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 This study conducts the theme of The Causes of Financial Distress conditions by samples from 
Indonesian banking sector registered in the Financial Services Authority of Indonesia within 
the period of 2015-2019. The title of this study: "Indicators of Financial Distress condition in 
Banking sector in Indonesia” during the period of 2015-2019" with a multiple correlation 
approach. The purpose of this study is to determine the effect of leverage of Credit Risk, CAR, 
ROA, and LDR to the Financial Distress conditions. The sample of population in this study are 
all conventional commercial banks in Indonesia registered in the Financial Services Authority 
of Indonesia. The number of samples in this study were included 37 commercial banks that 
their profitabilities were being declined, with a total number 146 observations. The method 
carried out in determining the sample is “Purposive” sampling.  Based on the results of study 
and data analysis using the panel data method, it shows that capital, credit risk, profitability 
and liquidity have a positive effect on Financial Distress. The implication of the above 
conclusion is that it required further research to perform preventive actions to anticipate the 
measures of financial performance of the Bank, and it is expected to select a larger population 
of samples and variables that might have not been included in research on banking Financial 
Distress in Indonesia.  
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1. Introduction 

During the pandemic, the Covid 19 outbreak has been becoming a global issue and had a devastating impact on the global 
economy. During the Covid 19 pandemic, which has been sticking out since early 2019, it has imposed new policies, 
especially the economic policies. The banking sector, which is the driving force for the economy, both nationally and 
internationally, has a very important role in restoring the global economic downturn into better economic condition. Most 
of the economic sectors, especially the financial, require banking services. During the Covid 19 pandemic, most countries 
throughout the world had been affected by economic downturns caused by the policy of Limitation of large-scale economic 
activity, some countries even implemented ‘Lock down’ policies. The banking sector is one of the economic sectors that 
has been adversely impacted on decreasing income, since Non-performing Loan problems and issue of restrictions on 
international transactions are increased, which have generated financial distress in the banking sector, as well as in 
Indonesian banking sector. The issue of financial distress that occurs in banking is one of the risks that can appear and need 
to be recovered. One of the most visible risks and considered to be the main cause of bank default is a credit risk (Vassalou 
& Xing, 2004), therefore credit creation program is an activity to generate main income of the bank (Kargi, 2011). Credit 
risk is the main factor affecting the financial distress and if credit risk is continuously improved, it will derive financial 
distress, even leading to bankruptcy. Predicting the financial distress is the aim of knowing earlier prior to the bankruptcy 
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stage, besides the credit risk as the main factor, there are other factors that can affect financial distress conditions in the 
banking sector, they are including; capital, decreasing profits, the amount of third party funds allocated channeled for loans 
and management. These factors in many studies are used to measure financial distress and bankruptcy in the banking sector 
by using the term of CAMEL, namely Capital, Asset Quality, Management, Earning, Liquidity. Over the past two decades, 
many organizations in all sectors of the economy have received financial difficulties, so it is required to identify models 
that can assist investors evaluating corporate finances (Ashraf et al., 2019). The same condition also is raised in Indonesia 
where several banks and non-bank financial institutions are affected by financial difficulties and even bankruptcy, so that 
for assisting investors in assessing and evaluating the current and future financial condition of companies, it is necessary 
formulate a viable predictive model of financial distress and bankruptcy. 

