and communication literacy. Digital skills are seen as necessary skills for today's jobs and the jobs of the future for young 
people (OECD, 2015). Job requirements in the world of work require all of these skills and factors. Vrana's (2016) research 
results show that students realize the importance of the concept of digital literacy to increase their chances of getting a job. 
Apart from that, this research also confirms the existence of a relationship between digital literacy and their work abilities. 
Digital skills will also improve students' employability and will help employers obtain a digitally literate workforce. Thus, 
the hypothesis of this research is: 

H1: Digital literacy influences employability. 

H4: Information literacy influences employability. 

3.1 Information Literacy and Digital Literacy 

IL can be used by information literate people to master information content, find information effectively, recognize when 
information is needed, and evaluate web-based information productively (Yu, et al., 2017; Ng, 2012; Kirton & Barham, 
2005). Both studies show that individual abilities and skills related to information literacy are needed in the digital era. Even 
the JISC Report shows that 90 percent of all new jobs require good digital skills (JISC, 2014).  Low IL training preparation 
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is one of the causes of low levels of IL in the workforce (Gilbert, 2017; Kirton & Barham, 2005). Research on information 
literacy (IL) indicates that scientists are very confident and knowledgeable in using search tools and electronic information 
services. However, they lack confidence in understanding and evaluating the quality of the information (Naveed & Rafique, 
2018). Additional research on nursing staff has shown that IL positively influences their attitudes, performance, and 
expectations, thereby enhancing their intention to use nursing information systems (Chang et al., 2020). Consequently, there 
is an urgent need for standardized IL training and teaching programs for employees in the workplace. This research 
highlights the use of phenomenography as a theoretical perspective (Limberg, Sundin, & Talja, 2012). 

IL is a concept to describe a person's ability to use and manage information for various purposes. In contrast, DL is an 
interaction between technology and the use of ICT. In general, organizations need various types of IL as resources and tools, 
information synthesis, information evaluation, collaboration with colleagues, while digital skills (DL) are highly required 
from the workforce (Gilbert, 2017. Research on TAM adoption finds that employees who reject information systems are the 
main factor in the failure to adopt new technology (Durodolu, 2016). Perceived Usefulness (PU) and Perceived Ease of Use 
(PEU), as constructs of the Technology Acceptance Model (TAM), significantly influence users' attitudes and their 
intentions to use mobile library applications (Yoon, 2016). Furthermore, studies on the effect of digital literacy (DL) on 
employees' intention to use technology in small and medium enterprises have shown that DL significantly impacts 
performance and the intention to utilize Web 2.0 tools (Mohammadyari & Singh, 2015).  

Individuals with digital literacy (DL) have the technical and operational skills required to use technology effectively. DL 
comprises a set of skills and strategies that are essential in disruptive digital business environments (Sousa & Rocha, 2019). 
It encompasses the intersection of technical, cognitive, and social-emotional dimensions (Ng, 2012). The technical 
dimension highlights the need for employees to have knowledge of using ICT and the capability to operate digital 
technology tools, including the internet, computers, internal company web portals (intranet), and workplace platforms. It 
also encompasses the latest digital developments, such as the Internet of Things (IoT), cloud technology, big data, artificial 
intelligence, and robotics. 

The cognitive dimension encompasses the ability to critically operate digital technology, evaluate and manage digital 
information effectively, enhance network navigation, and avoid disorientation, thereby improving the ability to build 
knowledge (Eshet, 2004; Lee & Hsu, 2002). Consequently, DL competency requires employees to understand ethical and 
moral issues and to have the ability to assess the validity of resources, including considerations of copyright and plagiarism. 
Additionally, the social-emotional dimension includes using the internet responsibly for communication, socialization, and 
learning, while respecting others' privacy and following rules in different contexts and environments. This topic becomes 
more important considering the large digital literacy gap between regions (Tinmaz, et.al., 2022). In the workplace context, 
IL and DL affect the workforce's perception of ease of use but do not significantly influence their perception of the 
technology's usefulness. The assumption is that a high level of literacy makes society critical. Thus, someone with a high 
level of literacy is fairly confident that they can use a new technology introduced in the workplace but may be skeptical of 
its usefulness unless it is used in practice, then: 

H2: DL has a positive effect on PEU of technology in the workplace. 