There are literally many studies associated with financial distress, including Brownbridge (1998) Altman (2002), Plat and 
Plat (2002), Rahman et al. (2004), Zaki et al. (2011). Research on the financial distress still has come to attention from 
researchers among academics, including Lee and Mullineaux (2014), Keffala et al. (2018), Gadzo et al. (2019), Ledhem 
and Mekidiche (2020). The studies were conducted as an early warning measure for financial distress. Research on 
prediction of financial distress affected by credit risk factors conducted by some researchers declared different results among 
them, some have a positive effect, and some have a negative effect.  Researchers who declared the positive effects and some 
declared a negative effect (Muriithi et al., 2016). Moreover, some other studies reported contradicting results. Other than 
credit risk, there are several other factors that create financial distress, namely Capital Adequacy (Capital), Profitability 
(Earning), Liquidity (Liquidity).  These factors are commonly used to predict financial distress with the CAMEL framework 
in banking sectors in several countries.  Several studies that predict financial distress in the banking sector with the CAMEL 
framework are Rahman et al. (2004), Keffala et al. (2017), Gutiérrez-López and Abad-González (2020. Research on 
financial distress prediction using the CAMEL framework by Indonesian researchers includes Kurniasari and Ghozali 
(2013), Kuncoro and Agustina (2017), Yurivin and Mawardi (2018), etc. The purpose of this study is to determine and 
analyze the impact of variables Capital, Credit Risk, Profitability and Liquidity on Financial Distress by sampling 
conventional commercial banks in Indonesia within the period of 2015-2019. Various variables that have potentially strong 
implications to Financial Distress conditions include Capital, Credit Risk (Assets Quality), Management, Profitability 
(Earning), and Liquidity.  The scope of this study will be limited to variables Capital proxied by a Capital Adequacy Ratio 
(CAR), Profitability proxied by Return on Assets (ROA), Liquidity proxied by the Loan to Deposit Ratio (LDR) that those 
are able to encourage Financial Distress condition. 

2. Literature review and hypothesis development 
 
2.1 Financial Distress 
 
Fitzpatrick (1932) was one of the first ones who defined financial distress. According to his study, financial distress is 
defined as a company's inability to meet its current financial obligation to creditors. Financial distress can manifest in 
various forms, depending on the type of event that occurred such as bankruptcy, unclosed bonds, bank overdrafts or unpaid 
priority shares dividend (Beaver 1966).  Other definitions of financial distress; Plat and Plat (2002) define financial distress 
as a late stage of corporate decline in financial conditions that precede more cataclysmic event such as bankruptcy stage, 
then Brigham and Daves (2003) financial distress begins when the company cannot meet the payment schedule or when 
cash flow projections indicate that the company will soon to be unable to meet its obligations.  Others define that financial 
distress is a condition of liquidity difficulty that precedes bankruptcy. The banking sector is strongly required to take its 
role as a driving force of the economy, so that in case of financial distress it will disrupt the economy and derive a negative 
impact on the economic sector.  Banks in financial stress condition and even on verge of bankruptcy will disrupt payment 
system activities and will disrupt the distribution of credit loans to local communities (Gilbert and Meyer, 1991). 
Researchers who still pay attention to financial stress, including Keffala (2018), Gadzo et al. (2019), Ledhem and Mekidiche 
(2020), Onsongo et al. (2020). 
 
2.2 Capital  
 
Capital is concrete goods that are still in the company's household stated on the debit balance as well as value of the 
purchasing power or exchange rate of goods listed on the credit balance. Meanwhile, the definition of capital could be 
defined as a kind of loan within a certain period of time owned by a company, or all the accounts contained in the right-
hand column of the company balance sheet statement other than the current obligations.  Capital based on the sources can 
be divided into internal capital that comes from internal sources within the company and external capital that sourced from 
outside of the company. The role level of capital is a buffer against losses caused by non-performing loans or defaulted 
loans.  Adequacy of Capital can reduce losses and risks.  In addition, Capital can shore up bank financing and operations, 
provide protection to depositors and other creditors, and inspire trust among depositors and regulators.  (Rahman et. Al, 
2004).  It can be concluded that credit loan default will reduce capital adequacy, this will result bank CAR to decline, and 
low CAR indicates the bank is unhealthy. An unhealthy condition will impose the bank to reserve more liquidity to increase 
capital adequacy.  The higher level of capital secured by the bank; it will be much stronger to cover risks of loss. Several 
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studies support the results that CAR has a positive effect on Financial Distress. Based on the above description, the 
hypothesis can be formulated as follows: 
 
H1: Capital has a positive effect on Financial Distress. 
 
2.3 Credit Risk 

The main cause of bank failure and the most visible risk faced by banks is credit risk (Gup et al., 2007; Ashraf et al., 
2019).  NPL is a credit risk, much higher level of the NPL, much higher the cost of the Provision for Loan Losses (PPAP) 
which is a cost and will obviously reduce profits (Rahman et.al).  In the banking sector, credit risk management is an 
important part of risk management, so it must be controlled properly and effectively for long-term survival (Zribi & 
Boujelbene (2011). Several previous studies on the effect of credit support the result that credit risk has a positive effect on 
financial distress conditions, such as Isanzu (2017). Based on the above description, the hypothesis can be formulated as 
follows: 
 
H2: Credit risk has a positive effect on Financial Distress. 

2.4  Profitability  
 
Profitability is the bank's ability to generate profits.  Profitability is proxied by Return on Assets (ROA). More profit can be 
generated, more retained earnings can be served to strengthen the capital and far more resilient in covering risks. Several 
studies support the results that profitability has a positive effect on Financial Distress (Kablay & Gumbo, 2020). Based on 
the above description, the hypothesis can be formulated as follows:  
 
H3: Profit (earnings) has a positive effect on Financial Distress. 

2.5  Liquidity 
 
Liquidity that is proxied by the Loan To Deposit Ratio (LDR) which is how much credit is distributed to third party funds, 
so the LDR calculation is the ratio between loans disbursed and third party funds.  The higher the ratio indicates the lower 
level of liquidity of the bank.  Several studies support the result that Liquidity has positive effect on financial distress 
(Keffala, 2018).  Based on the descriptions, the hypothesis can be formulated as follows: 
  
H4: Liquidity has a positive effect on financial distress. 

From the explanation of the above hypothesis, the following research model is obtained: 

 

 

 

 

 

Fig. 1.  Reserach Model 

3. Method of study  
 

3.1 Types of research 

This research is an associative research as the aim is for analyzing and knowing the correlation between two or more 
variables (Sugiyono, 2017: 37).  This study will examine the theory or hypothesis with statistical approach by measuring 
linearly and explaining the causal correlation between variables, where the formulated hypothesis will result in a statement 
whether it is ‘accepted’ or ‘rejected. 

3.2 Population and Sample 

 The population in this study are all conventional commercial banks in Indonesia registered in the Financial Services 
Authority of Indonesia within the period 2015-2019.  The population in this study included 146 observations. From the total 
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number of populations, sampling will be selected among the populations. Determination of the sample in this study using a 
non-probability sampling method, namely purposive sampling which is a method of determining samples with certain 
considerations (Sugiyono, 2017: 120).  The criteria specifically in this study are: (1) conventional commercial banks 
registered in the Financial Services Authority of Indonesia within the period of 2015-2019, (2) Banks that being in Earning 
decline within the period of 2015-2019, (3) Commercial banks that release the completed annual financial reports to public 
within the period of 2015-2019, (4) the bank that can be easily accessed to obtain entire variables data for this research 
purposes within the period of 2015-2019. 

3.4 Data collection technique 

Data collection technique with Literature and documentation reviews. Literature review was carried out by searching for 
relevant references, studying books, journals, articles and the results of study from the researchers that are relevant to the 
scope of this study. Documentation was carried out by collecting secondary data such as time series of published annual 
reports of national conventional commercial banks within the period of 2015-20119, then data processing.     

3.5 Variables of Research 

In this study, five variables of research were included to assess, one dependent variable and four independent variables. The 
dependent variable in this study is Financial Distress, while the independent variables are Capital Adequacy Ratio (CAR), 
Credit Risk (CR), Return On Assets (ROA), Loans to Deposit Ratio (LDR). 

Financial Distress (FD) 

Financial distress  can be assessed by the formula or equation of the Modified Zscore Model, Altman Zscore (1995), which 
is a model for non-producers and for developing country markets.     