H3: DL has a significant positive influence on PU. 

H5: IL has a positive effect on PEU of technology in the workplace. 

H6: IL has a significant positive influence on PU. 

3.2 Perceived Usefulness (PU) and Perceived Ease of Use (PEU) 

The Technology Acceptance Model (TAM) is extensively used in research on the acceptance and adoption of new 
technological solutions at both individual and organizational levels (Davis, 1989). TAM is determined by three key 
constructs: Perceived Usefulness (PU), Perceived Ease of Use (PEU), and Attitude Towards Use (ATT). PU represents the 
user's subjective perception that utilizing technology will enhance job performance, while PEU reflects the users' belief that 
employing a particular system will be effortless. IL and DL are added to TAM and Theory of Reasoned Action (TRA). TAM 
is used to assess the role of this literacy through TAM determining factors on intention to use technology in the workplace. 
For this reason, it is very important to understand why technology is rejected or accepted (Nikola & Granic, 2015). TRA 
was developed to predict and understand human behavior and attitudes. This theory critically evaluates behavioral intentions 
compared to attitude as a predictor of behavior. This theory shows that actual behavior can be determined by previous 
intentions in addition to the beliefs a person has regarding given behavior (Fishbein and Ajzen, 2010). The Theory of 
Planned Behavior (TPB) addresses this limitation of the Theory of Reasoned Action (TRA). The purpose of TPB is to 
predict people's intentions to carry out a behavior at a certain place and time. In essence, TPB describes all behavior carried 
out by individuals who have the capacity to exercise self-control (Ajzen, 2006). Resistance is often used as the main reason 
for the failure to adopt new technology (Kim & Kankanhalli, 2009). This rejection shows that people find it difficult to 
accept initiatives, perceptions, ideas, and also show actions to oppose undesirable circumstances because of the lack of 
incentives (Siegel, 2008). In reality, this fear stems from cognitive anxiety related to new technology. This anxiety is known 
as "technophobia" (Selvaganapathi and Raja, 2012). This is common in the 21st century. Technology is increasingly popular 
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in every aspect of human life. A solution that can be achieved is by providing appropriate instructions and training regarding 
the use of technology and its application. Existing research indicates that PEU significantly influences PU (Sun et al., 2009). 
Consequently, both PU and PEU positively impact technology ATT (Fagan et al., 2008). This research aims to test whether 
IL and DL indirectly influence attitudes through the mediating effects of PU or PEU. Thus, the proposed hypothesis is: 

H7: PEU has a significant positive influence on ATT. 

H8: PU has a significant positive influence on ATT.  

3.3 Attitude Towards Use (ATT) 

Studies on attitudes towards technology (ATT) show that individuals born between 1979 and 1994 exhibit different attitudes 
compared to previous generations of employees (Solnet et al., 2012). Additionally, other studies show that men are more 
supportive of technology use than women (Cai et al., 2017). These differences can be further attributed to individual 
characteristics such as age, gender, and educational status. Further research finds that employees who prefer technology 
generally have more positive attitudes towards experiencing and using new technologies, such as smart factory technology 
(Oh et al., 2019). Additionally, most company employees have a favorable attitude towards e-learning technology because 
they see the advantages of integrating it into their existing practices (Kimiloglu et al., 2017). Therefore, the proposed 
hypothesis is: 

H9: ATT has a positive effect on employability. 

4. Data Analysis 

The research sample for Indonesia was 250 respondents and for Malaysia there were 298 respondents. The analysis of path 
relationships in research models should first address the measurement model, followed by the structural model (Gefen & 
Straub, 2005). After all indicators reflect the model, a reliability test and validity test are carried out (Hair et al., 2013) by 
checking outer loadings, composite reliability and average variance extracted (AVE). The outer loading value must be above 
0.7 (Hulland, 1999). The composite reliability value which shows internal consistency is 0.7 (Hair et al., 2011). The internal 
consistency of latent constructs test was carried out with Cronbach's Alpha, the recommended value of which is above 0.7 
(Hair et al., 2012). Cronbach's alpha tends to provide conservative measurements in PLS-SEM. Common method bias 
(CMB) was assessed to identify any bias associated with the measurement method, employing Harman's one-factor test 
(Podsakoff et al., 2003) and the common latent factor (CLF) approach (Podsakoff et al., 2012). The common latent factor 
(CLF) approach provides a more comprehensive understanding of common method bias (CMB) compared to Harman's one-
factor test, as it allows for the comparison of chi-square values between the two models. Lastly, the discriminant validity 
test is conducted to evaluate the distinctiveness of the measurement construct by utilizing the square root of the AVE value 
for each latent variable (Henseler et al., 2015). Convergent validity is tested by calculating the AVE value for each construct, 
which is recommended to be above 0.5 (Bagozzi & Yi, 1988). 

The stages of model testing with SmartPLS analysis include the following stages:  

1. Outer model testing, namely testing the measurement model to prove validity and estimate the reliability of indicators 
and constructs. Some of the requirements that must be met are: 

 a. The indicator loading factor must be more than 0.7 

 b. AVE of reflective construction is more than 0.5 

 c. The square root of AVE must be greater than the correlation between constructs 

 d. Cronbach Alpha is more than 0.7 and composite reliability is more than 0.7 

2. Goodness of fit model testing is conducted to assess the predictive power and feasibility of the model. The criteria it uses 
are: 

a. Q2 predictive relevance to see the predictive power of the model obtained from the Smartpls blindfolding output 

b. Model fit is assessed to determine whether the model and data are suitable for testing the influence of variables. One key 
condition is that the Standardized Root Mean Square Residual (SRMR) must be less than 0.10. 

3. The inner model is tested to evaluate the significance of the impact of exogenous variables on endogenous variables. 

a.  A significance test is conducted with the criteria of p-value < 0.05 or T-value > 1.96, which can be observed from the 
SmartPLS bootstrapping output. 

b. The magnitude of the partial influence (f2) can be seen from the output of the SmartPLS algorithm. 

c. The magnitude of the simultaneous influence (R2) can be seen from the output of the SmartPLS algorithm. 
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5. Discussion  

Table 1 presents details of the personal characteristics of the participants in this survey.  

Table 1 
Descriptive Comparison of Respondent Profile between Indonesia (250) and Malaysia (298) 

Variables Indonesia Malaysia   Variables Indonesia Malaysia 
Gender       Industry Sector     
Male 49.2 34.9   Public Sector 8.5 21.9 
Female 50.8 65.1   Private Sector 82.9 73.4 
        Not-For-Profit Sector 1.6 4.7 
Age       Others 7 0 
18 - 24 29.1 3.2         
25 - 29 26.7 11.5   Firm Age      
30 - 34 19.4 35.3   Less that 1 year 8.5 0.4 
35 - 39 12.8 34.9   '1 - 3 82.9 0.7 
40 - 44 6.2 11.9   '4 - 6 1.6 6.1 
45 - 49 5 2.2   '7 - 9 7 28.4 
50 - 54 0.8 1.1   10 and above 0 64.4 

Source: Data processing output  

Based on Table 1, it shows that there are more female respondents in both Indonesia and Malaysia than men. This represents 
that the number of female workers' participation in these two countries is starting to increase. The female labor force 
participation rate in Indonesia is 53.7% while in Malaysia it is 51.2%. On the other hand, the male labor force participation 
rate in Indonesia is 81.5%, compared to Malaysia's 77.6% (Santika, 2023). The number of generation Z aged 9 – 24 years 
in Indonesia (29.1%) is higher than in Malaysia (3.2%). The number of generation Y or millennials aged 25 – 40 years in 
Indonesia (58.9%) is lower than in Malaysia (81.7%). The number of generation X aged 41 – 56 in Indonesia (12%) is lower 
than in Malaysia (15.2%). Based on the number of generations, it can be said that generation Z in Indonesia is older, while 
in Malaysia there is more generation Y. These generational differences give rise to differences in perceptions and responses 
to the use of technology. Based on the industrial sector, the number of respondents in Indonesia who work in private sector 
companies compared to the public sector is 9.7 to 1. On the other hand, the composition of private sector workers compared 
to the public sector in Malaysia is 3.3 to 1. What is interesting is that 82.9 percent of the company's age in Indonesia is 
between 1 and 3 years old, while 92.8 percent of companies in Malaysia are over 7 years old. 