Z  =  6.56 (X 1 ) + 3.26 (X 2 ) + 6.72 (X 3 ) + 1.05 (X 4 ) 

where 
X1 = Working Capital / total assets, 
X2 = Retained Earning / total assets, 
X3 = Earning before interest and taxe / total assets, 
X4 = Equity market value / Book value of Debt 

Capital Adequacy Ratio (CAR), calculated by the following formula:  

𝐶𝐴𝑅 =  Capital𝑅𝑖𝑠𝑘 𝑊𝑒𝑖𝑔ℎ𝑡𝑒𝑑 𝐴𝑠𝑠𝑒𝑡 (𝑅𝑊𝐴) 

Credit Risk (CR), calculted by the following formula: 𝑅𝑒 𝐴𝑑𝑗𝑢𝑠𝑡𝑒𝑑 𝑅𝑒𝑡𝑢𝑟𝑛 𝑂𝑛 𝐶𝑎𝑝𝑖𝑡𝑎𝑙 (RAROC)   = ୖୣ୲୳୰୬ோ௦ ௐ௧ௗ ௦௦௧ (ோௐ) 
Return On Asset (ROA), calculted by the following formula: 𝑅𝑒𝑡𝑢𝑟𝑛 𝑂𝑛 𝐴𝑠𝑠𝑒𝑡 (𝑅𝑂𝐴) =    = ୣ୲ ୍୬ୡ୭୫ୣ ()்௧  ௦௦௧  

Loans to Deposit Ratio (LDR), calculted by the following formula: 

   LDR =      ୭ୟ୬  ୭୲ୟ୪ ୲୦୧୰ୢ ୮ୟ୰୲୷ ୳୬ୢ (ୈୣ୮୭ୱ୧୲) 
 
 
3.6 Data analysis technique 
 
 1. Data Analysis Method 
 
Data analysis was performed with Multiple Regression Analysis using the SPSS program (Ghozali, 2013), which consists 
of: 



A. Haris et al. / Accounting 8 (2022) 31

 
 2. Classic Assumption Test 
 
The collected data is tabulated and then the classical assumption test will be carried out as a prerequisite for regression 
analysis as follows: 
 
a. Normality test 

To find out whether the residuals studied were normally distributed or not, a normality test was performed.  By using 
the Kolmogorov Smirnov method.  The standardized residual value curve is said to spread normally if the Kolmogorov 
Smirnov Z <Z table or the Asymp value.                      Sig.  (2-tailed)> α.  

b. Multicollinearity Test 
To determine the presence or absence of multicollinearity between variables, a multicollinearity test was performed. If 
the regression equation contains multicollinearity symptoms, it means there is a correlation (near perfect) between the 
independent variables.  If the Variance Inflation Factor (VIF) value is not more than 10, this indicates that there is no 
multicollinearity symptom, meaning that there is no relationship between the independent variables. In addition, that 
using the VIF value, it can also find out the value of the correlation coefficient between the independent variables, if not 
less than 0.5, the model does not contain elements of multicollinearity. 

c. Heteroscedasticity Test 
To determine the variance of variables in the model that are not the same (constant), a heteroscedasticity test was 
performed.  To detect the presence or absence of heteroscedasticity symptoms in this study, the Glejser method is then 
to be used.  The symptom of heteroscedasticity is indicated by the regression coefficient of each independent variable 
on the absolute value of the residue (e), if the probability value> alpha value (0.05), then the model does not contain 
elements of Heteroscedasticity. 

d. Autocorrelation Test 
The autocorrelation test is a statistical analysis conducted to determine whether there is a correlation between the 
variables in the prediction model and changes in time.  Therefore, if the assumption of autocorrelation used in a 
prediction model, the disturbance value is no longer paired independently, but is paired in autocorrelation. 

 
3.  Multiple Regression Analysis 
 
Regression equation/formula 
 
Multiple regression can be used to examine correlation between dependent variables and four independent variables. The 
correlation which is formulated to test the truth of hypothesis statements of the research.  In general the multiple regression 
formula is as follows:    

 
Y = a + b1X1 + b2X2 + b3X3 .... + bnXn + e  

 
 

4. Results and discussion  
  

4.1 Descriptive Statistical Analysis 
 
This research was conducted on the conventional banking sector in Indonesia.  The variables examined in this study consist 
of Capital, Credit risk, Profitability, and Liquidity as independent variables and Financial Distress as the dependent variable.  
The results of descriptive statistics for these variables are presented in Table 1. 
 