6. Structural Equation Modeling (SEM) Test: Evaluation of the Measurement Model (Outer Model) 

The outer model looks at the relationship between latent variables and indicator variables. In this research, a reflective 
indicator model is used, namely the direction of the relationship or arrow from the latent variable to the indicator which is 
expected to be correlated between the indicators. If several indicators are removed it does not change the meaning of the 
latent variable. The outer model is evaluated to present the results of the validity test, which determines the capability of 
the research instrument. Meanwhile, the reliability test measures a concept and assesses the consistency of respondents' 
answers to the questionnaire items. The criteria for the convergent validity value are that the loading factor value must be > 
0.7 and the Average Variance Extracted value must be > 0.5 to be declared valid. Based on the results of the SEM Outer 
model test in this study, Convergent validity is the loading factor value for Indonesia, there are indicators that are declared 
invalid with a value <0.7, namely the indicators CL 6 (0.671), COML1 (0.698), MVL1 (0.682), and MVL2 (0.694 ). All of 
these indicators are related to the digital literacy variable. The reliability test is used to measure the consistency of measuring 
instruments in measuring a concept and to measure the consistency of respondents in answering question items in the 
research questionnaire which can be seen at the Cronbach's Alpha value > 0.6; rho_A > 0.7; Composite Reliability > 0.7; 
and an AVE value > 0.5 is declared reliable. 

Table 2 
Reliability Construct for Indonesia 

 Cronbach's 
 

rho_A Composite 
 

Average Variance 
  ATT 0.961 0.962 0.965 0.663 

CL_ 0.966 0.968 0.969 0.588 
EMP 0.965 0.967 0.968 0.671 

IL 0.955 0.956 0.962 0.736 
PEOU 0.946 0.947 0.955 0.702 

PU 0.970 0.970 0.973 0.718 
 

Table 3  
Reliability Construct for Malaysia 

 Cronbach's 
 

rho_A Composite 
 

Average 
 
 

 

ATT 0.961 0.962 0.965 0.663 
CL_ 0.966 0.968 0.969 0.588 
EMP 0.965 0.967 0.968 0.671 

IL 0.955 0.956 0.962 0.736 
PEOU 0.946 0.947 0.955 0.702 

PU 0.970 0.970 0.973 0.718 
 

Source: Data processing output 

The loading factor value for Malaysia is > 0.7. Thus, all indicators are declared valid. The reliability test can be seen at the 
Cronbach's Alpha value > 0.6; rho_A > 0.7; Composite Reliability > 0.7; and an AVE value > 0.5 is declared reliable. 

Structural Model Evaluation (Inner Model) 
 

The components of the inner model assessment are the R-Square value, Effect Size f2, Q Square, predictive relevance and 
Goodness of Fit (GoF) and significance. Rsquare assesses the magnitude of the influence of certain endogenous latent 
variables on exogenous alternative variables with the criteria if 0.75 (strong); 0.50 (moderate), and 0.25 (weak). 
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Table 4 
Comparison of R2 and adjusted R2 between Indonesia and Malaysia 
Model Indonesia  Malaysia 

 R Square R Square Adjusted Remark R Square R Square Adjusted Remark 

ATT 0.84 0.84 Strong 0.64 0.64 Moderate 

EMP  0.82 0.82 Strong 0.7 0.7 Moderate 

PEOU 0.82 0.82 Strong 0.68 0.68 Moderate 

PU 0.76 0.76 Strong 0.59 0.58 Moderate 
Source: Data processing output 

The analysis results for Indonesia in Table 4 show that Attitude Towards Use (ATT) can be explained by Perceived Ease of 
Use (PEOU) and Perceived Usefulness (PU) of 84%, including in the strong category.  Employability can be explained by 
Attitude towards Use (ATT) of 82%, included in the strong category. Perceived Ease of Use (PEOU) can be explained by 
digital literacy (DL) and information literacy (IL) of 82%, including strong. Perceived Usefulness (PU) can be explained 
by digital literacy (DL) and information literacy (IL) of 76%, including strong. The analysis results for Malaysia in Table 4 
show that Attitude Towards Use (ATT) can be explained by Perceived Ease of Use (PEOU) and Perceived Usefulness (PU) 
of 64%, including in the moderate category.  Employability can be explained by Attitude towards Use (ATT) of 70%, 
included in the moderate category. Perceived Ease of Use (PEOU) can be explained by digital literacy (DL) and information 
literacy (IL) of 88%, including moderate. Perceived Usefulness (PU) can be explained by digital literacy (DL) and 
information literacy (IL) of 58%, including moderate. F-square is used to see whether the influence between variables is 
large or small with a criterion of 0.02 (small); 0.15 (medium), and 0.35 (large) which means that the latent variable predictor 
has an influence at the structural level. Below, the F square table for each country. 