Table 1 
Descriptive Statistic 

Variable N Min Max Mean Std. Deviation 
Capita (CAR) 146 11.62 51.28 22.4537 6.2306 
Credit risk (RAROC) 146 0.00 0.06 0.0247 0.0134 
Profitability (ROA) 146 0.15 4.24 2.0508 0.9800 
Liquidity (LDR) 146 55.35 128.08 91.2681 12.9677 
Financial Distress (Z Score) 146 0.51 3.13 1.5231 0.5085 

    

Based on Table 1, it is shown that the average capital value as proxied by the capital adequacy ratio (CAR) of conventional 
commercial banks in Indonesia in the period of 2015-2019 was 22.45 percent.  According to Bank of Indonesia Regulation 
No. 15 of 2013 concerning the Minimum Capital Requirement for Commercial Banks, the minimum CAR that must be 
reached by commercial banks is 8 percent.  While the data indicated that conventional commercial banks in Indonesia were 
still in sufficient capital adequacy since their average CAR was far above the recommended value. Based on Table 1, it is 
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known that the average value of credit risk as proxied by the risk adjusted return on capital (RAROC) of conventional 
commercial banks in Indonesia in the period of 2015-2019 was 2.47 percent.  Much lowering the RAROC value will indicate 
much higher credit risk for the bank.  A low RAROC means that the percentage of profits derived from risk-weighted assets 
is also at a low level. 

Based on Table 1, it is shown that the average value of the profitability variable which is proxied by return on assets in 
conventional banking in the period of 2015 to 2019 was 2.05 percent.  The data illustrated that the average profitability was 
in a fairly good condition since the banks were  able to generate positive returns.  The average value of the liquidity variable 
as proxied by the loan to deposit ratio (LDR) in conventional commercial banking sector in the period of 2015 to 2019 was 
91.26 percent.  The data indicated that in general the conventional banking sector in Indonesia reached a fairly good level 
of liquidity, or in other words, credit loans were effectively distributed.  The average value of the Financial Distress variable, 
which is proxied by the Altman Z-Score, was 1.52.  These data indicate that conventional commercial banks in Indonesia, 
despite reaching good level of profitability, the possibility of Financial Distress could remain, due to inconsistencies and 
fluctuations in Earning. 

  
4.1   Classic Assumption Test 

The right regression model is one that meets the BLUE (Best Linear Unbiased Estimator) principle.  Several prerequisite 
tests were carried out to obtain a good model, namely normality, multicollinearity and heteroscedasticity tests. 

 
a. Normality test 
 
The normality of data in a regression model is an important thing to get a good model or a model that meets the BLUE (Best 
Linear Un] Estimator) principle.  The normality test was carried out on the residual value.  The residual value is obtained 
from the differences between the actual Y value and the predicted Y value. Testing for normality used the Kolmogorov 
Smirnov method.  Determine whether the residual data has a normal distribution or not by looking at the asymp sig value.  
on the output of the Kolmogorov Smirnov analysis.  The asymp sig. value when it is greater than 0.05, will prove that 
residual value is normally distributed.  A summary result of the normality test can be presented in Table 2. 

 
Table 2  
Normality Test Result  
 Unstandardized Residual 
N 146 
Normal Parametersa.b Mean .0000000 

Std. Deviation .22974945 
Most Extreme Differences Absolute .068 

Positive .064 
Negative -.068 

Statistical Test 0.068 
Asymp. Sig. (2-tailed) 0.100c 
 
As shown in Table 2, The asymp si. value obtained from the analysis was 0.100, and due to the value being greater than 
0.05 the residual value in this study was assumed to be a normal distribution. 

 
b. Multicollinearity Test 
 
Multicollinearity testing can detect whether there is a very significant or perfect correlation among the independent variables 
in the research model.  A model that can meet the BLUE principle expects the model does not have a perfect correlation 
among independent variables.  The Variance Inflation Factor (VIF) method was used to test multicollinearity. The 
conclusion is whether there was a multicollinearity by assessing the VIF value for each independent variable.  A VIF value 
less than 10 indicates no multicollinearity in the model.  The multicollinearity test results can be presented in Table 3. 
 
Table 3  
Multicollinearity Test Result 

 

Variable Tolerance VIF 
Capital (CAR) 0.841 1.189 
Credit Risk (RAROC) 0.863 1.159 
Profitability (ROA) 0.907 1.103 
Liquidity (LDR) 0.940 1.064 
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Table 3 showed the VIF value for the variable Capital, Credit risk, Profitability  Liquidity, and their were all  value is 
respectively below 10, so the conclusion was that there was no multicollinearity in the research model. 
 
c. Heteroscedasticity Test 
 
Heteroscedasticity means that the residuals in the model from one observation to another are not constant, while the 
conditions that are expected creating the right model that are homoscedastic or the observations from one observation to 
another are constant.  The Gleyser method is used to detect the presence or absence of heteroscedasticity in the model.  The 
conclusion whether there is heteroscedasticity in the model by looking at the significance value of each independent 
variable.  The acceptable value is that a significance value should be greater than 0.05.  The results of the heteroscedasticity 
test can be presented in Table 4. 
 
Table 4  
Heteroscedasticity Test Result 
Variable Sig. 
Ln_Capita (CAR) 0.471 
Ln_Credit Risk (RAROC) 0.326 
Ln_Profitability (ROA)^2 0.104 
Ln_Liquidity (LDR) 0.103 
 
As shown in Table 4, the significance values for variables Capital, Credit risk, Profitability, and Liquidity were all 
respectively greater than 0.05, which means that the residuals were constant or homoscedasticity. 

 
 

5. Multiple Regression Analysis 
 

a. Regression equation 
 
Table 5 shows the output from the result of multiple regression analysis.  The results of the analysis were aimed to form 
the regression equation and test the hypothesis. 

 
Table 5  
Multiple Regression Analysis Result  

Variables 
Unstandardized Coefficients 

t Sig. 
B Std. Error 

(Constant) -3.696 0.724 -5.102 0.000 
Ln_Capital (CAR) 0.621 0.084 7.365 0.000 
Ln_Credit Risk  (RAROC) 0.121 0.027 4.546 0.000 
Ln_Profitability (ROA)^2 0.090 0.032 2.771 0.006 
Ln_Liquidity (LDR) 0.567 0.135 4.195 0.000 

 
Based on the data in Table 5, a multiple regression equation can be formulated as follows: 

 
  Y =-3,696+ 0,621X1 + 0,121X2+ 0,090X3 + 0,567 X4 + e 
Means: 
X1  = CAR 
X2 = RAROC 
X3 = ROA 
X4 = LDR 

 
Based on the equation, some important things can be described as follows: 

  
1) The constant was -3.696. This constant value means that Financial Distress will decrease with the assumption that 

the variables of capital, Ccredit risk, Profitability, and liquidity are in a constant state of zero. 
2) The regression coefficient of the capital was 0.621. The regression coefficient was positive, meaning that the capital 

variable has a positive impact on Financial Distress, or in other words, if capital increases by 1%, it can be predicted 
that it will increase Financial Ddistress by 0.621%, assuming other variables are in constant condition.  (ceteris 
paribus). 

3) The regression coefficient for the credit risk variable was 0.121.  When the regression coefficient is positive, 
meaning that the Credit risk has a positive effect on Financial Distress, or in other words if Credit risk increases 
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by 1%, it can be predicted that it will increase Financial Distress by 0.121%, assuming other variables are in 
constant condition (ceteris paribus).  . 

4) The Profitability variable regression coefficient was 0.090. When the regression coefficient is positive, meaning 
that the profitability variable has a positive effect on Financial Distress, or in other words if profitability increases 
by 1%, it can be predicted that it will increase Financial Distress by 0.090%, assuming other variables are in 
constant condition (ceteris paribus). 

5) The Liquidity variable regression coefficient was 0.567.  When the regression coefficient is positive, meaning that 
the liquidity variable has a positive effect on Financial Distress, or in other words if liquidity increases by 1%, it 
is predicted that it will increase Financial Distress by 0.567%,  assuming other variables are in constant condition 
(ceteris paribus). 

 
b. Coefficient of Determination 
 
The coefficient of determination shows how much variation in changes of the independent variable could explain 
variations in the dependent variable.  The results of the determination test can be presented in Table 6. 