Table 5  
F square value between Indonesia and Malaysia 

 
Indonesia  ATT CL_ EMP IL PEOU PU 
ATT   0.362    
CL_   0.137  0.262 0.433 
EMP       
IL   0.006  0.297 0.050 
PEOU 0.137      
PU 0.861      

 

Malaysia ATT DL EMP IL PEOU PU 
ATT   0.159    
DL   0.503  0.595 0.017 
EMP       
IL   0.005  0.063 0.076 
PEOU 0.209     0.126 
PU 0.294      

 

Source: Data processing output 

Based on Table 5 for Indonesia and Malaysia, a comparison of the effect sizes can be made as follows: 

Remark Indonesia  Malaysia 

Fsquare size effect big 
 

CL_ towards PU 
PU towards ATT 
ATT towards EMP 

DL towards EMP  
DL towards PEOU 

Fsquare size effect moderate CL_ towards PEOU 
IL towards PEOU 

ATT towards EMP  
PEOU towards ATT 

Fsquare size effect small CL_ towards EMP  
IL towards EMP  
PEOU towards ATT 

DL towards PU 
IL towards EMP  
IL towards PEOU 
IL towards PU 
PEOU towards PU 

 

In Indonesia, Computer Literacy (CL) on Perceived Usefulness (PU), PU on Attitude towards Use (ATT), and ATT on 
Employability (EMP) have a big influence. On the other hand, Information Literacy (IL) and CL have a small influence on 
Employability. Likewise, Perceived Ease of Use (PEOU) has little influence on ATT. In Malaysia, what has a big influence 
is Digital Literacy (DL) on EMP and PEOU. However, DL has a small influence on PU, as does IL on EMP, PEOU, and 
PU. Likewise, the influence of PEOU on PU is small. Parth Coefficients are values to indicate the direction of variable 
relationships. There are two directions of variable relationships, namely positive and negative directions. The following is 
a table of partial coefficients for each country. 

Table 6 shows that the influence between variables in Indonesia is positive. However, the effect of IL on EMP was not 
significant. The influence between variables in Malaysia for IL on EMP is negative and not significant. The influence 
between other variables that is not significant is DL on PU. Predictive relevance shows that the model has good predictive 
relevance or observation value using the blindfolding procedure. A Q2 value > 0 indicates that the model has good predictive 
relevance or observation value. 
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Table 6 
Path Coefficients for Indonesia and Malaysia 

INDONESIA Original 
Sample  (O) 

Sample Mean 
(M) 

Standard Deviation 
(STDEV) 

T Statistics 
(|O/STDEV|) P Values 

ATT → EMP 0.511 0.508 0.068 7.547 0.000 
CL_ → EMP 0.361 0.363 0.097 3.717 0.000 
CL_ → PEOU 0.453 0.451 0.080 5.663 0.000 
CL_ → PU 0.668 0.672 0.079 8.499 0.000 
IL → EMP 0.074 0.075 0.086 0.859 0.390 
IL → PEOU 0.482 0.482 0.084 5.708 0.000 
IL → PU 0.226 0.221 0.083 2.711 0.007 
PEOU → ATT 0.270 0.271 0.059 4.578 0.000 
PU → ATT 0.678 0.675 0.057 11.839 0.00 

 

MALAYSIA Original 
Sample (O) 

Sample Mean 
(M) 

Standard Deviation 
(STDEV) 

T Statistics 
(|O/STDEV|) P Values 

ATT → EMP 0.330 0.335 0.063 5.247 0.000 
DL → EMP 0.622 0.618 0.082 7.618 0.000 
DL → PEOU 0.654 0.652 0.036 18.396 0.000 
DL → PU 0.157 0.163 0.103 1.529 0.127 
IL → EMP -0.059 -0.060 0.070 0.852 0.395 
IL → PEOU 0.213 0.209 0.048 4.415 0.000 
IL → PU 0.274 0.265 0.071 3.842 0.000 
PEOU → ATT 0.395 0.394 0.053 7.413 0.000 
PEOU → PU 0.404 0.399 0.074 5.445 0.000 
PU → ATT 0.468 0.463 0.052 8.936 0.000 

Source: Data processing output 

Table 7 
Predictive Relevance (Q2 = 1-SSE/SSO) 

INDONESIA  SSO SSE Q² MALAYSIA SSO SSE Q² 
ATT 3500.000 1578.146 0.549 ATT 4172.000 1850.536 0.556 
DL 5500.000 5500.000  DL 6556.000 6556.000  
EMP 3750.000 1723.575 0.540 EMP 4470.000 1858.734 0.584 
IL 2250.000 2250.000  IL 2682.000 2682.000  
PEOU 2250.000 969.661 0.569 PEOU 2682.000 1111.393 0.586 
PU 3500.000 1577.467 0.549 PU 4172.000 2022.765 0.515 

Source: Data processing output 

Based on Table 7, the Q2 value is above 0, indicating that all models have good predictive relevance or observation value. 
The Q square from this research was 0.549 or 54.9%. It can be concluded that this model can explain the information 
contained in research data by 54.9%. Measures of model suitability in SmartPLS use Standardized Root Mean Square 
Residual (SRMR), d_ULS and d_G, Normed Fit Index (NFI), and Chi2. The Standardized Root Mean Square Residual 
(SRMR) is the difference between the sample correlation matrix and the model prediction correlation matrix. This measure 
allows for assessing the average magnitude of the difference between the observed and expected correlations, serving as an 
absolute measure of model fit criteria to avoid model specification errors (Henseler et al., 2014). A value of less than 0.08 
indicates a fit model, while a value between 0.08 to 0.10 is still acceptable (Hu and Bentler, 1999). 

d_ULS is the Squared Euclidean Distance and d_G is the Geodesic Distance used to compare the original value with a 
confidence interval derived from the sampling distribution. The confidence interval must include the original value, meaning 
the upper limit of the confidence interval must be greater than the initial value of the d_ULS and d_G criteria to indicate 
that the model has a "good fit." A model is considered good if the difference between its correlation matrix and the empirical 
correlation matrix is minimal enough to be attributed solely to sampling error. 

The Normed Fit Index (NFI) is calculated as 1 minus the ratio of the Chi-square (Chi²) value of the proposed model to the 
Chi-square (Chi²) value of the null model. As a result, the NFI produces a value between 0 and 1. The closer the NFI is to 
1, the better the match. NFI values above 0.9 usually indicate acceptable suitability. The weakness of NFI is that it does not 
pay attention to model complexity. The more parameters in the model, the greater (better) the NFI results.  Chi square tests 
the relationship or influence of two nominal variables and measures the strength of the relationship between one variable 
and another nominal variable (C = Coefficient of contingency). Chi square is a statistical test used to test the difference 
between a theoretical (assumed) distribution and an observed distribution. 
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Table 8 
Goodness of Fit Model 

Name of Index Adequate of Model Fit Indonesia Malaysia 

  Saturated 
Model 

Estimated 
Model 

Saturated 
Model 

Estimated 
Model 

Standardized Root Mean Square Residual (SRMR)  < 0.08 model fit 
     

0.05 0.05 0.05 0.05 

d ULS (squared Euclidean distance)  P < 0.05 8.98 9.64 7.06 9.63 

d G (Geodesic distance) P < 0.05 6.72 6.84 5.69 5.77 

Normed Fit Index (NFI)  > 0.9 good fit 
     

0.72 0.71 0.82 0.82 

Chi square  < 0.05 7487.33 7517.49 7981.31 8005.62 

RMS Theta < 0.1 0.1  0.11  
Source: Data processing output 

Table 8 shows the RMS Theta values for Indonesia and Indonesia are 0.1 and 0.11 respectively. Thus, the model in this 
study has met the criteria for good model fit. 

7. Hypothesis Testing 

Hypothesis testing uses a significance level of 5% or 0.05, namely with a value of 1.96. If the statistical T value is > 1.96 
then it is declared significant and the hypothesis can be accepted. Table 9 shows the hypothesis test of direct influence and 
indirect influence between variables in Indonesia. 