 
Table 6  
Coefficient of Determination Test Result  

 

Based on Table 6, the coefficient of determination (adjusted R2) was obtained 0.527.  The adjusted R2 value showed that 
changes in Financial Ddistress were affected by variations of change in variables Capital, Credit risk, Profitability and 
Liquidity by 52.7%, while the remaining 47.3% was affected by other variables which were not examined. 

6. Hypothesis Testing 
  

1)   The effect of capital on Financial Distress 
This study examined the effect of capital on Financial Ddistress.  Based on the results of the regression analysis in Table 1, 

it was obtained that the t value of Capital was 7.365 with a significance value of 0.000 into a positive coefficient 
direction.  The significance value of the capital was less than 0.05, it could be concluded that partially the variable 
Capital had a positive effect on Financial Distress.  This means that more default loans, led to higher the Financial 
Distress. The results of this study are consistent with Rahman et al. (2004), Nurazi and Evan (2005), Fukuda et al. 
(2006), Isanzu (2017) and Keffala (2018).  This study proved that Capital had a positive effect on Financial Ddistress, 
so that the hypothesis statement in this study is accepted. 

2)   This study examined the effect of Credit risk on Financial Distress.  According to the results of the regression analysis 
in Table 1,  it was obtained that the t value of the credit risk variable was 4.546 with a significance value of 0.000 into 
a positive coefficient direction. The significance value of the credit risk variable was less than 0.05, it could be 
concluded that partially the credit risk variable has a positive effect on Financial Distress.  This means that the higher 
the credit risk led the higher the Financial Distress. The results of this study have also shown a consistent with the 
research of Brownbridge (1998), Rahman et al. (2004), Fukuda et al. (2007), Zaki et al. (2011), Kargi (2011), Keffala 
(2018), Gadzo et al. (2019), Onsongo et al. (2020), Ledhem and Mekidiche (2020), Asutay and Othman (2020), Kablay 
and Gumbo (2020). Results also found a positive effect of Credit risk on Financial Distress, so the hypothesis statement 
in thi study is accepted. 

3)   This study examined the effect of profitability on Financial Distress.  According to the results of the regression analysis 
in Table 1, it was obtained that the t value of the profitability variable was 2.771 with a significance value of 0.006 
into a positive coefficient direction.  Due to the significance value of the profitability variable being less than 0.05, it 
could be concluded that partially the profitability variable had a positive effect on Financial Distress.  The results of 
this study are consistent with the results of research by Nurazi and Evan (2005), which stated that Earnings had a 
positive effect on Financial Distress conditions. There was a positive effect of Profitability on Financial Distress, so 
the hypothesis statement in this study is accepted. 

4)   Research examined the effect of liquidity on Financial Distress.  According to the results of the regression analysis in 
Table 1, the t value of the Liquidity variable was 4.195 with a significance value of 0.000 into a positive coefficient 
direction.  Due to the significance value of the liquidity variable being less than 0.05, it could be concluded that 
partially the Liquidity variable had a positive effect on Financial Distress.  The results of this study are consistent with 
research by Rahman et al. (2004), Keffala (2018) which state that liquidity factors have a positive effect on Financial 
Distress.  There is a positive effect of Liquidity on Financial Distress, so the research hypothesis statement in this 
study is accepted. 

 
 

R R Square Adjusted R Square Std. Error of the Estimate 
0.735 0.540 0.527 0.23299 
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5. Conclusions and implications  
  

5.1 Conclusion 
  

1.    Referred to the results of the study, it can be concluded that Capital, proxied by a Capital Adequacy Ratio, has a 
positive effect on Financial Distress.  
2.    Credit risk, proxied by risk adjusted return on capital, has a positive effect on Financial Distress. 
3.    Profitability, proxied by return on assets, has a positive effect on Financial Distress. 
4.    Liquidity, proxied by the loan to deposit ratio, has a positive effect on Financial Distress. 

  
5.2 Implications 

 Based on the results the research analysis, statistically the variables of Capital, Credit risk, Profitability and Liquidity have 
a significant effect on Financial Distress.  This means that variables are crucial factors to indicate Financial Distress 
condition.  This is important valuable information for conventional commercial banks to well-controlled the variables, so 
that all indications potentially create Financial Distress conditions that can be managed properly and do not lead to 
bankruptcy. 
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