Table 9   
Path Coefficient (Direct effect) 

INDONESIA Original Sample 
 

Sample Mean 
 

Standard Deviation 
 

T Statistics 
 

P Values 
ATT → EMP 0.511 0.508 0.068 7.547 0.000 
CL_ → EMP 0.361 0.363 0.097 3.717 0.000 
CL_ → PEOU 0.453 0.451 0.080 5.663 0.000 
CL_ → PU 0.668 0.672 0.079 8.499 0.000 
IL → EMP 0.074 0.075 0.086 0.859 0.390 
IL → PEOU 0.482 0.482 0.084 5.708 0.000 
IL → PU 0.226 0.221 0.083 2.711 0.007 
PEOU → ATT 0.270 0.271 0.059 4.578 0.000 
PU → ATT 0.678 0.675 0.057 11.839 0 

Source: Data processing output 

The direct effect in Table 9 shows that the effect of information literacy on employability (IL →EMP) is not significant. IL 
shows a person's ability to use and manage information. The insignificance of the IL → EMP relationship is attributed to 
the low level of IL training preparation. Hence, a standardized IL preparation and training program is essential to improve 
the IL skills needed by workers in the workplace. 

Table 10 
Indirect Effect 

INDONESIA Original Sample (O) Sample Mean 
(M) 

Standard 
Deviation 
(STDEV) 

T Statistics 
(|O/STDEV|) P Values 

ATT → EMP      
CL_ → ATT 0.575 0.575 0.067 8.541 0.000 
CL_ → EMP 0.294 0.293 0.056 5.296 0.000 
CL_ → PEOU      
CL_ → PU      
IL → ATT 0.284 0.281 0.072 3.946 0.000 
IL → EMP 0.145 0.142 0.040 3.667 0.000 
IL → PEOU      
IL → PU      
PEOU → ATT      
PEOU → EMP 0.138 0.138 0.036 3.858 0.000 
PU → ATT      
PU → EMP 0.347 0.343 0.054 6.411 0.000 

Source: Data processing output 

Table 10 for direct effects shows that all effects are significant. The two biggest influences are computer literacy on Attitude 
toward Use (CL → ATT) of 0.575 and Perceived Usefulness on Employability (PU → EMP) of 0.347. Individuals with 
computer literacy (CL) have the technical and operational skills to use technology. CL is the intersection of technical, 
cognitive, and social-emotional dimensions (Ng, 2012). Knowledge of operating computers in the workplace is a technical 
dimension. The ability to critically operate a computer, evaluate, and manage information effectively to enhance network 
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navigation, avoid disorientation, and improve knowledge-building capabilities. The ability to use internal networks while 
respecting others' privacy and adhering to rules in various contexts and environments as part of social-emotional skills. 
Thus, CL has an impact on Attitude toward Use (ATT). Perceived Usefulness (PU) shows subjective perceptions regarding 
technology to improve work performance. Good subjective perception about the use of technology will improve 
performance. Table 11 shows the hypothesis test of direct and indirect effects between variables in Malaysia. 

Table 11  
Path Coefficient (Direct effect) 

MALAYSIA Original Sample (O) Sample Mean 
(M) 

Standard Deviation 
(STDEV) 

T Statistics 
(|O/STDEV|) P Values 

ATT → EMP 0.330 0.335 0.063 5.247 0.000 
DL → EMP 0.622 0.618 0.082 7.618 0.000 
DL → PEOU 0.654 0.652 0.036 18.396 0.000 
DL → PU 0.157 0.163 0.103 1.529 0.127 
IL → EMP -0.059 -0.060 0.070 0.852 0.395 
IL → PEOU 0.213 0.209 0.048 4.415 0.000 
IL → PU 0.274 0.265 0.071 3.842 0.000 
PEOU → ATT 0.395 0.394 0.053 7.413 0.000 
PEOU → PU 0.404 0.399 0.074 5.445 0.000 
PU → ATT 0.468 0.463 0.052 8.936 0.000 

Source: Data processing output 

The direct influence in Table 11 shows that the influence of digital literacy on Perceived Usefulness (DL → PU) and 
information literacy on employability (IL → EMP) is not significant. IL shows a person's ability to use and manage 
information. The insignificance of IL → EMP in Malaysia is the same as in Indonesia. This problem stems from the 
inadequate level of IL training preparation. Therefore, a standardized IL preparation and training program is essential to 
enhance the IL skills required by workers in the workplace. 

Tabel 12 
Indirect Effect 

MALAYSIA Original Sample (O) Sample Mean 
(M) 

Standard Deviation 
(STDEV) 

T Statistics 
(|O/STDEV|) P Values 

ATT → EMP      
DL → ATT 0.456 0.453 0.057 8.047 0.000 
DL → EMP 0.150 0.152 0.039 3.900 0.000 
DL → PEOU      
DL → PU 0.264 0.261 0.052 5.038 0.000 
IL → ATT 0.253 0.246 0.057 4.450 0.000 
IL → EMP 0.083 0.082 0.024 3.504 0.000 
IL → PEOU      
IL → PU 0.086 0.084 0.026 3.311 0.001 
PEOU → ATT 0.189 0.185 0.042 4.529 0.000 
PEOU → EMP 0.193 0.194 0.042 4.566 0.000 
PEOU → PU      
PU → ATT      
PU → EMP 0.154 0.155 0.033 4.627 0.000 

Source: Data processing output 

Table 12 for direct effects shows that all effects are significant. The two biggest influences are digital literacy on Attitude 
toward Use (DL → ATT) of 0.456 and digital literacy on Employability (DL → PU) of 0.264. Individuals with digital 
literacy (DL) possess the technical and operational skills necessary to utilize technology effectively. DL encompasses the 
intersection of technical, cognitive, and social-emotional dimensions (Ng, 2012). The technical dimension involves having 
the knowledge to operate digital tools in the workplace. The cognitive dimension includes the ability to critically operate 
digital technology, evaluate and manage information efficiently to enhance network navigation, avoid disorientation, and 
boost knowledge-building capabilities. Ability to use networks and learn to respect other people's privacy and obey rules in 
different contexts and environments as a social emotional. Thus, DL has an impact on Perceived Usefulness (PU). 

8. Conclusion  

In Indonesia, Computer Literacy (CL) on Perceived Usefulness (PU), PU on Attitude towards Use (ATT), and ATT on 
Employability (EMP) have a big influence. On the other hand, Information Literacy (IL) and CL have a small influence on 
Employability. Likewise, Perceived Ease of Use (PEOU) has little influence on ATT. 

The effect of information literacy on employability (IL →EMP) is not significant. IL shows a person's ability to use and 
manage information. The insignificance of the IL → EMP relationship is due to the low level of IL training preparation. 
Consequently, a standardized IL preparation and training program is necessary to enhance the IL skills required by workers 
in the workplace. 



D. S. Kodrat et al.  / Decision Science Letters 13 (2024) 
 

863 

Individuals with computer literacy (CL) have the technical and operational skills to use technology effectively. CL 
encompasses technical, cognitive, and social-emotional dimensions (Ng, 2012). The technical dimension involves operating 
computers at work. The cognitive dimension includes critically using computers, managing information to improve 
navigation, and enhancing knowledge-building. The social-emotional dimension involves using networks responsibly, 
respecting privacy, and adhering to rules in various contexts. Thus, CL impacts Attitude toward Use (ATT). 

Perceived Usefulness (PU) shows subjective perceptions regarding technology to improve work performance. Good 
subjective perception about the use of technology will improve performance. 

In Malaysia, what has a big influence is Digital Literacy (DL) on Employability (EMP) and Perceived Ease of Use (PEOU). 
However, DL has a small influence on PU, as does IL on EMP, PEOU, and PU. Likewise, the influence of PEOU on PU is 
small. 

IL shows a person's ability to use and manage information. The insignificance of IL → EMP in Malaysia is the same as in 
Indonesia. This situation is due to the insufficient level of IL training preparation. Thus, implementing a standardized IL 
preparation and training program is crucial to improve the IL skills needed by workers in the workplace. 

Individuals with digital literacy (DL) have the technical and operational skills to use technology effectively. DL 
encompasses technical, cognitive, and social-emotional dimensions (Ng, 2012). The technical dimension involves operating 
digital tools at work. The cognitive dimension includes critically using digital technology, managing information to improve 
navigation, and enhancing knowledge-building. The social-emotional dimension involves using networks responsibly, 
respecting privacy, and adhering to rules in various contexts. Consequently, DL positively impacts Perceived Usefulness 
(PU). 
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